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E-hailing services have gathered large attention from the media, researchers and 
policymakers around the world. However, due to limited available data, there is little 
evidence regarding the influence of these services. Transportation Network Companies that 
supply e-hailing services have experienced widespread adoption the past few years. The 
adoption of E-hailing services has spread rapidly with the uptake of user applications within 
smartphones. Their dynamic business models have led to arguments amongst academics, 
governments, communities and transport providers. The rapid adoption of e-hailing services 
brings challenges to transport providers, researchers and policymakers, which have limited 
information regarding their use. Therefore, a growing body of knowledge regarding e-service 
user acceptance and utilization is trending, with numerous theoretical models being 
employed to assess them. 
 
This thesis investigates the adoption and utilisation of e-hailing services in Cape Town. To 
meet the study purpose, a mixed methods research approach was selected due to the 
dynamic nature of e-hailing literature and the lack of publicly available data. To better 
understand the characteristics, preferences, and behaviour of those who use e-hailing 
services, two internet-based surveys targeting e-hailing users, non-users and drivers in the 
Cape Town area was employed. To analyse the adoption of e-hailing services, an e-service 
technology acceptance model was employed, using partial least squares structural 
equational modelling, to identify key constructs which influence the adoption and intention 
to use of these services. Additionally, the survey included various questions drawn from 
existing literature regarding the utilisation of e-hailing services.  
 
Results indicate that intention to use has a significant effect on the acceptance of e-hailing 
services, performance had a significant effect on quality, and quality has a significant effect 
on satisfaction, whilst satisfaction has a significant effect intention to use e-hailing services. 
Users of e-hailing services indicated that avoiding drinking and driving, ease of use, limited 
parking and airport trips were their most common reason for e-hailing demand. Users of e-
hailing services are most likely to utilize these services on Friday and Saturday after 6PM. 
Majority of users frequent these services between two to three times per month, whilst a 





e-hailing services indicated that owning a vehicle, safety and e-hailing fares were the main 
reasons limiting their use. 
 
The results indicate that e-hailing drivers are attracted to e-hailing platforms to gain 
employment and flexible work hours. Limits to the adoption of e-hailing services by drivers 
include: driver safety, promotions, profile blockings, scamming, lack of operating licenses 







E-hailing services have gained large attention on media platforms due to their dynamic 
nature. The spread of smartphone applications with GPS-based location technology has led 
to the growth of new application-based platforms that offer on-demand transport for their 
users. The following dissertation introduces e-hailing services in chapter one. The 
background and motivation of the research is discussed and a suitable conceptual model is 
created. The aims, objectives and research contribution are further outlined.  
 
Following the introduction, chapter two provides an in-depth literature review of notable 
existing studies and frameworks that provide the basis for the research methodology. Key 
concepts are defined and literature from existing studies is highlighted and discussed. The 
literature used in Chapter two formed a baseline for the creation of two surveys, one for e-
hailing users and non-users and one for e-hailing drivers.   
 
Chapter three introduces a descriptive case study, whereby Cape Towns’ contextual factors 
are discussed and under three sections which include: household socio-demographics, the 
built environment and the policy environment. The first section, regarding household socio-
demographics, a descriptive analysis of the City’s population, income and employment is 
discussed for background on the area of the case study. The built environment follows and 
describes the land-use characteristics and public transport system of Cape Town. Various 
transport modes and options are discussed. The policy environment is then discussed about 
road transport legislation and e-hailing service provisions. 
 
This is followed by chapter four, which includes the chosen methodology and hypothesis 
development for the study. Within this chapter, multiple methodologies are discussed to 
achieve the research objectives in terms of their design, objectives and associated 
limitations. It further includes the research design and data collection process. Within this 
chapter, two surveys were created after a review of existing e-hailing literature and the 
survey distribution is discussed.  
 
Chapter five represents the research findings from both surveys, whereby the data is 






Chapter six concludes with a discussion of the research findings. The adoption and 
utilization of e-hailing services are described, future research prospects are discussed and 
policy recommendations are given. The limitations of the research methodology are 
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‘’Diffusion is a natural social phenomenon that happens with or without any particular 
theory to explain it. In fact, whether the innovation involves a new idea, new pattern of 
behaviour, or a new technology, it is also a natural physical phenomenon as well, one that 
describes the spread of an object in space and time’’. 









1.1 Background and motivation 
E-hailing services, also commonly known as “ride sourcing” or “ride hailing”, is the process 
of matching passenger demand and driver supply via application software downloadable via 
computers and smart devices. E-hailing users can request a lift from their mobile device at 
their precise location and have a lift within minutes (Rayle et al., 2016). E-hailing services 
quickly became one of the most successful sectors of the platform economy, attributed to 
the value they have created, both pre and post travel. Digital platforms have been largely 
successful, due to their reduction in transactions costs and market barriers, making easier 
access to markets for their users (Geitung, 2017). The innovation and digitisation of these 
market sectors is often referred to as the fourth industrial revolution. There has been a 
growing body of knowledge being focussed on identifying the determinants of technology 
adoption, as user acceptance remains the primary barrier in the uptake of new technologies 
(Mansour, 2016). Additionally, there are research gaps pertaining to the behavioural 
intention and use of mobile platforms (Cheng et al., 2017). 
 
Technological innovation is a continuous process that simultaneously creates new 
opportunities for novelty product or service offerings, whilst creating threats for existing 
business models (Lai, 2006). Innovation has been a contributing factor to the efficiency and 
effectiveness of various applications or products, providing additional value to its users, 
often at the cost of outdated technologies. Accordingly, the acceptance of e-services and 
digital platforms by users has been cited as a forthcoming challenge (Luo et al., 2011). E-
service is the process whereby all or a portion of the interaction between the service provider 
and the customer is done through an electronic platform. Recent advancements in 
information technologies has shaken up the competitive environment of multiple markets, 
leading to a number of companies being labelled as “disruptive technologies”. E-hailing 
services have been argued to disrupt traditional transport systems within cities (Kwan & 
Schwanen, 2016). Through the improvements in online commerce, mobile users are able to 
perform online transactions through their mobile devices with the use of wireless networks 
(Taherdoost, 2018). The development of platform-based technologies creates various 





The adoption rates of e-hailing services are far greater than earlier models initiated. Older 
car sharing models comprised of hourly rentals and attracted approximately 5 million 
members globally over 15 years, whereas the newer models employed today by providers 
of shared mobility services accounted for 250 million users globally within their first five years 
of operation (Lyft, 2015). Millennials are continuously reported to experience different travel 
behaviours from prior generations (Alemi et al., 2017). Additionally, the millennial generation 
has proven to drive less, use more non-motorised transport modes and are more likely to 
live in low to zero vehicle households than previous generations (Blumberg et al., 2016). 
Advocates for sustainable transport have suggested that the use of e-hailing services 
provide increased vehicle accessibility without vehicle ownership, with the potential to 
reduce vehicle ownership (Shaheen, 2018). 
 
E-hailing services have been argued to disrupt the market for transport operators, leading 
to protest by many existing taxi operators and transport providers around the world. To date 
there have been large debates regarding the entrance of e-hailing services. In South Africa 
there have been violent attacks on e-hailing drivers by alleged transport operators. Transport 
providers have taken matters in to their own hands, claiming unfair competition and calling 
for government regulation and policy implementation regarding e-hailing services (Burke, 
2017). Without sufficient research, policymakers remain uninformed about e-hailing 
services, suggesting the need for more rigorous study.  Highlighted issues regarding e-
hailing services and the platform economy include, but are not limited to: 
 Driver and passenger safety 
 Exploitation  
 Unfair competition 
 Taxation 
 Effects on other modes of transport 
 
There is a growing body of knowledge regarding e-hailing services due to their widespread 
use and potential for large scale spatial data. Factors to date that affect e-service 
acceptance have sparked interest amongst researchers and numerous theoretical models 
have been employed to identify the underlying constructs which users of that service value. 
Disruptive business models have gained media attention across the world and have inspired 
many academics to undertake research. The sharing economy has proven bigger than ever, 
with a vast array of connected mobile devices around the world. Critics of the sharing 





business models to reduce business risk by passing it over to the consumers and workers 
on the platform. The diversion of risk has provided some legal arguments which undermine 
existing laws and regulations that were written before the sharing economy (Zaffar, 2015). 
Governments are further concerned about their share of taxation from practices of existing 
companies who comprise of the sharing economy (Fleischer & Wahlin, 2016). 
 
It is unknown what perceptual factors influence the adoption of e-hailing services and the 
intention of consumers to use these e-services is therefore unclear (Heinrichs, 2013). 
Taherdoost (2018) notes that further quantitative studies on e-service acceptance is needed 
in developing countries. Identifying factors which influence the adoption of e-hailing services 
can serve as a means for e-hailing providers to encourage people to use their services, 
increase their use of e-hailing services and the acceptance of these services. The literature 
gap is particularly relevant in developing countries, where congestion, employment and 
accessibility constraints can be amplified. The emergence of e-hailing services has been 
exponential due to innovation and increased mobile connectivity.  Furthermore, competition 
assessment and regulatory scrutiny in evolving technologies like e-hailing services, require 
additional attention given their dynamic structure (Competition Commission, 2020).  
 
The forefront of business models and technology is rapidly adapting to the ever-expanding 
demand for new products and services. New technologies are continuously being employed 
to cater for underserved markets that have room for improvement or efficiency. 
Improvements in Internet Communications Technology (ICT) has empowered consumers 
and producers by connecting markets in real time. In the last decade there has been a rising 
trend in ‘peer to peer’ business models, which has undoubtedly disrupted traditional models 
of business (Munoz & Cohen, 2017).  Whilst there has been debate on the terminology used 
to describe these models, commonly used terms include the “peer economy”, “platform 
economy”, “gig economy” and “shared economy”. The debate over the terminology occurs 
due to the paradoxical nature of the business models, however the shared economy appears 
as the most frequently used term in academic literature. The shared economy refers to the 
online structural integration of connecting individuals to underutilised assets, whereby users 
of the platform share these assets, often at a fee (Bocker & Meelen, 2017). This new 
consumption-based model has challenged traditional business by changing the mode of 
business. A popular trend amongst the shared economy is mobility as a service (MAAS). 
Mobility as a service includes all modes of travel that offer short-term access to 





application software that connects both parties usually facilitates this. MAAS became an 
attractive means for commuters to access affordable private transport, without the 
associated costs of owning a vehicle. Mobility has become the fastest growing business in 
e-commerce and has continued to expand at a rate of 50% or more annually, with further 
estimates to grow to $300 billion by 2020 (eMarketer, 2016c). 
 
The emergence of e-hailing services has sparked debate across several countries, with 
policymakers implementing numerous approaches to regulating these services. E-hailing 
services are commonly argued to be disruptive innovations, which are technologies that 
create a new market and value network, often at the displacement of an existing technology. 
In this case, many argue that e-hailing services displace the meter taxi industry by unfair 
competition. Other commonly referenced issues from the literature include labour and 
employment issues, social policy, taxation and consumer safety. On numerous occasions 
e-hailing drivers have protested, voicing their concerns for the industry. Martin (2016) 
identified six key debates surrounding the sharing economy, in terms of its positive and 
negative attributes. He states that the positive side of the sharing economy as “1) an 
economic opportunity; 2) a more sustainable form of consumption; and 3) a pathway to a 
decentralised, equitable and sustainable economy” (Martin, 2016, p.158). The negative 
attributes associated include how the sharing economy include: “4) creating unregulated 
marketplaces; 5) reinforcing the neoliberal paradigm1; and, 6) an incoherent field of 
innovation” (Martin, 2016, p.158). Critics have also argued that disruptive technologies 
sustain neoliberal capitalism and inequality (Calo & Rosenblat, 2017). 
 
The term ‘Disruptive innovation’ was coined in 1997 by a Harvard Business School 
professor, Clayton M. Christensen in his book “The Innovator’s Dilemma’’. Thomond and 
Lettice (2002) noted that disruptive innovations have the following characteristics: 
 
 “It begins its success by meeting the unfulfilled needs of an emerging or niche market. 
 Its set of performance attributes, highly rated by niche markets, are not initially appreciated 
by mainstream markets. Mainstream market customers and competitors’ value different 
performance attributes sets and therefore view the innovation as substandard. 
                                                          





 Niche market adoption enables investment in the product, service, or business model to 
increase its performance. It can then create or enter new niche markets and expand 
customer numbers. 
 Awareness of the product, service, or business model increases, forcing and influencing 
change in the mainstream markets perception of what it values.  
 The change in the mainstream market’s perception of what it values is the catalyst that 
enables the innovation to disrupt and replace existing mainstream products, services or 
business models”.  
 
Many e-hailing platforms own no vehicles, but rather act as a third-party intermediary, 
facilitating the transaction between e-hailing riders and drivers via an online platform. The 
most known e-hailing service is Uber Technologies. Uber argues that it is a technology 
company, which does not employ its drivers, but rather acts as the intermediary software 
platform facilitating demand and supply, for a fixed percentage (25%) of the trip fare. The 
Uber application, along with other e-hailing services, use a global positioning system (GPS) 
and global information system (GIS) within a smart device to instantly connect potential 
riders to the nearest available drivers. In 2013, Uber entered the South African market as 
the first e-hailing platform and accumulated an array of users, predominantly within its 
metropolitan cities. Uber initially opened their services in Johannesburg, further extending 
their services to Pretoria, Durban, Port Elizabeth, East London and Cape Town (Uber, 
2015).  
 
In 2017, the Uber application has claimed to provide for more than 29 000 jobs in Africa 
(Venter, 2019). Through the improvements in ICT and the increased adoption of the 
smartphone, there have been numerous applications and platforms which connect markets 
in real time. In South Africa, the smartphone2 penetration in 2018 was 81.72%, nearly double 
that of 2016, indicating a large increase in demand for mobile devices with greater 
functionality (ICASA, 2018). South Africa was the first country outside of the USA to have 
three cities operating Uber’s model simultaneously. Uber has been known for its promotional 
activity on both the demand and supply side. On the demand side, the company is known 
for offering free or discounted rides, whilst on the supply side, incentivising drivers to stay 
on the road for increased vehicle availability. The additional supply of vehicles, along with 
                                                          
2 A smartphone is defined as a mobile phone with advanced features: Wi-Fi connectivity, web browsing capabilities, a 





additional value created by e-hailing services, has shifted the supply curve to the right, 
leading to an increase in output and a reduced equilibrium price when compared to meter 
taxis. Cohen et al. (2016) estimates that UberX, a popular economy service that competes 
with meter taxis, created 6.8 billion dollars of consumer surplus in 2015.  
 
E-hailing services have been a successful form of flexible transport, extending the 
accessibility and mobility of private transportation. Due to motor vehicles only being utilised 
for a small portion of the day, and with the rise of e-hailing and connected network 
technologies, commuters may change their travel habits and preferences (Alemi et al., 
2017). An increase in commuter benefits is likely to change the value perception of 
passengers and may have the potential to change travel behaviour. Lesser wait times, low 
transport costs and other favourable trip characteristics, which has been associated with 
these services, has created direct competition with both private and public transport. The 
expanding use of transport technology services can affect travel behaviour, such as 
increasing transport option availability, reducing travel uncertainty and act as a potential 
substitute or compliment to other transport modes (Alemi et al., 2018). Vandershuren and 
Baufeldt (2017) note than e-hailing services have the potential to reduce the trend of 
increasing vehicle ownership within South Africa. 
 
The effects of the sharing economy remain lesser explored in South Africa and other 
developed countries, although research in these fields are trending. Currently, public 
agencies responsible for public transportation planning and service operations have limited 
available data regarding the adoption and utilisation of e-hailing services, limiting the 
forecasting ability and planning process. It is therefore unclear how increased e-hailing 
availability and ridership may influence the adoption and utilisation of commuter trips. 
Indicators measuring the adoption or opportunity for individuals to utilise e-hailing services 
will prove useful for designing and implementing policy frameworks. Furthermore, the user 
data will provide a useful means for e-hailing service providers to identify determinants that 
may improve or limit their service offerings. Min et al. (2018) suggests that understanding 
the factors that prevent the adoption of e-hailing services is essential for a complete 
understanding of consumer adoption behaviours. 
 
Numerous studies including have concluded mixed findings regarding the utilization and 
potential travel implications of e-hailing services, with limited public available information 





data on e-hailing users, non-users and partner-drivers in Cape Town. Min et al. (2018) notes 
that further research on the factors that prevent non-users of application utilization is 
necessary for service providers. The following dissertation is important for several reasons. 
Firstly, it provides descriptive statistics of users and non-users of e-hailing services and 
identifies information regarding the motivations and perceptions that led to the adoption of 
these services. Secondly, the dissertation incorporates the narrative of e-hailing drivers in 
Cape Town’s metropole area to better understand the motivations and perspectives behind 
e-hailing utilisation. Thirdly, the dissertation provides insights into how users utilize e-hailing 
services and how this may affect future travel habits. 
 
1.2 Conceptual Model 
The platform economy is multi-faceted and can have varying experiences for its users due 
to its nature. Due to the limited nature of available data, an embedded research design 
composed by Creswell et al. (2007) was used to guide the research methods, see figure 
one below. An embedded research design is categorized as a mixed methods research 
framework which includes collecting both quantitative and qualitative data, after which the 
results are compared. In terms of quantitative data, e-hailing users and non-users were 
encouraged to participate in an online survey. Mixed methods researchers follow an 
experimental approach by employing existing and emerging frameworks, and analyse their 
required data with both statistical and thematic analysis. The research is therefore based on 
various sources of information that may influence the research problem, to combine the 
strengths of both qualitative and quantitative research (Creswell & Clark, 2011). An 
embedded mixed methods design is one which different but complementary data will be 
collected on the same topic. As e-hailing services are empowered by their platform, which 






FIGURE 1: EMBEDDED RESEARCH METHODOLOGY   
(Source: Creswell, 2007) 
 
Figure 2 below visualises the planned analysis for the adoption and utilisation of e-hailing 
services in Cape Town. It includes the data categories chosen for the basis of the following 
survey design. The study focusses on the relationship between the passenger and the 
platform, and then between the driver and the platform. The collected data has the potential 
to theoretically change the operational structure of e-hailing services, to increase the 
acceptance and usage of the platform.  
 
The research model follows a deductive approach. Deduction is a research process 
involving the development of theory that is tested to investigate and explain the causal 
relationship between variables. In this case it will explain the constructs which users’ value 
regarding their adoption and intention of e-hailing services. It is crucial to ensure that the 
methodology can be replicated, to ensure the reliability of the study. An important process 
in the deductive approach is the creation and testing of hypotheses. Since there is 
substantial growing literature regarding TAM frameworks, a deductive research approach 
was chosen by the researcher. According to Gulati (2009), studies following the deductive 
research approach apply these stages: 
1. Deducing hypothesis from existing theory 
2. Formulating the hypothesis between the variables/constructs 
3. Test the hypothesis through applied methods 
4. Examine the outcome of the test 





When a case study of a relevant topic cannot be accurately measured, it calls for the use of 
exploratory research. Exploratory research is advantageous due to its flexible nature and its 
relatively expensive methods of obtaining data. Figure 20 below identifies the e-service 
technology acceptance model used to assess the influence of constructs on each other.  
 
Firstly, a historical review of e-hailing service literature was made through numerous 
academic platforms and media. Models and frameworks used to assess e-hailing services 
and other e-services were identified and scrutinised according to their methods. After review 
of existing models and frameworks, numerous surveys regarding e-hailing adoption and 
utilization were reviewed. Suitable methodology was identified and used to create a case 
study for the adoption and utilization of e-hailing services in Cape Town. In this case study, 
two surveys were proposed to collect data on e-hailing services users, non-users and 
drivers. These subcategories will therefore identify what influences users to adoption e-
hailing services, utilise e-hailing services and the corresponding public opinions regarding 
the limiting factors for e-hailing adoption and utilization.  
 
 
FIGURE 2: CONCEPTUAL FRAMEWORK 
(Source: Own Figure) 
 
1.3 Aims and objectives 
Due to the recent adoption of e-hailing services in South Africa, and the highly competitive 
nature of the road transport industry, the availability of public e-hailing data is scarce. 
Furthermore, e-hailing services are often unaccounted for in public travel surveys, which are 
undertaken infrequently. The research aims to provide insight to the South African e-hailing 





utilisation of e-hailing services in Cape Town, South Africa. The research will provide a 
means of identifying whom the e-hailing market serves, what factors influence the adoption 
of the service and how e-hailing services are utilised in the Cape Town metropolitan area. 
The study will provide an effective means of analysing both commuter and partner-driver 
data, with the goal of identifying what characteristics influence the adoption, utilization, and 
preferences of e-hailing services.  
 
The aim of the research will be addressed by answering the following two research 
questions: 
 
Research question 1: To what extent has e-hailing services been adopted in Cape Town, 
South Africa? 
 
It is well known that e-hailing services have gathered large media attention in South Africa 
and around the world. Currently there is no literature on the users and non-users of e-hailing 
services in Cape Town, South Africa, leaving a literature gap for the area. It is therefore 
unknown how e-hailing services have been adopted and which determinants may 
encourage or limit the use of these services. As there has been large backlash towards e-
hailing services, data from the survey respondents will provide a collective summary of 
information that will provide insight in to e-hailing service adoption and utilization, from the 
perspective of the users, non-users and drivers. Majority of the literature focusses on either 
the drivers or the users of e-hailing services and therefore, this study aims to incorporate all 
actors on the platform. 
 
Objectives for research question 1: 
1. Assess the magnitude of e-hailing service adoption in Cape Town. 
2. Assess the main factors that may influence or limit the adoption of e-hailing services 
in Cape Town. 
 
Research question 2: To what extent are e-hailing services utilised in Cape Town, South 
Africa? 
 
Currently there is little research focussing on the use of e-hailing services in South Africa. 
Additionally, National Household Travel Surveys are yet to include e-hailing services in their 





intention to use e-hailing services. The question therefore arises as to when e-hailing 
services are most commonly used or when users are most likely to utilize these services. 
As e-hailing services are a form of on-demand non-scheduled transport, the surveys will 
provide insight regarding the demand or intent to use these services. Importance lies in 
understanding the impacts of e-hailing utilisation, as it may impact other travel modes or 
components of travel behaviour.  
 
Objectives for research question 2: 
1. Identify descriptive demographics of e-hailing users and non-users. 
2. Assess what factors may influence or limit the utilisation of e-hailing services in Cape 
Town. 
3. Assess to what extent e-hailing services may affect vehicle ownership and travel 
behaviour. 
 
1.4 Research contribution  
The following dissertation will address the adoption and utilization of e-hailing services in 
Cape Town. In this study, online surveys will be used as an instrument for data collection. 
Online surveys were proposed to test the perceptual factors that influence or limit the 
adoption of e-hailing services. Using an e-service technology acceptance model, the 
constructs influencing the adoption of these services are measured. Additionally, how e-
hailing services are utilised is explored. Concurrent with this data collection, qualitative data 
methods such as surveys and interviews will explore the central phenomenon from the 
perspective of e-hailing drivers. The reasoning behind collecting both quantitative and 
qualitative data is to bring the strengths of both types of research to corroborate the results. 
The research therefore provides both a theoretical and practical contribution to the existing 
literature on e-hailing services.  
 
The present research study focuses on the behavioural intent of commuters and drivers to 
adopt and make use of e-hailing services. The research contributes to the body of 
knowledge by assessing the adoption and utilisation of e-hailing services in Cape Town, 
South Africa. Due to the nature of e-hailing service technologies, the author used an E-
service Technology Acceptance Model (TAM), a model which acts as a framework for the 
adoption of new technologies. Furthermore, a number of questions were extracted from 
various academic studies on e-hailing services and used to compile two surveys for the 





number of users in Africa, but little empirical evidence is available for researchers, due to 
infrequent travel surveys and the reluctance of these platforms to share their data.  
 
The outcomes of the present study offer a scope of information for e-hailing users and non-
users, drivers, e-service managers and policy makers. E-hailing companies could use the 
insights of the study to improve their service offerings, by employing subsequent promotional 
strategies according to the factors that influence the adoption and future use of e-hailing 
services or e-services. Due to bans in several countries and the controversial topic of e-
hailing services, the outcomes of the present study may offer insight to the public opinion 
and use of these services. The research contributes by assessing the main constructs that 
limit or encourage the use of e-hailing services, particularly identifying which determinants 
are valued by the users of the service. Additionally, as a majority of studies are from the 
consumer’s perspective, this dissertation incorporates the narrative of e-hailing drivers, who 
are underrepresented in available literature.  
 
There have been a number of theoretical frameworks used to assess the adoption and 
intention to use an innovation. Many of these frameworks have proven successful in 
determining the perceptual factors that influence users accordingly. These frameworks are 











The following chapter is important for a number of reasons. Firstly, it is to develop a clear 
understanding of e-hailing service literature from both abroad and local publications. This is 
done by detailing how secondly, it is to review the former frameworks that have been used 
to assess the adoption and utilization of e-services. Thirdly, the potential influence that e-
hailing services have on travel behaviour is assessed.  
 
There are several studies brought forth regarding the spotlight of e-hailing services. Initial 
studies started gaining insight regarding the niche consumer that e-hailing services would 
serve, specifically in terms of descriptive statistics.  Some studies aimed at investigating the 
factors that influence the adoption and utilisation of e-hailing services. Understanding the 
data behind e-hailing adoption and utilisation is important as these services are experiencing 
exponential growth and may have a substantial effect on the travel behaviour of commuters. 
By understanding what factors influence or limit the adoption and use of e-hailing services, 
e-hailing companies can assess what constructs influence continued service usage and 
additional customers. Additionally, studies pertaining to the influence of e-hailing services 
on other modes of transport has been explored (Alemi et al., 2017; Rayle et al., 2016).   
 
Numerous theoretical frameworks have been used to research the adoption and utilisation 
of e-hailing services. In the present study, adoption is defined as the user acceptance of e-
hailing services, whilst utilisation refers to the actual usage of the service to meet transport 
needs. Adoption therefore refers to “the decision to start using something such as an idea, 
a plan or a name”. Utilization refers to “the action of making practical and effective use of 
something”. The following literature review provides notable literature that has provided a 
baseline for the assessment of methodologies and findings of e-hailing services. Included in 
the literature review, lies documented studies on e-hailing services, taxis and other 
transport-related information.  
 
The sharing economy is a term used to describe a range of similar business models that 





resulting in lower transactions costs. E-hailing services have been enabled by the increasing 
role of digitisation, wireless connectivity, locational real time data and usage-based pricing 
models.  Push forces for e-hailing utilisation include the increased constraint on resources, 
rapid urbanisation and congestion. Millennials have adopted the sharing economy greater 
than any other generation and proven to have a lower rate of private vehicle ownership than 
previous generations (Ranzini et al., 2020). A report from Lyft, a popular e-hailing service 
provider, claimed that the company accounted for 375.5 million global rides in 2017 and that 
due to their services, 250 000 passengers got rid of their cars (Iqbal, 2019). 
 
Historically, taxi services have accounted for a small share of urban transport and been 
studied less than other transport modes. Wong et al. (2008) identifies that in the developed 
world, taxis are commonly used with other modes of transport, due to its perceived efficiency 
over a private vehicle. However, in the developing world, taxis commonly reside on the 
periphery of large-scale low-income mass taxi services that are required by many 
commuters based on affordability and accessibility. This is evident in South Africa, with 
minibus taxis dominating the share of public transport.  
 
America has experienced the greatest e-hailing market penetration and therefore boasts the 
most literature on e-hailing studies. Surveys have shown that taxi services serve multiple 
market segments such as older age groups, high-income groups, and low-income groups 
which own no private vehicles (Webster et al., 1975). It is notable that these surveys were 
prior to e-hailing service entry, however, they form a basis for comparability between pre 
and post e-hailing provisions. A study done by Cervero (2004), using surveys in seven main 
metropolitan areas in the United States of America, found that taxi services served a 
younger, moderate-income consumer that owned no private vehicle.  
 
2.2 Literature review process 
This chapter sets out the contextual background in to e-hailing services from an international 
and local perspective. The literature required for the dissertation came from numerous 
academic sources, conference papers and reports. The documents examined included 
dissertations, articles, working papers and published reports. Library databases, 
government websites and academic databases like ResearchGate, Mendeley and Elsevier 
were used to obtain the necessary literature to build the conceptual framework of the study. 
Keywords and themes were identified and further used to narrow down the search for 





City of Cape Town’s website. Local transport statistics include publications from the 
Department of Transport (DOT) and Statistics South Africa (STATSA). Initially, e-hailing 
service operations are outlined and discussed. After which, numerous theoretical 
frameworks for technology adoption are discussed with their relative findings. Finally, 
existing studies regarding the adoption and utilization of e-hailing services are discussed.  
 
2.3 E-hailing services 
E-hailing services offer a mobile application for smartphones which connects its private 
drivers offering transport with other application users seeking transport. Upon the download 
of the application, application users will need to register their credentials and credit card 
information to create a profile. E-hailing application software makes use of real time data 
and Geographical Information Systems (GIS) to match those seeking a lift with those offering 
mobility as a service. The demand for e-hailing services is subjected by several availability 
and mobility factors, like service price, wait time, travel time, trip distance, trip purpose and 
level of service experienced. The supply of e-hailing services is influenced by the 
attractiveness of drivers to join the network and is subject to the socio-demographic 
characteristics of drivers, the screening/application process required by e-hailing service 
platforms and the policy frameworks regulating e-hailing operations. 
 
Once the application is open, GPS location data locates the closest available driver, prompts 
your pickup and drop-off location, and estimates the transport cost and travel time 
accordingly. E-hailing services have been found to reduce search frictions in the mobility as 
a service market, whilst connecting drivers and riders at low transactions costs (Zha et al., 
2016). E-hailing applications offer information about their driver including their name, photo, 
car details, license plate and the average performance rating given to them by other users 
of the application. As a safety precaution, users of the e-hailing application can notify others 
of their travel information. Upon completion of the trip, the driver can rate the passenger and 
the passenger can rate the driver for the trip. This is used to ensure a standard of service.  
 
E-hailing applications offer an upfront fare calculator to estimate how much the trip will cost. 
The fare is charged on the completion of the trip, with a majority percentage going to the 
driver and the remainder to the e-hailing service provider. For example, Bolt takes 20% 
commission from each trip, with an additional five percent booking fee. The fare estimation 
is calculated via the applications algorithm and charged similarly to a meter taxi, with an 





determined based on the expected time and distance of the trip, the supply availability of e-
hailing drivers and the demand for e-hailing rides. When multiple e-hailing application users 
ride together, users have the option of splitting the fare costs. After the completion of the 
trip, the rider’s credit card is automatically billed. However, some e-hailing services offer a 
cash and voucher payment option. However, with the entrant of new competitors, new 
pricing models have become apparent. For example, inDriver’s business model allows the 
passenger to determine the fare of the trip, via a willingness to pay principle. inDriver entered 
the South Africa market in February 2019. Whilst in the application, the passenger enters 
the amount they are willing to pay for the trip, of which the driver may accept or reject. After 
selecting the fare, e-hailing drivers nearby can match the requested amount or counter bid 
for a higher amount. The first e-hailing driver to accept the bid confirms the lift.  
 
E-hailing services offer a tier of services to their users according to the city. For example, in 
South Africa, Uber offers the preference between choosing an economy vehicle (4 
passengers) known as “UberX’’, a more luxurious vehicle known as “UberBlack’’, a larger 
capacity vehicle (6 passengers) known as “UberXL’’, a service designed for the less abled 
or senior commuters with accessibility problems known as ‘’UberAssist’’ and finally 
‘UberGO’’ – a short-haul service even cheaper than UberX. Another popular service 
introduced by e-hailing companies is food deliveries. ‘UberEats’, a popular service employed 
by Uber, has gathered widespread success for restaurants wanting to offer food deliveries 
and customers seeking additional food options.  
 
Digital platforms are empowered by their network effects. Network externalities are 
described as the benefit gained for the current users of the network when an additional user 
joins the network. Economic theory proposes that there are both direct and indirect network 
effects. Direct network effects are apparent when the value of a product or service increases 
with the number of additional users. Indirect network effects become apparent when the 
value a user attributes to a product or service increases with the number of additional users 
of an identical complementary good (Katz & Shaprio, 1985). Network effects have been 
crucial to the adoption of e-hailing services. The network effect occurs a product or service 
becomes more valuable the more users there are existing on the platform. Simply put, the 
more users on the platform, the better the platform becomes. These network effects often 
have a monopolizing effect on the distribution of the market which makes it difficult for new 
entrants to compete (Geitung, 2017). These network effects are also empowered by the 





have been known to offer discounted rides for existing users for signing friends up using 
their user number as a reference. These network effects act as a barrier to entry particularly 
within platform markets, because the ‘winner takes all’ phenomenon occurs (Competition 
Commission, 2020). 
 
Since the introduction of e-hailing services there have been numerous new local start-up 
platforms aiming to compete with existing e-hailing services. Some meter taxi associations 
in collaborated to create their own e-hailing platform, such as ‘’YoTaxi app’’ in Durban. 
Companies such as “Ryda”, “Scoop a Cab”, “Cabbie” and “SnappCab” are a few examples 
of local market entrants which were unable to compete with existing e-hailing platforms and 
had to shut down their operations (Competition Commission, 2020). More recent entrants 
like “CheufHer” differentiates itself from its competitors by connecting female drivers with 
female riders, as an effort to ensure stringent safety protocols amongst current gender-
based violence. CheufHer caters their services to women and pride themselves on their 
platform’s safety features.  
 
There are a number of quality control measures implemented by e-hailing service platforms. 
The platform acts as a facilitator for the connection of those offering e-hailing services and 
those seeking transport (see figure 3). The passenger makes a request by stating their 
pickup and drop off locations and the vehicle size they require. Upfront estimated pricing is 
used by multiple e-hailing companies to ensure fare transparency for the passenger. After 
completion of the trip, both driver and rider rate each other according to a five-star rating 
system. Drivers with a below standard rating imposed by e-hailing companies are often 
suspended for a period, leading to e-hailing drivers unable to operate. For example, Bolt 
suspends their e-hailing drivers for a period in their rating drops below four and a half stars, 
as a means for quality service standard management. Additionally, if riders do not show up 








FIGURE 3: THE RELATIONSHIP BETWEEN E-HAILING ACTORS 
(Source: Own figure)  
 
E-hailing companies set the price of the ride accordingly to a dynamic pricing strategy which 
estimates the fare based on the availability of the supply of drivers at that time and the 
corresponding demand for lifts. It is more commonly known as ‘surge pricing’, whereby price 
adjusts itself according to periods of peak demand. If there is a period of high demand for 
rides, with a corresponding low supply of drivers, the fare price increases. Dynamic pricing 
incentivises e-hailing drivers to operate on the platform in response to peak demand. When 
the supply of drivers matches the demand for e-hailing trips, the market reaches an 
equilibrium and the fare price returns to standard. Transactions happen through the 
application platform, whereby e-hailing companies takes a %age of the trip total, whilst the 
remainder goes to the driver. 
 
To calculate the fare price paid by the passenger, the variables of the fare structure are 
multiplied by the exact time and distance of the trip, which may be subject to a surge 
multiplier if one was applicable during the time of the trip. For example, the typical fare 
structure of e-hailing services is combined of the following:  
 A base fare, which is a flat fare charged at the start of each ride  
 Cost per kilometre between origin and destination and notes the per kilometre fare. 
 Cost per minute  
 Booking fee – a flat fee charged  






Uber estimates the fare of its passengers by means of the following calculation: Base fare 
+ (Cost per minute * travel time) + (Cost per kilometre * travel distance) + booking fees = 
fare estimation. For example, see figures four and five below. 
 
 
FIGURE 4: UBERX FARE CHARACTERISTICS 
(Source: Uber, 2019) 
 
 
FIGURE 5: UBERXL FARE CHARACTERISTICS 
(Source: Uber, 2019)  
 
The surge multiplier aims to induce the supply of drivers and reduce the demand of riders in 
response to live wait times experienced in a location. When the demand for e-hailing rides 
is greater than the supply of vehicles, surge pricing is implemented to leverage the difference 
between supply and demand. This strategy is similar to the fluctuating price models in the 
airline and hotel industry and has stirred some controversy, however, Uber stated that surge 
pricing accounted for only 4.8% of all South African Uber rides from the period between 
January and April 2018. Uber also noted that an average surge multiplier of 1.6 times the 
fare during the same period of analysis. Local competitor Bolt has a capped multiplier of 2.3 
times the fare (Competition Commission, 2020). 
 
Surge pricing works by increasing the fare cost for a passenger by a stated multiplier (e.g. 
1.2x) above the standard cost based on the level of demand relative to the level of supply in 
an area. For an example, a standard fare price during non-peak demand could be R100, but 





standardised across South Africa. Uber stated that it divides cities into hexagonal zones to 
ensure that any change in fares is accurate and effective. Each zone is subject to its own 
price multiplier, based on real-time demand and supply within that zone.  
 
E-hailing technology is advantageous as it allows an operator to find another passenger 
close to the drop off point of another passenger, depending on the demand in that area. This 
helps reduce deadhead kilometres, due to the reduction in travel time and distance between 
fares. Meter taxis operate at designated areas like airports and are forced to return to these 
areas after completing the trip. This is inefficient as the operator is subject to an empty return 
trip and that the price reflected on the passenger must cover this. In contrast to this, the e-
hailing business model makes use of technology to reduce the distances travelled between 
fares. Therefore, due to meter taxis having greater distances between fares, operating costs 
are raised, and this must be reflected in the fare price. Higher operating costs leads to higher 
fares, which finally limits the demand for meter taxi services. Additionally, the fare price for 
meter taxis is not as flexible when compared to e-hailing service, as upon operating license 
application one must specify a fixed fare per kilometre which is displayed on a sealed meter 
(Competition Commission, 2020). Meter taxi fares are set by the meter taxi associations’ 
committee and their respective members according to mutual agreements regarding the 
area of their drivers.  
 
2.4 The entrance of e-hailing services 
E-hailing services have gained huge success globally for the demand for transportation. 
Rayle et al. notes that e-hailing services fill in for uncatered transport that has been 
underserved. In South Africa, the main competitors for the e-hailing market are Uber and 
Bolt (formerly Taxify until March 2019), with multiple new competitors entering the market, 
such as Yookoo Rides, Hailer, InDriver and Zebra Cabs to name a few. Uber, the leading 
company in South Africa recorded two million trips in South Africa alone between 2015 and 
2016 (Uber, 2016). Uber has become available in 65 countries and over 600 cities 
worldwide, accumulating approximately 91 million riders alone (Iqbal, 2019). In South Africa 
Uber introduced its services in Johannesburg and extended them to Cape Town, Pretoria, 
Durban and East London.  It was estimated in 2015 that the Uber industry was worth R1.65 
billion in South Africa and has continued to show strong growth in the country. Application 
data has shown that Uber had 5.3 million users in South Africa, compared to Bolt’s 2.1 
million users. Uber controls an estimated 71% of the South African market share, followed 





attempt in 2015, but has continued to show strong growth with its competitive pricing (De 
Villiers, 2019). Bolt currently operates in a range of South African cities. More recently, 
inDriver entered the market in South Africa on February 2019, offering their e-hailing 
services in Johannesburg and Cape Town. Additionally, Droppa entered the market in 2016, 
launching an e-hailing platform that enables its users to order a truck for utilization. 
 
The entrance of e-hailing services has caused conflict between e-hailing operators and 
meter taxi operators across numerous countries all over the world. Policy regulations 
regarding e-hailing services have revolved around a few key debates. Firstly, regarding if e-
hailing services are employers and secondly if e-hailing services are taxi companies. Uber 
claims that the drivers who operate on their platform are independent contractors and they 
are therefore not employers, but rather technology service providers. Uber therefore argues 
they are not a taxi company (Geradin, 2015). Whilst some praise the effectiveness and 
sustainability provided by e-hailing services; other narratives critique the deregulation of 
labour laws which transfer risk from employers to employees (Martin, 2016). Pressure has 
therefore been placed on e-hailing companies from various angles, namely, to recognise 
their drivers as employers as well as pressure from existing competitors. To deal with 
hardships, Uber invested in a Greenlight Hub in Sandton, Johannesburg, to assist e-hailing 
drivers with enquiries and assistance (Lits, 2018). This conflict has continued for numerous 
reasons. Firstly, meter taxis operators argue that the two services compete for the same 
customers, but e-hailing operators are subject to different regulations. E-hailing platform 
representatives often argue that they are not employers and therefore bypass multiple 
labour related regulations. Secondly, meter taxi operators argue that the fares offered by e-
hailing services are too low, making it difficult for them to compete with the service. E-hailing 
services have created stiff competition by offering fares as low as 7 rand per kilometre, 
creating tensions between existing meter taxi and minibus taxi operators (Geitung, 2017). 
E-hailing services have been criticized by existing operators due to predatory pricing 
techniques, whereby e-hailing companies offer discounted rides to hold market share. 
Thirdly, meter taxis argue that e-hailing companies subsidize their drivers for increased 
vehicle availability (Competition Commission, 2020).  
 
The conflict between the two operators has led to protest in numerous countries. In London, 
cab operators protested the entrance of e-hailing services. The cab operators argue that e-
hailing services compete unfairly, due to lack of regulation and use their platform to reduce 





the same for e-hailing services. In France, meter taxi operators have protested the fares 
offered by e-hailing services and the issuing of operating licenses, which has led to violent 
demonstrations (Verbergt & Schechner, 2019). In South Africa, violent protests and attacks 
on e-hailing drivers has become common practice. For example, in July 2017, an e-hailing 
driver succumbed to his injuries after his vehicle was set on fire in Pretoria (Mabena, 2017). 
In August 2020, an e-hailing driver was killed and his passenger wounded in Muizenburg 
(Mkentane, 2020). Other developing countries like Pakistan and Mexico also became areas 
of conflict for e-hailing services.  
 
Although e-hailing driver figures are unknown, their representatives estimate that there are 
around 4000 Uber drivers within Cape Town, of which a majority don’t own their vehicle (De 
greef, 2018). This contrasts with developed countries, where e-hailing drivers often own their 
vehicle and use their vehicle for additional income. Although advertised as a means to create 
additional income by using assets which are underutilized, e-hailing services have become 
a primary source of income for drivers on the platform (Hall & Kreuger, 2018). For example, 
a Bolt advertisement stated “Earn around R8000 per week driving”. Numerous ‘partners’ 
finance e-hailing vehicles and rent their vehicle to drivers on the platform, which has raised 
concern regarding driver exploitation (Martin, 2016; Rosenblat & Stark, 2015). This is 
particularly true in South Africa and other developing countries, whereby a majority of e-
hailing vehicles are financed by ‘partners’, who operate entire fleets and encourage drivers 
to work for them by meeting weekly payment targets. Wealthier car owners or companies 
have been cited as buying additional vehicles to contract out to e-hailing drivers (Giddy, 
2019). ABT Logistics offers fleet management for vehicle owners who provide their vehicles 
on e-hailing platforms. Logistics Operations Manager Michelle Bell estimates around 70% 
of Uber drivers in Cape Town rent their cars from vehicle owners (McKane, 2019). 
 
The SA Meter Taxi Association (SAMTA) has represented the collective view of meter taxi 
drivers and stated that the taxi hailing market in the country is controlled by foreign based 
companies which are unregulated (Competition Commission, 2020). Due to growing 
competition from existing e-hailing service platforms and other new market entrants, the 
association has been registering their drivers to “Yookoo Ride’’, a platform-based application 
for e-hailing. The SAMTA partnered with YooKoo Ride, a local development and estimated 
that 180 000 vehicles would register to join their platform. The registration of driver-partners 
is said to include driver screening and criminal checks with fingerprint technology (SME 






An evaluation done by the Centre for Competition Regulation and Economic Development 
(2015), with the intent of identifying the impact of prices following the entry of Uber into the 
industry. The study found that meter taxis charge significantly higher premiums for short 
distances when compared to Uber fares, reaching as much as 265% above the Uber X 
offering. The vastly connected platform provides a connection for drivers and those seeking 
a lift, reducing the wait time for commuters significantly. This technology has given e-hailing 
services a comparative advantage over the taxi market, by improving customer benefits and 
ultimately offering customers better value. A United States study by Cohen et al. (2016) 
made use of Uber individual level data and estimated that Uber X, the most affordable of 
the Uber offerings, created approximately 6.8 billion dollars (R 105 482 960 000)3 of 
consumer surplus in 2015. 
 
Many e-hailing companies argue their importance through driving sustainable transport. For 
example, Bolt has incorporated a long-term commitment to reduce their ecological footprint 
through a Green Plan. Their Green Plan initiative aims to offset carbon dioxide emissions, 
create greener cities and use renewable forms of energy at their offices. Bolt has 
furthermore become carbon neutral in Europe and invested heavily in electric vehicles (Bolt, 
2019). Advocates for e-hailing services have argued that these services mitigate current 
challenges facing urban transport networks, such as congestion and environmental 
externalities (Martin, 2016; Cheng 2016). Amidst concerns for e-hailing driver safety, Bolt 
included new safety features for their drivers in 2020. Safety features included: 
 The number of trips completed by riders 
 Visible rating of the passenger 
 The type of payment for the fare (cash or card) 
 The estimated fare to be paid by the passenger 
 
The Competition Commission (2019) released a market-based land transport enquiry and 
included e-hailing services in its scope. From table one below, since the entry of e-hailing 
services in 2013, there has been a significant reduction in passenger fares from Uber. As 
new market entrants have become apparent, increased competition has intensified, leading 
to aggressive promotional strategies and competitive pricing to gain market share.  
 
                                                          





TABLE 1: PRICE COMPARISONS OF TWO POPULAR E-HAILING SERVICES IN SOUTH AFRICA  
(Source: Competition Commission, 2019) 
 
 
When comparing traditional meter taxi operators and e-hailing services, there is a clear 
variance in the price structure and set fares. E-hailing service fares vary in response to 
demand, subject to set minimum tariffs. An evaluation was done by the Centre for 
Competition Regulation and Economic Development (2015), with the intent of identifying the 
impact of prices following the entry of Uber into the industry. The study found that meter 
taxis charge significantly higher premiums for short distances when compared to Uber fares, 
reaching as much as 265% above the economic Uber X offering. When comparing these 
two companies, Uber takes a 25% commission from their drivers, whereas Bolt takes a 15% 
commission. The vastly connected platform provides a connection for drivers and those 
seeking a lift, reducing the wait time for commuters significantly. This technology has given 
e-hailing services a comparative advantage over the taxi market, by improving customer 
benefits and ultimately offering customers better value. 
 
The question arises as to whether e-hailing services have captured the demand of meter 
taxis, or whether they have induced a new market of demand (Rayle et al., 2017). E-hailing 
services have evidently spotted a gap in the market for passenger transportation, by means 
of adding consumer benefits of convenience, price, speed and flexibility. This is due to the 
ease of requesting a lift, whereas meter taxis generally require a phone call prior to the lift. 
Meter taxis are therefore argued to be more time consuming, less convenient, more 
expensive and less flexible when perceived by commuters (Rayle et al., 2018). The 
advantage of travel cost estimation is an important tool regarding consumer choice, as 
potential riders can view their expected travel costs prior to the ordering of a vehicle. Such 
transparency, along with the ease of application-based payment, means that commuters are 
not required to carry cash on them, but rather deduct the amount directly from the user’s 
account.  
 
Date Fare > 2km Comission Booking fees Net rands Fare> 2km Comission2 Booking fee Net rand
Jun-13 R85 20 N/A 68 N/A N/A N/A N/A
Dec-13 R50 20 N/A 40 N/A N/A N/A N/A
Jun-16 R20 20 N/A 15 20 5 N/A 19
Dec-17 R20 20 4 14,2 20 15 N/A 17
Aug-18 R25 20 4 15,2 20 15 4 17
Oct-18 R25 20 4 18,5 20 15 4 17






Figures six and seven below visualise the price comparisons of short and long-distance 
travel between the Uber X service and the average quoted prices of four anonymized sedan-
based meter taxi companies in South Africa. It is notable that e-hailing companies offer 
significantly lower fares than existing meter taxi operators (Competition Commission, 2020). 
 
 
FIGURE 6: SHORT DISTANCE TRAVEL COSTS COMPARED: METER TAXIS VS UBER  
(Source: Centre for Competition and Economic Development, 2015). 
 
 
FIGURE 7: LONG DISTANCE TRAVEL COSTS COMPARED: METER TAXIS VS UBER X   
(Source: Centre for Competition and Economic Development, 2015) 
 
South African economist Kransdorff (2016), states that if you drive less than 50 kilometres 
a day, making use of e-hailing services will save you money. The analysis of this is based 
on a 1.8 Toyota Corolla at R300 900 purchase price, as this is the most common car used 
by e-hailing drivers. The cars depreciation and financing costs are estimated to be R61 000 
per year, on the basis that the car is financed over 5 years at the prime rate and sold at the 
market average after the 5-year period. Other expenses are also based on South African 
averages for 2016 and include: parking at R1560 per annum, Insurance at R18 000 per 
annum, cleaning at R1800 per annum, licensing amount of R2 000 per annum and finally 
petrol at R27 000 per annum. These costs accumulate to R111 000 annually. In this analysis 





conditions, it was calculated that the average cost per kilometre was R9. The benefits used 
for the analysis calculated to R2.50/km, based on time savings. This analysis noted that 
vehicle ownership is commonly categorised with high fixed costs, including depreciation, 
insurance and licensing fees. The analysis found that the average South African driving 40 
kilometres per day or less, would save as much as R14 000 per year by switching from 
private vehicle ownership to Uber. There is therefore a threshold point, whereby vehicle 
owners could potentially save money by switching to e-hailing services in terms of their costs 
per kilometre.  
 
2.5 Theoretical frameworks from existing studies 
There have been several theoretical frameworks applied to assess the adoption of new 
technologies and their intention to use. Researchers have shown interest in the 
determinants of user acceptance for new technologies. Notable mentions included, but were 
not restricted to, the Theory of Diffusion of Innovations (DIT) (Rogers, 1995), the Theory of 
Task-Technology fit (TTF) (Goodhue & Thompson, 1995), Theory of Reasoned Action (TRA) 
( Fishbein & Ajzen, 1975), the Theory of Planned Behaviour (TPB) (Ajzen, 1985), 
Technology Acceptance Model (TAM) (Davis et al., 1989), Technology Acceptance Model 
2 (TAM2) (Venkatesh & Davis, 2000), the Unified Theory of Acceptance and Use of 
Technology (UTAUT) (Venkatesh et al.,2003) and finally the Technology Acceptance Model 
3 (TAM3) (Venkatesh & Bala, 2008). Many of the studies regarding e-hailing adoption make 
use of either DOI, TAM, UTAUT or a combination of the theorems as a framework for 
analysis. Taherdoost (2018) made use of an e-service TAM to assess the main constructs 
effecting the user acceptance or adoption of e-services.  
 
2.5.1 Diffusion of innovation theory (DIT) 
Rogers (2003) proposed the ‘diffusion of innovations’ theory in 1962 to assess the adoption 
rate of new technologies in a social system. Rogers (1995) indicates that the harder an 
innovation is to utilise or the lower its perceived ease of use, the likelihood of adoption and 
continued use decreases. DIT is a classic adoption model that combines both social and 
psychological theory to help predict how people make decisions to adopt an innovation by 
assessing their adoption patterns. Roger’s states that “diffusion is a process by which an 
innovation is spread through certain channels over time among the members of a social 






According to Rogers (2003, p.172), the innovation decision-process is “an information-
seeking and information-processing activity, whereby an individual is motivated to reduce 
uncertainty regarding the advantages and disadvantages of an innovation”. The innovation-
decision process compromises of five steps: 1) knowledge, 2) persuasion, 3) decision, 4) 
implementation and 5) confirmation. In the initial step of the decision-innovation process – 
knowledge, an individual learns about the establishment of an innovation and further seeks 
information about the innovation. Critical questions in this stage include “what?”, “why?” and 
“how?” individuals seek to determine what the innovation is, how it operates and why it was 
created. However, knowledge alone doesn’t mean that an individual will adopt an innovation, 
because individual attitudes also outline the adoption or rejection of an innovation (Sahin, 
2006).  
 
In the following stage – persuasion, individuals form a positive or negative attitude toward 
the innovation after gaining insight in the knowledge stage. The persuasion stage is emotive, 
drawing from the feelings of the adopter, whereas the knowledge stage is more cognitive. 
Social engagement from others affect the formation of the individual’s perception of the 
innovation and close peers’ evaluation of the innovation are credible sources of information 
to the individual.   
 
Following the persuasion stage, the decision stage occurs when an individual chooses to 
adopt or reject an innovation. In the decision stage, adoption refers to “full use of the 
innovation as the best course of action available”, whilst rejection refers to “not to adopt an 
innovation” (Rogers, 2003, p.177). Rogers further indicated two types of rejection: active 
rejection and passive rejection. In terms of active rejection, an individual makes use of an 
innovation and thinks about adopting it, but ultimately decides against it. In a passive 
rejection situation, the individual doesn’t think about adopting the innovation at all.  
 
After the decision stage, the implementation stage is apparent. In the implementation stage, 
an individual employs the innovation in accordance to their needs, identifying the usefulness 
of the innovation. Finally, the confirmation stage occurs once the innovation-decision has 
been made by the individual. In this stage, the individual looks for support that helps confirm 
their decision. However, an individual’s decision may be reversed if they are “exposed to 
messages which conflict the innovation” (Rogers, 2003, p.189). The confirmation stage is 
both intrapersonal and interpersonal, leading to the individual concluding their decision for 





via replacement discontinuance or disenchantment discontinuance. Replacement 
discontinuance occurs when an individual identifies the innovation to be inferior to another 
innovation replacement. Disenchantment discontinuance occurs when an individual is 
unsatisfied with the performance of the innovation.    
 
Rogers (2003) denotes five main characteristics that influence the adoption rate of an 
innovation by reducing uncertainty. These characteristics include; Relative advantages, 
Compatibility, Trialability, Complexity and Observability. An innovation that is perceived to 
possess favourable characteristics is more likely to be adopted in a social system. Figure 




FIGURE 8: A MODEL OF FIVE STAGES IN THE INNOVATION-DECISION PROCESS  
(Source: Rogers, 2003) 
 
More specifically, DIT presents five established adopter categories based on the length it 
takes for a person to begin using an innovation. Rogers’ criteria used to assess adopter 
categorisation is the innovativeness of an individual, relative to other individuals. In each 
adopter category, individuals are alike regarding their level of innovativeness. Braak (2001) 
notes innovativeness as a “relatively stable, socially-constructed, innovation-dependent 
characteristic that indicates an individual’s willingness to change his or her familiar 
practices”. The categories of adoption denoted by Rogers (2003) include:  
1) Innovators – The first group of individuals to adopt, known to be risk takers; 
2) Early adopters – More unified in the local social system than the innovators, known 
to possess a high degree of opinion leadership; 
3) Early majority – They adopt innovations just before the average member of a social 






4) Late majority – Tend to adopt an innovation after the average participant. These 
individuals are highly sceptical of innovations and tend to have below average social 
status; 
5) Laggards – The last group of individuals to adopt an innovation. This group 
possesses little to no opinion leadership, tradition focussed and hold the lowest social 
status. 
 
The rate of adoption theorises that technological innovations diffuse over time, through the 
social system in an s-shaped curve as depicted in figure nine below. According to DIT theory, 
an innovation goes through a period of slow growth, followed by a period of rapid growth. 
The innovation is adopted by innovators and continues to experience growth through the 
other adopter categorizations or classes emphasized by Rogers. 
 
 
FIGURE 9: ADOPTER CATEGORIZATION BASED ON INNOVATIVENESS 
(Source: Rogers, 2003) 
 
2.5.1.1 Relative advantage 
Relative advantage (RA) is one of the main factors in DIT. RA is defined as the magnitude 
to which an innovation is perceived as favourable, when compared to its predecessor 
(Rogers, 2003, p.15). Perceived value has been defined as the final analysis of benefits and 
sacrifices that are apparent from a users’ consumption of a product or service (Chiu et al., 
2014). The key to successful adoption occurs when a person perceives a product, service 
or behaviour to be advanced when compared to traditional systems. In terms of RA in the 
context of the study, it is the perceived benefits that e-hailing services will have when 
compared to the innovation which it replaces – the meter taxi, or other forms of mobility. The 
magnitude of RA may be measured in economic terms, but social prestige factors, like 
convenience and satisfaction are also important components to consider in the analysis 
(Rogers, 2003, p.16). Essentially, the greater the perceived relative advantage of an 







Compatibility is defined as the magnitude to which a product or service is perceived as 
compatible with users’ existing beliefs, values, habits and past experiences (Rogers, 2003). 
Therefore, if an innovation is accordant with an individual’s needs, there will be reduced 
hesitancy to adopt said innovation and an increased rate of adoption is likely to occur.  
 
2.5.1.3 Trialability 
According to Rogers (2003, p.16), “Trialability is the magnitude to which an innovation may 
be experimented with on a limited basis”. According to this characteristic, the more an 
innovation has been tried and tested, the faster its rate of adoption. Trialability is positively 
correlated with the rate of adoption.  
 
2.5.1.4 Complexity 
Rogers (2003, p.15) notes that complexity is “the degree to which an innovation is perceived 
as relatively difficult to understand and use”. When compared to the other attributes, 
complexity is negatively correlated with the rate of adoption and therefore limits the adoption 
of an innovation. Therefore, an innovation possessing characteristics that are complex, 
poses a threat for its rate of adoption.  
 
2.5.1.5 Observability  
The final perceived characteristic of DIT theory is observability. Rogers (2003) defines 
observability as “the degree to which the results of an innovation are visible to others”. Peer 
to peer observation was noted as a key factor in the adoption of innovations in a social 
system. Observability is positively correlated with the rate of adoption of an innovation.  
 
In summary, the diffusion of innovations is the process, by which innovations are 
communicated through specific channels over time amongst the social system. Rogers 
(2003) argues that innovations offering more favourable perceived characteristics will be 
adopted faster than other innovations. However, the innovation characteristics of DIT do not 
account for any social factors that could influence the adoption of an innovation. Sarker and 
Wells (2003) state that social influence factors are an important focus when analysing mobile 
technology adoption on an individual level. Al-Jabri and Sohail (2012) state that numerous 
studies have applied Rogers DIT successfully to ascertain the antecedents of the adoption 






2.5.2 Technology acceptance models  
The Technology Acceptance Model (TAM), developed by Davis (1989), denotes that when 
users of a technology perceive it useful and easy to use, they will be willing to adopt the 
technology. TAM is a collaborative model based on TRA and TPB.  TAM assumes that the 
acceptance of a technology is determined by two main variables which include; perceived 
usefulness (PU) and perceived ease of use (PEOU). In TAM, PU and PEOU are two 
exogenous constructs, whilst Behavioural Intention (BI) and Behaviour (B) are the key 
endogenous factors. PU is used as both a dependent and independent variable, because it 
is predicted by PEOU and predicts BI and B at the same time. PU is described as “the 
degree to which a person believes that the use of a particular system would enhance his or 
her job performance” (Davis, 1989, p.320). PEOU is defined as “the degree to which a 
person believes that a system would be free from effort” (Van der Hiejden, 2003, p.542). 
Numerous studies have demonstrated that PU and PEOU significantly affect the behavioural 
intention (BI) of technology users (Ajzen, 1991; Compeau & Higgins, 1995; Davis et al. 1989; 
Venkatesh et al. 2003). BI is defined as “the agents’ subjective probability that he or she will 
engage in a given behaviour” (Chao, 2019). The TAM developed by Davis is the most 
apparent framework in predicting information technology acceptance (Paul et al., 2003). 
 
As we can see in figure ten, PEOU will influence the PU of the innovation. This is because 
if an innovation is perceived to be free from effort, it is more likely to be perceived as 
favourable. The perceived usefulness construct is well known in academic literature and it 
is particularly found in research supported by TAM as an antecedent of the attitude and 
intention of use for an innovation (Joia & Altieri, 2017). 







FIGURE 10: TECHNOLOGY ACCEPTANCE MODEL 
(Source: Davis, 1989) 
 
Venkatesh and Davis (1996) further extended the TAM after their findings indicated that both 

















construct. In their extension of the TAM, Venkatesh and Davis (2000) proposed TAM2 to 
reduce the limitations of TAM by keeping the original TAM constructs intact whilst including 
extra determinants of TAM’s perceived usefulness and usage intention constructs. 
Furthermore, Venkatesh and Bala (2008) proposed TAM3, an extension to TAM2, by adding 
determinants of TAM’s perceived ease of use and usage intention constructs for greater 
robustness.  
 
Whilst Rogers (1995) uses his DIT model to explain the process of adapting new technology, 
the TAM provides to explain the principal factors behind the acceptance or rejection of a 
technology. However, TAM ignores the effect of social influence on technology adoption and 
therefore has limitations in terms of applications extending beyond the workplace. Other 
cited limitations of TAM include the lack of a longitudinal study. A longitudinal study is 
important as a user’s perception and intention to use may change over time with continued 
usage (Lee et al., 2003). Mather et al. (2002) argues that isolating the intention to use as 
the dependent variable in TAM can skew the results, due to a cognitive bias from the 
respondents. Taherdoost (2018) notes that because the intrinsic motivations are not 
accounted for in the TAM, the ability to apply the model in a customer context may be limited.  
 
Venkatesh and Davis (2000) criticized TAM due to the lack of external factors that could 
impact the adoption and utilisation of technology, such as social influence and facilitating 
conditions. With the inclusion of these external factors, Venkatesh et al. (2003) developed 
the Unified Theory of Acceptance and Use of Technology (UTAUT). In UTAUT, the model 
indicates a relationship between two endogenous variables (Behavioural Intention and Use 
behaviour), four exogenous variables (Effort expectancy, Performance expectancy, Social 
Influence and Facilitating condition) and four moderators (Age, Gender, Experience and 
Voluntariness of Use). As seen in figure nine below, performance expectancy, effort 
expectancy and social influence have a causal relationship with behavioural intention. 






FIGURE 11: UNIFIED THEORY OF ACCEPTANCE AND USE OF TECHNOLOGY  
(Source: Venkatesh et al., 2017) 
 
However, many technology acceptance models pose limitations. Self-reported usage has 
been a commonly reported limitation of TAM studies. Self-reported usage has come under 
scrutiny as it is subject to common method bias, which can exaggerate the causal 
relationship between the variables (Agarwal & Karahanna, 2000). Furthermore, none of the 
technology models proposed above identify security as a factor that influences the intention 
to use e-services or acceptance.  
 
2.5.3 E-service technology acceptance model 
Taherdoost (2018) proposed an e-service TAM after a literature review of e-service 
technologies and notes that security, quality, satisfaction, and their related dimensions are 
the main constructs for the intention to use e-services. The e-service TAM was created 
through exploratory factor analysis (EFA), to test the discriminant and convergent validity 
and reduce the dimensions to the main constructs affecting acceptance and the intention to 
use. EFA is as statistical technique used to reduce data points to a smaller set of summary 
variables, to explore the underlying theoretical structure of the constructs. For a factor to be 
retained in EFA, it must have a correlation r of .30 or greater, otherwise anything below this 
level would indicate a weak relationship between the variables (Tabachnick & Fidell, 2007). 
From the development of his e-service TAM, Taherdoost (2018) notes that the intention to 
use e-services is ruled via three major variables: Quality, Security and Satisfaction. The 
findings indicated that quality has a significant effect of intention to use and satisfaction, 






To better understand consumer behaviour, customer satisfaction has been a vital concept 
for the management of marketing products and services (Cravens, 2006). Customers who 
are satisfied are more likely to establish loyalty and therefore possess an increased 
likelihood for the intention to use a technology. Hung et al. (2014) notes that customer 
satisfaction is a main factor that influences a customer’s intention to use e-services, as well 
repeated usage. Figure twelve below describes the dimensions of satisfaction and their 
respective references that were used to create the E-service TAM.  
 
Service quality is generally described as the consumer’s perception that arises after 
comparing the service performance of a provider and the expectation of customer service. 
DeLone and Mclean (2004) created an information systems success model that is applicable 
for e-commerce platforms, noting that service quality was the most significant determinant 
in user satisfaction. Table three below notes the dimensions of quality as tested in the e-
service TAM.  
 
Security concerns have been identified as a major factor in users’ intention to use e-services. 
Issues of security have therefore become one of the major concerns for the adoption of e-
hailing services. Taherdoost (2017) notes that security is defined as the extent to which 
users’ feel safe when using a technology or particular application. Taherdoost (2017) noted 
thirteen security dimensions, of which he applied a combination of EFA and analytical 
hierarchy process (AHP) to identify the most influential factors. Taherdoost (2017) proposed 
four factors, namely integrity, confidentiality, privacy and availability, which should be used 
to assess the security of an e-service. 
 
 
FIGURE 12: E-SERVICE TECHNOLOGY ACCEPTANCE MODEL 





E-service TAM as proposed in figure twelve above, can be used by e-service providers to 
identify what factors influence the adoption of their services and therefore act as a 
foundation for the development of business strategies to improve on existing service quality 
factors and bottlenecks. Additionally, e-service providers can identify what constructs their 
users’ value and adjust their business practices accordingly. From the development of the 
e-service TAM, both theoretical and practical applications can be used to predict the 
acceptance of e-service technologies. 
 
2.6 E-hailing service adoption 
Numerous theoretical models were discussed above and employed as a baseline for 
researching the adoption of various technologies. Venkatesh and Bala (2008) noted that 
demographic factors might influence the intention to adopt information systems. A study in 
America done by Clewlow and Mishra (2017a) has shown that tertiary educated, affluent 
commuters have adopted e-hailing services at double the rate of less educated, lower-
income populations. Other findings from Feigon and Murphy (2016) show that the middle-
income population are the most frequent users of e-hailing services. In this study, surveys 
and interviews of e-hailing users were used in seven cities in the United States. Other 
notable findings amongst survey respondents include lower vehicle ownership rates, 
reduced transport spending and that shared modes complement public transit. Circella and 
Alemi (2018) note that users of e-hailing services are mainly well educated, independent 
millennials who live in urban areas.  
 
Hall and Kreguer (2015) proposed a study on the labour market for e-hailing drivers in the 
United States, particularly focussing on socio-demographics and earnings. Hall and Kreuger 
(2018) found that drivers in the United States who partnered with e-hailing services, were 
initially attracted to the mobility as a service model as it provided flexibility benefits, fair 
compensation and a stable earnings per hour. A study done by Liu et al. (2018) in 
Manhattan, compares Uber drivers to meter taxi drivers and finds that that the Uber 
application reduces moral hazard, by reducing the number of detours by drivers towards 
airport routes. 
 
A study conducted by Rayle et al. (2016) aimed at identifying what determinants influence 
commuters to favour e-hailing services over public transport. The study made use of intercept 
surveys to obtain primary data in San Francisco. The study found that ease of payment, 





hailing services. In addition, 39% of survey participants stated that a traditional meter taxi 
would be their first alternative, if e-hailing services did not exist and 33% would use public 
transport as another alternative, indicating that e-hailing services are substitutes for meter 
taxis and other modes of public transportation. Additional studies in San Francisco indicate 
that e-hailing services reduce car ownership and encourages its users to be more selective 
of car use for various purposes (Liu et al., 2016; Daus, 2016). 
 
Baptista et al. (2014) noted that e-hailing services create more efficient mobility, lower 
levels of private vehicle ownership, greater vehicle utility, lower vehicle acquisition, lower 
demand for parking capacity and lower vehicle usage costs as commuters switch 
personally owned vehicles in favour of using shared vehicles. Therefore, reducing capital 
and additional costs associated with owning a private vehicle. This reduction or mitigation 
of costs has proven an attractive means for commuters seeking transport. For example, 
Schwieterman and Michel (2016) compared the transport costs and travel times of fifty trips 
in the Chicago area and states that commuters who favour e-hailing services, are less price 
sensitive and more time sensitive. The comparison was between UberPool, Uber’s 
carpooling service and Chicago’s public transit system. The average time for an UberPool 
trip was 35:52 minutes, whilst the same trip via public transport was 48:29 minutes. When 
comparing costs, the average UberPool trip was $9.66 (R161.14)4 and the average cost of 
public transit trip replacement was $2.29 (R38.20)5.  
 
E-hailing services have not just altered the way commuters move about, but it has also 
altered some perceptions of car ownership itself. Several e-hailing services claim that the 
need for private vehicle ownership is no longer necessary, as a car is utilised for such a 
small portion of the day due to work or other related prospects (Schmitt, 2019). According 
to Dawes (2016), who conducted a United States e-hailing perspectives study, found that 
the top reasons for using e-hailing services were convenience and promptness. The role of 
vehicle ownership is an important one as it indicates whether commuters are likely to reduce 
the number of vehicles they own, as a direct result of e-hailing services. There is difficulty in 
determining the direct influence that e-hailing services have on personal vehicle ownership, 
as there are various other factors influencing vehicle purchases. Looking at the relationship 
between e-hailing services and potential impact on vehicle ownership, Lyft data from 
American and Canadian users accounted for approximately 375.5 million rides in 2017, and 
                                                          
4 Currency conversion from 2020/05/15 





that 250 000 American and Canadian commuters chose to sell their vehicles that year as a 
result of their services (Iqbal, 2019). 
 
In North America, surveys undertaken by Martin et al. (2010), have found that on average, 
41% of car sharing users chose to halt the purchase of a light motor vehicle as a result of 
using the services provided by the new mobility platforms offered today. This is confirmed 
via studies by Stanley (2016), which indicated that 10% of millennial Uber riders within the 
United States halted the purchase of a private vehicle since the introduction of e-hailing 
services. Additionally, Hampshire et al. (2017) noted that 9% of e-hailing survey respondents 
in Austin, Texas purchased a vehicle after the suspension of e-hailing services The study 
conducted by Clewlow and Mishra (2017b) is likely to boast the most reliable results, as it 
had historical data prior to e-hailing entry, data obtained during e-hailing services and data 
obtained after the pausing of e-hailing services. 
 
Studies done by the collaboration of University of Michigan Transportation Research 
Institute, Texas A&M Transportation Institute and Columbia University, have indicated that 
there is a reduction in private vehicle use due to e-hailing services. In this study e-hailing 
services were paused due to a local ordinance, the study findings concluded that a 41% of 
respondents turned to their own private vehicle to fill the gap left by e-hailing services and 
furthermore 9% of respondents bought an additional car for their travel purpose. An analysis 
also found that only 3% of the respondents switched to another public transport mode. The 
study found that larger portions of public transport users lack a private vehicle, at 41%, 
compared with those who use both public transport and e-hailing services, at 30%. It was 
noted that e-hailing users have higher vehicle ownership rates than passengers who only 
use public transport, at 52% versus 46% (Clewlow & Mishra, 2017a). E-hailing users in the 
Clewlow and Mishra (2017b) study, say the top reason they pursue the service is to avoid 
the hassle of parking if they drive themselves, at 37%. Following closely second (33%), e-
hailing users acclaimed that they made use of the service to avoid driving whilst over the 
legal blood alcohol limit. Ray et al. (2016) further confirm drinking as a major influence for 
e-hailing use at 21% and Alemi et al. (2017) at 60%. 
 
Circella and Alemi (2018) made use of 2000 surveys in California to assess the adoption of 
e-hailing services and related travel behaviour on Millennials. Their findings indicate that 
users of e-hailing services replace the use of public transport, non-motorised modes, and to 






Joia and Altieri (2017) made use of a meta-model in Brazil to assess the adoption of e-
hailing applications. The meta-model included a combination of DIT, TRA and TAM, and the 
results were as follows. In terms of DIT, the findings supported that relative advantage has 
a positive effect on user satisfaction with e-hailing applications. Combability has a positive 
effect on user satisfaction with e-hailing services. Trust has a positive effect on user 
satisfaction with e-hailing services. In terms of the TAM, subjective norms have a positive 
effect on the intention to use e-hailing services. User trust has proven an important 
determinant as e-hailing applications use large amounts of data. Harris et al. (2016) notes 
that application users trust that their private data is not shared upon the installation and use 
of applications. In terms of TAM, user satisfaction had a positive effect on the intention to 
use e-hailing services. Perceived usefulness had a positive effect on user satisfaction with 
e-hailing services. Perceived ease of use had a positive effect on perceived usefulness of 
e-hailing services. 
 
2.7 E-hailing service utilisation  
In microeconomic theory, consumer choice relates to the preferences of consumption 
expenditures and consumer demand curves. Consumers will make choices, which maximize 
their utility for said choice, subject to the limitations or disutility for such choice. The everyday 
commuter will make choices to maximize their utility, with utility comprising of wait time, level 
of service, convenience and travel time. Their corresponding expenditure being travel cost 
and any disutility experienced by a mode. Travellers will therefore make decisions based on 
maximizing their utility, by minimizing travel times and cost (Shen et al., 2009). E-hailing 
service utilisation refers to the action of an individual making practical and repeated use of 
these services. Recent findings from Smith (2016) indicated one in five urban Americans 
(21%) had used e-hailing services in urban areas. The study found that almost a quarter of 
e-hailing users in metro areas make use of the service on a weekly or daily basis. This 
indicates that the service is a primary form of transportation for some users, while the 
majority use it for specific recreational activities. Cramer and Kreuger (2016) note that e-
hailing services have four factors which increase its utilization: 1) Efficient driver-passenger 
matching technology; 2) Large scale which supports fast driver-passenger matching; 3) 
Outdated taxi policy regulations and 4) Flexible supply model which responds to demand. 
 
Results from the study of Clewlow and Mishra (2017a) indicated that a majority of individuals 





further 29% indicated that they have reduced their driving since they started using the 
service. 
 
E-hailing users in the Clewlow and Mishra (2017b) study, say the top reason they pursue 
the service is to avoid the hassle of parking if they drive themselves, at 37%. Following 
closely second (33%), e-hailing users acclaimed that they made use of the service to avoid 
driving whilst over the legal blood alcohol limit. Rayle et al. (2016) further confirm this trip 
purpose with findings at 21% and Alemi et al. (2017) at 60%. The discrepancy is likely due 
to differences in drinking habits across the regions and possibly the timing of surveys, as 
evening peak periods are likely to overstate alcohol related trips.  
 
In response to survey questions in Denver, a study of 300 Uber and Lyft users by Henao 
(2017), found that 37% of respondents used e-hailing services because they were going out 
or drinking. A further 20% claimed that parking was difficult or expensive. 
 
A study by Rayle et al. (2016) in San Francisco, noted that e-hailing services have allowed 
some commuters to drive less frequently. In response to the participants who owned a 
vehicle, 40% claimed they drove less because of e-hailing services, while 58% noted that 
their driving frequency was unchanged. A further 90% of respondents who owned a vehicle 
stated that their vehicle ownership was unchanged. E-hailing users who owned a vehicle 
drove rather infrequently, as 38% of car owners stated they drove once or twice per week. 
 
Existing literature included similar determinants regarding mode choice variables. See table 
5 below. From analysis and comparison of the studies, time was noted as the most important 
variable for e-hailing users’ decision to use the service. The travel time component is an 
important factor for modal choice and may be valued differently depending on the motive for 
travel (De Witte et al., 2013). Available parking and costs were found to be significant 
reasons for hailing a vehicle. Poor public transport was the least significant of the variables 
in the studies, however these studies were all from developed countries with high utilization 
of public transport.  
 
From multiple adoption studies in the United States, the most frequent constructs which 
commuters reasoned for their use of e-hailing services were ranked and compiled in table 






TABLE 2: RANKINGS OF UTILISATION VARIABLES AMONGST EXISTING STUDIES 
Literature Time Cost Parking Poor public transport 
Alemi et al. (2017) 2 1 3 4 
Rayle et al. (2016) 1 3 2 4 
Henao (2017) 1 3 2 4 
Clewlow and Mishra 
(2017a) N/A N/A 1 N/A 
(Source: Own table) 
 
2.8 E-hailing and public transport 
The additional value created by e-hailing services suggests that there may be a significant 
number of commuters switching modes of transportation.  The value created by these 
services is both monetary and non-monetary, with existing literature indicating mixed 
evidence on the potential influence of e-hailing services on public transport. The association 
with e-hailing use and public transport use is not well understood and future research on 
their relationship may aid transport operators and policymakers (Zhang et al., 2018).  
 
It is not surprising that the entry of e-hailing services has had a direct impact on other modes 
of available transport. Numerous studies have attempted to assess the impact of e-hailing 
services on mobility and although difficult to quantify the effects e-hailing services have on 
public transport ridership, several studies gained insight regarding the potential effects that 
might occur. E-hailing services provide accessibility and mobility benefits to commuters, 
which makes vehicle access easier, enhancing both accessibility and mobility, which may 
be argued that it adds additional trips to the transport network. However, it may also be 
argued e-hailing services encourage ride sharing, reducing wasteful driving whilst searching 
for parking and may reduce Vehicle Kilometres Travelled (VKT). Mobility is commonly 
measured either by distances travelled or by the number of trips taken. 
 
E-hailing services have been argued to be the first and last mile of transport for modes that 
have fixed routes, like rail and bus and therefore may be complimentary to public transport; 
however, it can be used as a substitute for public transport and private transport. Murray 
(2016) notes that e-hailing services are complimentary to public transport systems, as they 
aid in the ‘last mile’ problem. The ‘last mile’ problem is defined by the distance between a 
public transport stop and a commuter’s destination. There is a grey area that exists in terms 
of the effect of public transit because e-hailing may compliment some modes, but also 





that e-hailing services compliment public transport ridership, e-hailing services increase the 
likelihood of using public transportation’s access and egress time (Wang and Odoni, 2016).  
 
A survey conducted by the Clewlow and Mishra (2017b), where the study was undertaken 
on American commuters found that e-hailing services resulted in a 6% reduction in bus 
transport usage. However, the results noted a 3% increase in commuter rail use among e-
hailing users. Indicating that the e-hailing services can have both a substitution and a 
complementary effect depending on the user and the modes available. The study also found 
that if e-hailing services were not available, up to 61% of trips would not have been made 
and commuter travel would have been made via non-motorised transport or public transport. 
Although e-hailing services may compliment or substitute certain modes, the study found 
that the net effect of vehicle miles travelled remains unknown. 
 
Additionally, studies undertaken by Sadowsky and Nelson (2017) using regression 
discontinuity design, suggest that e-hailing service entrance affected travel behaviour of bus 
riders differently to rail users. Model estimates indicated that e-hailing service never became 
a substitute for bus use but displayed a complementary relationship. The study concluded 
that price competition between e-hailing services increases the likelihood that the typical rail 
user will use an e-hailing service when compared to the typical bus rider.  
 
Existing literature has shown that taxis are both substitutes and compliments to other modes 
of public transport (Austin & Zegras, 2012; King et al., 2012). Depending on trip 
characteristics, a commuter may use e-hailing as a complete origin to destination service or 
may make use of the service to compliment another mode of transport. Hall et al. (2018) 
undertook a study and suggests that e-hailing services complements public transport, with 
a significant number of trips starting and ending at bus stations, train stations and airports. 
Areas with a high density of trip requests near public transport infrastructure are likely to 
indicate whether these services act as a compliment or a substitute. E-hailing services have 
the potential to divert non-motorised transport and public transport, while reducing 
passenger numbers for these modes (Liu et al., 2016; Daus, 2016). Cost efficiency studies 
conducted by Silver and Fischer-Baum (2015), which compared general travel cost of public 
transit and found that passengers who made use of Uber services in combination with high 






The potential effect on vehicle kilometres travelled and the substitution/complimentary effect 
that e-hailing services may have on other modes of transport has sparked interest for future 
research. In terms of vehicle kilometres travelled (VKT), several studies indicate that e-
hailing services induce new trips (Clewlow & Mishra, 2017a; Rayle et al., 2016; Alemi et al., 
2017) However, numerous studies have shown mixed results with limited evidence. Findings 
from Chen (2013), which made use of surveys, indicated that 27% of respondents stated 
that they made more trips with the help of e-hailing services. This may be from increased 
availability or accessibility. Studies by Clewlow and Mishra (2017b) show an overall increase 
in vehicle kilometres travelled of 6.5% on a typical weekday and of 10% on the weekend. 
The increase ranges from 8% to 11% for a typical weekday. Vehicle kilometres travelled is 
a measurement tool commonly used in transportation planning. It measures the number of 
vehicle kilometres travelled for all vehicles in a region over a given time period. This number 
of vehicle kilometres is calculated as the sum of the number of kilometres travelled by each 
vehicle. A transport study by Ercan (2013), indicated that increased VKT has a correlation 
with increased congestion, caused by an increase in driving by current residents, an 
increase in transportation intensive production activity and an inflow of new residents.  
 
A study conducted by Rayle et al. (2016) in San Francisco, by means of intercept surveys, 
aimed at deducing reasons why people use e-hailing services in favour of taxis or public 
transportation. Findings indicated that majority of survey respondents (92%) would have still 
made the trip if e-hailing services were not available, whilst 8% stated that they would not 
have made the trip at all.  An estimated one-third of the survey respondents indicated that 
they often chose e-hailing services in favour of public transport due to the travel time 
savings. Furthermore, the findings indicated that e-hailing services act as a substitute for 
some individual trips, but for the majority of trips, e-hailing services complement public 
transport. Whilst the generalizability of this study is questionable, because the survey 
focuses on one city, it offers valuable insight to commuter preferences.  
 
A Californian study on Millennial and generation ‘Xers’ by Alemi et al. (2017), made use of 
online surveys to examine the differences in substitution patterns between commuters who 
frequent e-hailing services at least once per month and those who did not. Findings indicated 
that 8% of respondent’s would not have made the trip if e-hailing services were unavailable. 
The group who adopted the service on a monthly basis, was shown to substitute e-hailing 
services for non-motorised transport and public transportation modes more often than the 





suggests that e-hailing services induces a small amount of travel, adds vehicle miles to the 
transport network and if e-hailing service adoption continues to grow, transport by more 
sustainable modes may experience decreased ridership and possibly inefficient mode 
shares. 
 
Studies have aimed to assess the impact of e-hailing services on traffic congestion, with 
both vehicle ownership and VKT being indicators of congestion levels. However, numerous 
studies have shown mixed results. Some research indicates that E-hailing services have 
been found to increase VKT (Schaller, 2016), whilst other research indicates a decrease in 
VKT (Li et al., 2016).  
 
For many years, the number of vehicles sold has measured the status of the automotive 
industry. However, as new forms of mobility have arisen, like e-hailing services, the use of 
Vehicle Kilometres Travelled has become the favoured performance metric because it 
reflects both the state of the market and the evolving business models employed by e-
hailing providers. A study conducted by Stanley (2016), indicated that e-hailing services 
accounted for 4% of global vehicle miles travelled in 2015, with a forecasted increase of 
shared vehicle miles of 26% by 2030.  
 
Henao (2016) suggests that there are significant deadhead kilometres between fares by e-
hailing drivers. The report indicates that e-hailing drivers have a low utilization, as their 
vehicles only have a passenger for 39% of the time and a further 59% of the miles they drive 
whilst active on their application. A New York study conducted by Schaller (2018) found that 
on average, e-hailing drivers created an additional 4.5 vehicle kilometres on the road whilst 
waiting for a fare, creating deadhead kilometres. The net effect indicates an overall increase 
in vehicle kilometres travelled. This is likely due to the deadhead effect that e-hailing drivers 
experience as they search for new passengers. Deadhead kilometres are the number of 
kilometres a driver needs to drive from point of unloading to the point of the new load for 
pickup. Clewlow and Mishra (2017a) noted that commuters who reduced their private 
vehicle ownership and the number of kilometres they drive, substituted those trips with 
increased e-hailing use. These studies indicate the likelihood that e-hailing users are 
travelling more, creating additional pressure on the existing road network.  
Conway et al. (2018) noted that vehicle ownership has a negative relationship with e-hailing 





utilise e-hailing services. Their results also stated that for the high-income users of the 
service, vehicle ownership is not firmly related to e-hailing use. 
 
A study by Barrios et al. (2018) found that the introduction of e-hailing services was 
consistent with an increase in accident rates between 2% to 4%. The study modelled 
accident rates as a function of vehicle kilometres travelled and driver quality. The study 
also found a 3% increase in new car registrations, with the most substantial increases in 
cities with high use of public transport.  
 
A study by Haddad et al. (2019), using spatial computable general equilibrium (SCGE) and 
travel demand models for Sao Paolo Brazil, noted that parking demand was reduced by 
3.8% since the introduction of e-hailing services in the area. The findings stated e-hailing 
services had a positive net impact on the economy, with 83% of trips being derived from 
other modes of travel.  
 
Local Uber Movement6 data collected in Johannesburg indicates that the Uber platform is 
not only used in the city centre, but also in more remote areas that are often underserved 
by public transportation, therefore extending accessibility to latent demand. The platform 
also identifies large concentrations of e-hailing requests at airports, bus stations and rail 
stations, indicating that the service may complement some modes of public transport and 
act as the ‘last mile’. Tan et al. (2017) notes that e-hailing services provide access to the 
peripheries of cities, which are often underserved by public transport networks.  
 
Overall, the existing literature of the associations between e-hailing services and public 
transport shows mixed evidence. The difference in conclusions may be attributed to the 
research methodology approaches, data sources and variance in the built environment from 
different areas.  
 
2.9 Literature review summary 
In this chapter, the literature review process was discussed, and various academic sources 
were highlighted. After which a detailed description of e-hailing service provisions was 
explained. Furthermore, theoretical frameworks from existing studies and the most popular 
theories and models for technology adoption were discussed. Whilst some of the earlier 
                                                          





models have been critiqued on their ability to be used universally for any given technology, 
TRA and TPB have proven effective in explaining human behaviour on an individual level. 
DIT however, focusses on adoption decisions through communication channels and is 
therefore influenced by organisational characteristics. DIT has proven to be useful in 
analysing specific characteristics of an innovation (Rogers, 2003), whilst TAM is popular for 
the recognition of key factors that affect the adoption of an innovation (Venkatesh & Davis, 
2000).  
 
In summary, the current body of knowledge regarding e-hailing services is limited, but 
research suggest that these services are adopted by younger, more educated individuals, 
with lower vehicle ownership. 
 
Whilst TAM has been criticised on several grounds, the model acts as a useful framework 
to investigate the factors that influence adults’ intention to use technology (Braun, 2013). 
According to Lai (2016), the design and security of an innovation are the impetus that 
describes the system features and capability, whilst the PEOU and PU acts as an organism 
that describes the motivation to use the system, which further leads to the users’ response 
to use the system. As the previous models lacked safety as an influential factor, Lai (2017) 
noted that TAM2, TAM3 and UTAUT were not favourable to study the novelty technology of 
a single platform e-payment system. Due to some of the limitations of the numerous 
acceptance frameworks mentioned above, many researchers have tried to combine existing 
models or tailor constructs to increase their explanatory power. The integration of these 
models has been applied in various settings for specific system usage, however, none of 
the models considered safety as a factor that would influence the acceptance and intention 
to use. Security of e-services has been highlighted to have a significant effect on users’ 
intention to use e-services (Shareef et al., 2011). Taherdoost (2018) notes that most 
technology acceptance models explain between 17 – 56 % of the variance in the data, whilst 
his e-service technology acceptance model accounted for 71.8% of the variance in data. 
The e-service TAM proposed by Taherdoost (2018) was therefore selected as a model 
framework for the study due to its robustness and range for additional variance. The 
proposed e-service TAM can therefore be employed to develop strategies to encourage 
consumers to use e-services, by assessing what factors limit or encourage the adoption and 
utilization of e-hailing services. 
Overall, the research regarding the associations between e-hailing services and public 





compromises of a blend of some factors that result in the increase or reduction of travel, 
along with other determinants that alter its characteristics, like mode, route or departure time 
(Circella et al., 2017). There are conflicting findings within the literature, which may be due 
to a number of reasons. Firstly, due to a variety of different data sources. Some studies 
analyse their data on an individual level, whereas other sources make use of data from 
national household travel surveys. Secondly, due to a variety of research methodology. 
Whilst some studies make use of surveys with limited sample sizes, others make use of 
existing complex models to forecast the associations between the variables. Thirdly, a large 
sum of research has analysed data from e-hailing users outside of their trip context, limiting 
the possibility of studying e-hailing trip attributes. Fourthly, as transport systems are unique 
to their respective area, with varying land use and transportation modes, the generalization 
of how e-hailing services may affect other modes of transport is limited to that area.  Most 
of the literature regarding these services pertains to developed countries, leaving a literature 











As previously mentioned, several existing challenges and opportunities from e-hailing 
services were highlighted from studies around the world. However, the results of these 
studies are subject to the existing regulations, socio-demographics and the built 
environment that is characterised by these areas. Therefore, the results may differ from one 
country to another and may not be generalised for every region. This is because each 
country has different transport systems, infrastructures, and policies in place and therefore, 
they may adopt and utilize e-hailing services differently. It is therefore important to 
understand the social dimension of the city, to highlight key trends, opportunities and 
challenges affecting the development of the city. Mobility trends have a direct impact on the 
productivity and economic growth of a city. 
 
The purpose of the following chapter is to introduce the area of analysis for the study - the 
City of Cape Town. The chapter starts by introducing the geographical region selected for 
the study, then discusses various socio-demographics characterised by the area such as 
employment, population, and income levels. Furthermore, it highlights key findings from the 
National Household Travel Survey (2013), Community Trends Survey (2016), State of Cape 
Town Report (2018) and other necessary departmental data made available by the City of 
Cape Town’s website. Lastly, this chapter explains the current policy frameworks that South 
Africa and the City of Cape Town adheres to regarding e-hailing service provisions.  
 
3.2 Area of study  
The City of Cape Town (CoCT) is a category A municipality, situated in the southern 
peninsula of the Western Cape Province in South Africa. Cape Town is one of the three 
main metropolitan areas within South Africa. The CoCT is South Africa’s second largest-
economic centre, covering an administrative area of 2461 square kilometres, which acts as 
the legislative capital for the country (City of Cape Town, 2016). Cape Town, also referred 
to as the ‘mother city’, is the second most populous city in South Africa. The Cape was first 
colonised in 1652 by the Dutch, who retained power for the first century and a half after 





1803 and regain its governance 3 years later, where it remained until the early 1900s when 
South Africa was granted independence. A further 90 years later South Africa held its first 
democratic elections.  
 
Cape Town has experienced significant growth and urban change as indicated by the 
increase in surrounding suburbs. Between 1977 and 2006, Cape Town’s land area 
increased by 40%, indicating that 40% of Cape Town has been built in the last 25 years 
(Swilling, 2010). The city of Cape Town is spatially challenged. The transport system favours 
cars, as road and parking space was created to meet travel demand, but at a price that 
doesn’t account for the full long-term economic cost of the transport system. It is widely 
accepted that road users don’t always account for their true road user cost and as a result, 
they increase their private vehicle use, leading to congestion and various other urban 
transport problems. This is mainly because road users tend to narrow their trip costs down to 
fuel, with paying little attention to the fixed costs and social costs associated with owning a 
vehicle. Additionally, many commuters have substantial daily travel due to highly segregated 
land use patterns, rendering non-motorised travel ineffective for many trips. Cape Town is 
also experiencing increasing levels of car ownership, of which a majority are low occupancy 
vehicles travelling during peak periods (eNATIS, 2019). Furthermore, road capacity has 
remained relatively constant, attributed to physical and financial constraints.  
 
In South Africa’s local taxi market, there have been numerous attacks on e-hailing drivers, 
leading to certain areas being red-flagged in the Cape Flats (Dano, 2019). Taxi operators 
who oppose e-hailing services have taken matters into their own hands, displaying acts of 
violence to e-hailing drivers in the vicinity. The media has also brought forth numerous safety 
concerns for e-hailing users in the country, citing concerns for robbery, assault and sexual 
abuse.  
 
Figure 13 below lies a mapping of the CoCT, which identifies the area for the unit of analysis. 
The CoCT has a total of 190 suburbs in its jurisdiction. The city continues to experience 
rapid urbanisation, as people move inward toward the city in search of opportunities. Cape 
Town is well known for its increasing reliance on the tertiary sector for economic growth. 
The importance of these sectors is growing, sectors with highly skilled labour like Information 
and Communications Technology (ICT) and technology intensive sectors are responsible 
for new value creation in the city’s economy. High-tech industries in Cape Town contributed 





and 2017, these industries accounted for 79% of total economic growth for the city (State of 
Cape Town, 2018).   
 
 
FIGURE 13: THE CITY OF CAPE TOWN   
(Source: City of Cape Town, 2018) 
 
3.3 Household socio-demographics 
3.3.1 Population, Households and Household Size 
This section depicts the current state of socio-demographics of households within the City 
of Cape Town. Socio-demographics are the characteristics of a population and its 
associated variables include gender, age, level of education, employment status, income, 
ethnicity and location. Socio-demographics have proven to be important determinants of 
travel behaviour. Furthermore, since some research has indicated that demographics may 
influence the intention to adopt mobile applications, demographic variables were included in 
the analysis (Van Biljon & Kotze, 2007).  A household is defined as a group of individuals 
who reside in a common dwelling and provide themselves jointly with living necessities or a 
single individual who live alone (Statistics South Africa, 2010).  
 
The National Household Travel Survey (NHTS) is a report that provides insights into the 
state of current transportation in South Africa and identifies information regarding the travel 





instrument used to track household travel information on a national level. The most recent 
survey was conducted between January and March 2013 and its prior findings were from 
2003. The 2013 NHTS was conducted pre-e-hailing service entry and therefore was yet to 
categorise e-hailing services as a transport mode. However, it highlights necessary transport 
information of South Africa. Generally speaking, the market share of e-hailing services is too 
low to be captured in household travel surveys and therefore numerous studies discuss the 
adoption and familiarity with e-hailing services (Alemi & Rodier, 2017). The NHTS is 
undertaken periodically to assess the mobility of the public. However, travel surveys have 
been known to have various limitations. Firstly, countries apply various methodologies to 
collect travel data and therefore there is no universal standard for obtaining travel surveys. 
Secondly, many surveys are conducted infrequently. Thirdly, data for distances travelled by 
non-motorised transport modes are difficult to measure except via survey, which is limited 
in terms of its reliability and cross-national comparability. 
 
Cape Town’s population increased by an estimated 29.3% between the period 2001 to 2011 
(City of Cape Town, 2011). A 2016 Cape Town Community Trends survey estimates the 
population to be 4 004 793, which was a 7.1% increase since the 2011 population census. 
However, more recently a CoCT socio-economic profile of 2017 estimates the population to 
be 4 094 582 as of 2019, with future estimates to be 4 232 276 in 2023 (City of Cape Town, 
2017). Concurrently, the number of households has increased by 18.4% during the period 
of 2011 to 2016, totalling 1 264 849. The city had a gender profile of 49.26% males and 
50.74% females as of 2017 (City of Cape Town, 2018). Although there has been rising 
population and number of households, population trends for the CoCT have shown that the 
number of persons per household has been decreasing. The overall trend identifies that the 
number of households in the CoCT has increased faster than the population size (see table 
three). The most recent census was 2011, proving a population growth rate of 2.57% since 
the last census a decade ago.  
 
TABLE 3: POPULATION, HOUSEHOLDS AND HOUSEHOLD SIZE 
 
 
Demographics 1996 Census 2001 Census 2011 Census 2016 Community trends survey CoCT Socio-economic profile 2017
Western Cape population size 3 956 875 4 524 335 5 822 734 6 279 730 6 332 237
Cape Town population size 2 56 3095 2 893 246 3 740 026 4 004 793 4 055 580
Cape Town as % of Western Cape 64.8% 63.9% 64.2% 63.8% 64.05%
Number of households 653 085 777 393 1 068 575 1 264 849 N/A





3.3.2 Income  
The World Bank (2020) notes that South Africa is one of the most unequal countries in the 
world in terms of income equality. The Gini coefficient is a measurement tool used to track 
income inequality. It is measured as a ratio between zero and one, with a coefficient of 0 
representing perfect equality and a coefficient of 1 representing maximum inequality. 
Although it is a widely used measure, it does pose some limitations. The Gini-coefficient is 
limited by the ‘income concept’. This is because various countries measure income at 
different scales – normally at the individual or household level. Thus, the differences in each 
countries measurement of income may differ according to their concept of income. It is 
important to note that the Gini-coefficient is a relative scale and therefore does not capture 
the absolute differences in income. Furthermore, income from the informal sector, which 
accounts for large proportions of developing countries, is often excluded from the 
measurement of income inequality. The National Development Plan was implemented in 
South Africa with the aim of eliminating poverty and reducing income inequality by 2030. 
More specifically to reduce the Gini coefficient from 0.69 to 0.6. The international alert line 
associated with the Gini-coefficient begins at 0.4. In 2013, Cape Town experienced a Gini-
coefficient of 0.61, slightly less than South Africa at 0.65 (State of South African Cities 
Report, 2016).  
 
South African commuters experience a disproportionate expenditure on transport. Ngarachu 
et al. (2015) states that transport costs in South Africa are a significant determinant of 
inequality, particularly for low-income commuters who generally travel significant distances 
to reach their areas of employment. Households from the lowest income quintile have 
proven to spend more relatively on transport costs when compared to houses from higher 
income quintiles. When comparing the differences between the quintiles, 66.6% of the 
lowest income quintile spends more than 20% of their income on transport, whereas 2.9% 
of households from the highest income quintile spend more than 20% of their income on 
transport (MHEoPT, 2015). Another example is that of the 2013 NHTS, which indicated that 
75 % of households that earn up to R3 000 per month, spend 20 % or more of their monthly 
income on transport costs (Stats SA, 2017a). The rising inequality has also been attributed 
to the recent drought and uneasy economic conditions. Further insights from the TDI note 
that the average direct transport cost for low-income commuters is around 45% of monthly 
household income (TDA). The average household income among low-medium income 






The CoCT experiences high-income inequality (0.61 as of 2016), as measured by the Gini-
coefficient (State of South African Cities Report, 2016). In the Western Cape region, there 
has been a general increase in income inequality throughout its districts, however it is 
notable that that the increase has been lesser in the city than other regions. (City of Cape 
Town, 2018).  
 
FIGURE 14: CAPE TOWN SUBURBS BY MONTHLY HOUSEHOLD INCOME CATEGORIES (A) AND 
POPULATION DENSITY (B), WITH PRESENCE OF INFORMAL SETTLEMENTS.  
(Source: City of Cape Town, 2016a) 
 
As seen in figure 14 above, informal settlements are dispersed amongst the urban fringe, a 
significant distance away from the CBD. One can see large variance in income distribution 
and population density across the transit analysis zones (TAZs). Higher income areas are 
generally located closer to the CBD but are also dispersed along the northern and southern 
suburbs. It is also notable that the low-income areas also have a higher population and 
higher population densities. In contrast, the Atlantic Seaboard to the west of Cape Town, 
has some of the wealthiest real estate in the country and possesses the largest 
concentration of multimillionaires in the country (Piek, 2017). 
 
3.3.3 Employment 
South Africa experiences significant employment challenges, as indicated by recent 
employment statistics. The national unemployment rate has reached 30% (Statistics South 
Africa, 2019). Recent statistics indicate that there has been a 31% increase in the number 
of discouraged work-seekers in the country between 2017 and 2019 (Statistics South Africa, 
2017b, 2019a). According to the Census 2011, the unemployment rate per demographic 





(3.5%) (City of Cape Town, 2011). These statistics highlight that the population of Black 
Africans and Coloured individuals are less likely to be employed when compared to other 
population groups. Cape Town employed the second largest number of people in the country 
as of the first quarter of 2018, with 1,58 million people employed within the city. Cape Town 
had a labour force participation rate of 69 % in 2017, significantly higher than the national 
level of 59.8 % (City of Cape Town, 2018).  
 
However, in contrast to the above statistics unemployment in the CoCT has risen between 
2015 to 2017. Concerning numbers include the fact that 84 % of the city’s unemployed 
population has been without employment for longer than six months. This category of 
unemployment grew by 4.6 % in 2017 (State of Cape Town, 2018). The COCT has a real 
GDP per capita of R73 811 and an unemployment rate of 25.3% (Statistics SA, 2017). 
 
Although there is significant unemployment, the informal sector in Cape Town has a large 
socio-economic impact, as the income it generates has proven to reduce the poverty rate. 
Income received from informal trading reduced Cape Town’s poverty rate by 4.5 % (City of 
Cape Town, 2016).  
 
3.4 Built Environment 
The built environment refers the man-made infrastructure that facilitates the social activities 
of a community. Examples include cities, buildings, roads and urban spaces.  
 
3.4.1 Urban structure and land use 
South African cities are spatially challenged. South African cities have a history of restrictive 
mobility, due to apartheid zoning, leading to a spatial mismatch between areas of residency 
and areas of employment (Piek, 2017). Apartheid was a former policy of segregation and 
discrimination against non-white groups in South Africa. Apartheid became the name behind 
the set of government policies that enforced racial segregation in the country. Former 
apartheid policies segregated communities at a considerable distance from city centres, 
creating large spatial disparities between home and areas of employment. Segregation and 
Apartheid era urban planning created a spatial mismatch that contributed to the urban sprawl 
that persists in numerous South African cities today. Apartheid policies prevented non-white 
individuals from acquiring ownership of land, minerals and other major means of production. 
Transport therefore remains a struggle for many commuters, commuting considerable 





The metropolitan of Cape Town has an extensive and conventional transport infrastructure 
that has progressively developed over three centuries. During the second half of the 
twentieth century, the CoCT experienced rapid infrastructure development. The CoCT’s 
spatial structure has been characterized as having sprawling, low-density development 
patterns (Behrens et al., 2015) & Wilkinson, 2010). In general, the white population resides 
in the Northern suburbs, the Southern suburbs and the Atlantic Seaboard. Whilst there have 
been minor changes in spatial segregation, like the increasing black and coloured middle 
class, most of the poorest households are racially homogenous (Geitung, 2017). For 
example, 99% of Khayelitsha residents as of the 2011 census are estimated to be Black 
Africans. Khayelitsha is the fastest growing informal township within Cape Town. In between 
these areas lies an infamous location known as the ‘Çape Flats’. The Cape Flats has 
become infamous for high crime rates, heavy drug abuse and gang violence. Some of these 
areas are no-go zones for e-hailing drivers. 
 
The CoCT’s largest inefficiency in passenger transport system operations is due to its 
aggregate travel pattern, which experiences a ‘tidal flow’ of commuter traffic. A tidal flow 
occurs when peak congestion and crowding of public transport in one direction is combined 
with underutilised road capacity and public transport passenger capacity in the opposite 
direction. The CoCT has a monocentric structure typical with that of South African cities, 
whereby a large proportion of economic and employment opportunities are concentrated in 
a core area. The concentration of these core activities leads an overall pattern of large 
geographical separation between areas of employment and residential areas, causing long 
average trip lengths (Schalekamp et al., 2010). 
 
The CoCTs Integrated Development Plan (IDP) 2017 – 2022 outlies the principal framework 
for the urban form of the district. Cape Town’s IDP places emphasis on the economies of 
density within the city, through transit-orientated growth and development. Economies of 
density in the urban environment improves access to goods and services, reduces travel 
distances and encourages the use of energy-efficient transport (Duranton & Puga, 2020). 
As the CoCT remains constrained by a tidal flow of traffic with high use of private transport, 
it is important to effectively match the transportation supply with the corresponding demand 
(City of Cape Town, 2016c). To ensure the desired land use, importance is placed on the 
determination of both the private and social costs associated with the various modes of 
transport in the city (Behrens et al., 2015). It is unknown what social or private costs e-hailing 





The demand for transport is a derived demand, indicating that the demand for a commodity 
or service is a result of the demand for another intermediate good. Therefore, transport users 
do not consume the service due to its direct benefits, but rather due to the demand for other 
goods or services. In microeconomic theory, rational choice theory argues that consumer’s 
choice relates to the preferences of consumption expenditures and consumer demand 
curves. Consumers therefore make choices, which maximize their utility, subject to the 
disutility experienced for that choice. Therefore, commuters make a trade-off between 
monetary factors and non-monetary factors for their travel decisions. As there has been 
significant value creation through the improvements in ICT, it becomes increasingly 
important to assess what factors are influential in the adoption and utilisation of e-services. 
Floor (1993) notes when considering the influences of fares on transport choices, that it is 
the perceived cost of private transport which is important, rather than the actual cost. The 
perceptions about e-hailing service provisions therefore prove valuable information for the 
transport industry.  
 
3.4.2 Public transport in the City of Cape Town 
South Africa experiences systematically differentiated mobility. The available public 
transport is unappealing for a significant number of choice users, as well as a large portion 
of the population is unable to access opportunities and services daily (Vandershuren & 
Baufeldt, 2017). South Africa lacks a strong public transport network, leading to most low-
income commuters seeking minibus taxis – the most popular mode of public transport. On 
the other end of the spectrum, there is an overreliance on private vehicles, which accounts 
for 80% of peak traffic. Peak traffic hours in the morning are recognised between 06:00 and 
10:00. Commuters from low-income households contribute the majority of ‘captive users’ of 
public transport and are generally located on the periphery of the city within informal 
settlements or townships. Kgwedi and Krygsman (2019) note that low-income commuters in 
South Africa are hindered by long travel times, which are further amplified by significant 
transfer times to access and egress the public transport system.   
 
On the other end of the spectrum, commuters from middle and higher-income households 
reside in more affluent suburbs and mostly make use of private vehicles rather than public 
transport. This is true for Cape Town, as the city remains challenged by the high use of 
private vehicles, resulting in ongoing congestion (Behrens et al., 2015). Cape Town is an 
automobile-centric city and its commuters experience shorter travel times via private 





South Africa is complex, consisting of numerous individual transport systems, with little or 
no integration between modes of transport (Geitung, 2017). Minibus taxis (locally known as 
‘taxis’) have become one of the main modes of transport within South Africa due to a lack of 
sufficient public transportation (Behrens et al., 2013). The rapid growth in transport demand 
and substantial increase in private vehicle ownership has resulted in increased congestion 
across major cities within South Africa (Vandershuren & Baufeld, 2017). 
 
The CoCT has a dense road network which serves its public transport. The road based 
public transport includes scheduled bus services, minibus-taxi operators and private 
vehicles – both passenger and freight. In particular, the CoCT is well known for its rail 
system.   
Public transport in CoCT is served by the following modes:  
 Bus rapid transit (BRT) services known as ‘MyCiTi’ 
 Minibus-taxi (MBT) services 
 Rail passenger services operated by Metrorail 
 Contracted Bus services 
 
The CoCT is challenged by the provision of housing near employment opportunities and has 
therefore aimed to integrate transport. The CoCT services a total of 2 528 000 passengers 
every day, of which, only 38% of these morning trips are made using public transport (TDA, 
2019). The city’s transport infrastructure consists of 1014 km of rail network, 440 km of 
dedicated cycling lanes, 32 km of dedicated roadway for the Bus Rapid Transit (BRT) and 






FIGURE 15: CAPE TOWN'S TRANSPORT NETWORK 
(Source: TDA, 2018) 
 
The Transport Development Index (TDI) was developed by the Transport for Cape Town 
Directorate (2016) as a measurement tool to benchmark mobility in the CoCT. The TDI is a 
statistical tool used to assess the effectiveness of its transport service delivery engagements 
across different income brackets and areas within the city. The TDI measures direct costs, 
indirect costs and incidental costs that transit users experience and further extends 
indicators spatially over TAZs to generate transit profiles by income group. Direct costs 
compose of time and congestion, indirect costs compose of crime and safety and incidental 
costs compose of reliability and flexibility. From the analysis of Cape Town’s TDI, the largest 
priority cost for the low-income commuters in the city is the direct cost for public transport 







According to the Mobility Index Score, which is derived from the combination of AD Little7 
methodology and TDI baseline, the CoCT scored 37 points, ranking 73rd out of 85 cities 
globally and 4th out of 6 cities in Africa. For reference the global average is 43.9 points. TDI 
findings highlighted that 95% of public transport users are in low and low to medium income 
groups (Herron, 2016). The calculations from TDI indicate that there is a shortfall in public 
transport supply, particularly in the morning and afternoon traffic peaks. Additionally, there 
is a lack of modal choice for users, with a lack of integration between modes of transport, 
ultimately leading to more direct costs for transport users.  
 
Findings from the NTHS (2013) indicate that people who drive, use taxis or several modes 
of transport, spend on average more than 15% of their income commuting to and from work. 
However, findings from TDI indicate that the average direct transport cost for the low-income 
public transport user group is approximately 45% of monthly household income, whereas 
the internationally accepted norm is between 5 to 10 %. This is above the benchmark set by 
the government. A benchmark of 10% of disposable income was set by the 1996 White 
Paper on Transport Policy to measure the affordability of public transport (Stats SA, 2015). 
When transport costs are high, it has a decentralising effect on the city’s urban form, unless 
the local market or the extent of scale economies are substantial enough to outweigh the 
transport costs.  
 
The large spatial disparities within South African cities require significant daily travel, 
contributing to heavily congested roads. Public transport in the CoCT has been cited by 
Hitge and Vandershcuren (2015) to require three times the amount of time as private 
transport. Average travel distances for Cape Town commuters’ records between 9 to 23km, 
however low-income commuters are located between 45-70 km from their place of work.  
 
Travel time was the most influential factor regarding South African commuters’ choice of 
transport, according to the findings of the National Household Travel Survey (see table 8). 
Nationally, 32.6% of households stated that travel time was the primary determinant; 
followed by travel cost at 26.1% and flexibility at 9.2%. When comparing the provinces, the 
Western Cape is the most price sensitive to travel costs and places greater value on 
flexibility than majority of the provinces. This differed from the previous National Household 
Travel Survey in 2003, whereby safety was the primary determinant for commuters (NTHS, 
                                                          
7 The Arthur D. Little Urban Mobility index is a tool used to assess the mobility maturity and performance of cities. This 





2013). Safety is categorized as indirect cost and is determined by computing overcrowding, 
inadequate facilities, accessibility constraints and the ongoing conflicts between the modes 
of public transport. 
 
TABLE 4: FACTORS INFLUENCING SOUTH AFRICAN HOUSEHOLDS MODE OF TRANSPORT  
 
(Source: NHTS, 2013) 
 
Table 5 illustrates the modal split of Cape Town during a typical week day morning during 
peak traffic according to the 2015 IPTN. As seen below, there is a large reliance on private 
vehicles in the city, which accumulates 53% of total passengers during the weekday morning 
traffic peak. The Transport and Urban Development Authority (TDA) estimates that the 
CoCT has the following modal split: 53% private transport, 18% Metrorail, 12% minibus 
taxis, 8% contracted bus services and 9% non-motorised transport (walking and cycling). 
 
TABLE 5: MODAL SPLIT OF CAPE TOWN 
Typical weekday morning during peak demand 
Private Public  NMT 
 
Rail Bus BRT Minibus taxi 
 
 
18% 6% 2% 12% 
 
53% 38% 9% 
(Source: IPTN, 2015) 
 
As seen from the trends in the figure 16 below, there is a large variance in transport modes 
per TAZ. Areas of notice are Khayelitsha and Mitchells Plain with peak non-motorised 
transport and a high dependency on public transport for their travel needs. Statistics 
indicated that most informal settlements in Cape Town are within Khayelitsha and Mitchells 
Plain as of 2017 with a combined total of 134 493 dwellings. Other areas with large numbers 
WC EC NC FS KZN NW GP MP LP RSA
Travel time 22,2 30,7 30,9 23,1 30,92 43,2 36,1 38,1 34,5 32,6
Travel cost 32,9 25,4 30,6 24 27,4 19,1 25,3 21,2 28,3 26,1
Flexibility 12,5 7,9 8,9 14,4 7 7,1 9,7 7,3 9,7 9,2
Safety from accidents 9,5 11,1 4 9,6 8,4 9,1 6,4 7,9 6,4 8,7
Comfort 8,1 9,5 6,3 7,5 4,6 4,9 6,3 4,1 6,3 5,9
Reliability 3,6 2,2 7,5 6,2 5,4 5,9 3,8 8,3 3,8 4,9
Distance from home to transport 3 4,8 4,1 4,3 6,8 3,4 5 4,4 5 4,3
Security from crime 3,7 2,6 1,2 3,8 2 2,5 1 1,4 1 2,4
Driver attitude 3 2,5 2,9 4,3 5,3 2,3 2,6 5 2,6 3,3
Timetable not available 0,3 0,4 0,7 0,6 0,7 0,4 1,2 0,6 1,2 0,6
Other 1,2 3 2,9 2,4 1,5 2,1 1,1 1,8 1,1 1,8
Total 100 100 100 100 100 100 100 100 100 100
Factors influencing household's choice of mode of travel





of informal housing include the Cape Flats (44 848), Tygerberg (17 123) and Blaauwberg 
(16 699) districts. Informal dwellings remain a concern for municipalities, as they continue 




FIGURE 16: MODAL SPLIT PER TRANSIT ANALYSIS ZONE IN CAPE TOWN  
(Source: City of Cape Town, 2016) 
When comparing modes of transport to work within the city, there is a trend indicating 
increased private car usage (see figure 17 below). It is well known that road users don’t fully 
account for the external costs they incur on the transport network, leading the largest amount 
of external costs unpaid out of the available transport modes. This is offset by a matched 
decrease in the use of other public transport modes, namely minibus taxi, bus and train. The 
decline in public transport use has been attributed to the increased private car usage and 
poor public transport infrastructure, particularly rail. In Cape Town, minibus taxis and the rail 
system were rated poorly for the following mode choice characteristics: comfort, security, 
safety, reliability, appearance, accessibility and convenience (State of Cape Town, 2018).  
Nel and Van der Merwe (2014) note that majority of high-middle and high-income 
commuters in Cape Town never use public transport, whereas most low and low-middle 






































FIGURE 17: SHIFT IN TRAVEL FROM 2009 TO 2016 
(Source: Statistics South Africa, 2016) 
According to INRIX rankings (2018), Cape Town is South Africa’s most congested city, 
ranking 29th globally and causing commuters from the Cape to spend the greatest amount 
of time in traffic – approximately 124 hours per year. Congestion is a traffic condition that is 
characterised by slower travel speeds, longer travel times and vehicular queuing due to the 
increased of use of road networks.  The Comprehensive Integrated Transport Plan (2013 – 
2018) estimates that 1 228 450 people make daily use of a private vehicle in Cape Town. In 
2013, vehicle ownership in the CoCT was estimated at 306 cars per 1000 people in the city 
(TCT, 2013). Transport for Cape Town (TCT) was established as the transport directorate 
for the CoCT, with the aim of improving transport infrastructure and the public transport 
system.  
 
The congestion rate in Cape Town is one of highest at a level of 35%, a 5% increase 
compared to the 2017 Traffic Index. For example, a 35% congestion rate corresponds to 
35% extra travel time for a trip, when compared to a situation of free traffic flow. This was 
followed by Johannesburg with a congestion rate of 30% (TomTom, 2017). Congestion is 
measured using a factor of time spent by a passenger on a journey. Looking at figure 18, 
2018 congestion statistics indicate that the CoCT experiences the largest number of hours 















FIGURE 18: CONGESTION RANKINGS OF SOUTH AFRICAN METROPOLITANS  
(Source: INRIX, 2018) 
 
3.4.3 Public transport modes in Cape Town 
The lack of investment in public transport, combined with large disparities between areas of 
residency and areas of employment the heavy reliance on private vehicles leads to an 
inefficient modal split as seen in figure 18 below, with car transport being the dominant mode 
in the South Africa. Notably, Gauteng and the Western Cape are heavily reliant on private 






FIGURE 19: MODAL SPLIT OF SOUTH AFRICA  





















INRIX Ranking for six cities in South Africa





Figure 18 indicates that there has been an increase in the %age of households who used 
taxis (from 59% to 68.8%), buses (from 16.6% to 20.1%) and trains (from 5.7% to 9.9%) 
(Statistics South Africa, 2013). This notes a general increase in the %age of travellers across 
the country. More recently however, the number of passenger journeys have decreased by 
24.7% in May 2018 compared to 2017 figures, with a corresponding decrease in income by 
18.7% over the same period. Statistics also indicate that seasonally adjusted passenger 
journeys decreased by 12.2% in the three months ending in May 2018, compared to the 
three previous months, with road passenger journeys decreasing by 17.4% and rail journeys 
decreasing by 5.9% (Statistics South Africa, 2018). The decrease in rail journeys may cause 
commuters to rely on an already congested road network.  
 
The National Household Travel Survey (2013) indicated that urban and metropolitan 
households tend to wait longer for transport compared to the previous survey in 2003, also 
noting an increased travel time for work and education related travel. Majority of primary and 
high school students were reliant on walking from destination to origin with the exception 
that students attending higher education institutions used high occupancy taxis more than 
any other mode of travel. Table six below indicates the high level of dependency of road 
transport in South Africa, with little multimodal public transport use. 
 
TABLE 6: MODAL SHARE STATISTICS FROM SOUTH AFRICAN PROVINCES 
(Source: NHTS, 2013) 
Percentage within province 
Mode of travel WC EC NC FS 
KZ





5 1.4 0.6 1.2 2.5 1.0 8.2 0.7 0.9 4.4 
































































Other 2.0 1.2 2.7 2.4 0.7 2.9 2.9 1.4 0.7 1.9 
Total 100 100 100 100 100 100 100 100 100 100 
 
When comparing the provinces, the Western Cape has the highest modal share of private 
vehicles in the country and the lowest share of taxi use. The Western Cape also had the 
highest modal share of train use. Statistics indicate that 70% of South Africa’s population is 
dependent on public transport for its daily travel, with minibus taxis being the dominant mode 
of transport. In the Western Cape, taxis were the most prevalent mode of public transport at 
51.4%, followed by trains at 21.9% and buses at 14.8% (Statistics South Africa, 2017).   
According to the General Household Survey (2017), the most used transport modes for 
work-related travel were private car (34.1%), taxis (22.9%) and walking (19.9%). A further 
11.9% of the working population stated they worked from home.  
 
Looking at the modal share for high-income commuters in the CoCT, there is a clear reliance 
on private vehicles, which account for 54% of the modal share, with a further 15% indicating 
they travel as a car passenger. See figure 20. 
 
 
FIGURE 20: MODAL SHARE FOR HIGH-INCOME HOUSEHOLDS IN CAPE TOWN 
(Source: NHTS, 2013) 
 
Looking at the low-income households within the CoCT, the largest proportion of transport 
is attributed to walking (35%). This is followed by minibus taxis (19%), train (15%), car (15%) 
and bus (6%). Low-income commuters are reliant on public transport modes and non-
motorised transport; however, a significant number of users still rely on private vehicles for 






FIGURE 21: MODAL SHARE FOR LOW INCOME HOUSEHOLDS IN CAPE TOWN 
(Source: NHTS, 2013) 
 
3.4.3.1 Rail transport (Metrorail) 
Passenger rail services for the city is managed by Metrorail, which compromises of nine 
routes, spanning 610 kilometres, which leads to the Cape Town station located in Cape 
Town’s CBD.  The Western Cape experiences the greatest use of rail transport in the country 
and it is often stated as the stronghold of public transport in Cape Town. However, there has 
been a sharp decrease in passengers since 2014, attributed to a decline in running train 
sets, leading to decreased service quality and reliability. Other notable concern includes the 
lack of security provisions (Piek, 2017). Metrorail provides passenger rail services and 
reports to the Passenger Rail Agency of South Africa (PRASA). PRASA has faced 
continuous vandalism, arson and cable theft to their assets and infrastructure which has 
limited its capacity to provide services. Between January 2016 and January 2017, the 
number of operational train sets has decreased from 82 to 72, running short of 55 sets on 
average (City of Cape Town, 2017). Rail infrastructure owned by PRASA is in bad condition 
due to encroachment, inadequate maintenance, vandalism and poor implementation of their 
Capital Programme. PRASA’s administrator Bongisizwe Mphondo stated that the reduced 
number of trainsets is due to the following: 
 “Poor planning attributable to insufficient equipment and materials at depots; 
 Coaches are vandalised due to a lack of security provisions; 
 Delays in the General Overhaul programme, leading to parked coaches; 
 Extremely unreliable locos for Shosholoza Meyl due to previous procurement 
bungles”. 
 
Rail fares are established using a distance-based fare structure and tickets may be 





suburban rail commuters in Cape Town does not reflect the actual costs incurred (Behrens). 
Fares are determined by the South African Rail Commuter Corporation (SARCC), in 
accordance with government, to determine the amount of subsidy required to supplement 
the losses.  
 
3.4.3.2 Minibus taxi (MBT) industry 
Minibus taxis have become a dominant mode of public transport within South Africa. The 
emergence of the MBT industry is largely attributed to the large spatial disparity between 
low-income housing and the urban labour market. MBT are on-demand unscheduled 
services that operate on selected routes (City of Cape Town, 2015c). MBT services operate 
mainly in times of peak congestion, providing transport to the working class whereby 
passengers are charged individual fares depending on their pickup and drop-off location. 
These fares are distance based; however, the fares can vary depending on the route. The 
MBT industry has a ticketless fare system, whereby cash is paid upfront by commuters. 
However, there are standardized fares for taxi rank to taxi rank transport. MBT are subject 
to the road transport act and therefore require operating licenses to transport passengers, 
which is issued by the Provincial Regulating Entity (PRE). MBT services are often favoured 
by commuters due to their affordability and flexible nature. MBT services are not offered 
irrespective of the demand for them, as numerous drivers will not depart until their vehicle 
contains an adequate number of commuters for cost recovery (Vegter, 2020). The MBT 
industry services six regions in the Western Cape with 1760 routes. The South African 
National Taxi Council (SANTACO) was founded in 2001 as a union for taxi drivers to engage 
with another, however, the industry includes 116 associations with approximately 13 400 
licensed vehicles (TDA, 2019).  
 
3.4.3.3 Meter Taxi industry 
According to the ‘Meter Taxi Rationalization Strategy Report’ – a comprehensive report on 
meter taxi services in Cape Town, there were 686 officially registered meter taxis in Cape 
Town. However, it is believed that as many as half of meter taxis within the city operate 
without licenses (TCT, 2014b). Unlike a standard roaming system adopted by many meter 
taxis globally, meter taxis within the city operate according to a rank-based system. 
However, several operators have a call system which allows commuters to request a lift via 
phone call. Meter taxi fare determination includes a base fare charge and a variable cost on 






Some notable mentions from the meter taxi report include the factors that limit the quality of 
meter taxi services within the city. These factors include high fares, low vehicle standards, 
poor driving skills and a lack of accessibility to meter taxi ranks. Meter taxis cater largely for 
tourists and therefore the demand for their services is seasonal, specifically peaking from 
mid-December to mid-January (Geitung, 2017). The meter taxi market is often oversaturated 
from October until May and there is also tough competition from specialised tourist transport 
services and e-hailing services.  
 
3.4.3.4 Contracted bus services 
Contracted bus services, like Golden Arrow Bus Services (GABS), provides scheduled 
transport for thousands of commuters in the city. 
  
3.4.3.5 MyCiTi Bus Rapid Transit services (BRT) 
Cape Town introduced the BRT system to the country and MyCiTi BRT services were 
available as of May 2010. The network consists of 32 kilometres of dedicated road, giving 
priority to mass transport. The BRT system was authorized in the 2009 NLTA to provide 
integrated public transport for the municipality. Today it serves as many as 60 000 
commuters a day (WhereIsMyTransport, 2020). The fare structure for BRT in the Cape Town 
has been referred to as a ‘stepped’ distance-based fare with a maximum price cap. MyCiTi 
fare structure consists of distance bands, which are divided in to eight functions, as the fare 
price increases. Passenger fares are charged according to the distance band of the trip, 
regardless of the amount of transfers made. MyCiTi employs a card-based system, known 
as ‘myconnect’ which is available from any station kiosk or participating retailers, from which 
passengers can load a package for their travel needs. Passengers tap the card against a 
verification panel when they start and end their journey to automatically pay their fare. A 
myconnect card costs R35 and remains valid for 2 years from purchase. These distance 
bands have their own peak and off-peak prices and increases with fares until the maximum 
fare is reached. Peak periods are 30% above off-peak period fares. Peak period fares are 
charged weekdays between 06:45 and 08:00 (City of Cape Town, 2014c).  
 
MyCiTi offers ‘Mover’ packages like a pay as you go system in amounts of R35, R50, R60, 
R80, R100, R150, R200, R300, R400 and R600. Additionally, passengers can purchase a 
day or monthly pass which offers unlimited travel on all routes for the purchased period. Day 





costs R790. See table seven and eight below for some examples of MyCiTi bus distance 
bands and their respective pricing. 
 
TABLE 7: MOVER FARES FOR MYCITI PASSENGERS 
Distance band 
Peak Fare 
(R) Off-peak (saver)  Example journeys 
0-5km 9.2 6.9 Omuramba - Century City Rail 
5-10km 12.10 8.9 Salt River - Civic Centre 
10-20km 16.60 12.00 Dunoon - Civic Centre 
20-30km 19.30 14.70 Mitchells Plain - Civic Centre 
30-40km 20.90 16.00 Kuyasa - Sea Point/Civic Centre 
40-50km 22.40 18.10 Atlantis - Century City 
50-60km 24.40 20.30 Atlantis - Adderley 
60km+ 26.10 22.00 Kapteinsklip - Melkbosstrand 
Own figure (Source: City of Cape Town, 2019) 
 
TABLE 8: STANDARD FARES FOR MYCITI PASSENGERS 
Distance Band 
Peak Fare 
(R) Off-peak (Saver) Fare Example journeys 
0-5km 11,1 8,2 Omuramba - Century City Rail 
5-10km 14,6 10,7 Salt River - Civic Centre 
10-20km 19,9 14,4 Dunoon - Civic Centre 
20-30km 23,1 17,6 Mitchells Plain - Civic Centre 
30-40km 25,1 19,2 Kuyasa - Sea Point/Civic Centre 
40-50km 26,9 21,7 Atlantis - Century City 
50-60km 29,3 24,4 Atlantis - Adderley 
60km+ 31,4 26,4 Kapteinsklip - Melkbosstrand 
Own figure (Source: City of Cape Town, 2019) 
 
3.5 Policy Environment  
Having discussed the household socio-demographics and the built environment of the 
CoCT, this section turns to the existing policy implementations regarding e-hailing services 
on a global, national and local scale. The policy environment can be influential on the built 





there have been large discrepancies in the regulation of the industry, leading to some 
countries banning e-hailing services entirely.  
 
3.5.1 South African E-hailing policies 
The main issue of safety concerns, lack of legislation and accountability has brought about 
a grey area in the operations of e-hailing services. This has led to governments having to 
employ subsequent regulation in the market for e-hailing services, because of long standing 
regulatory regimes with transport providers, and has even resulted in banning of e-hailing 
services across many countries like Denmark, Hungary, Northern Australia and Bulgaria. 
Further partial bans include France, Italy, Finland and Germany (Aesnjo & Moynihan, 2019).  
 
South African transport legislation has recently included provisions for e-hailing services, 
recognising the service in the transport market and resulting in amendments to the National 
Land Transport Act (NLTA). The Amendment Bill further defines e-hailing services as: “1(c) 
‘electronic hailing service’ or ‘e-hailing service’ means a public transport service operated 
by means of a motor vehicle, which – (a) is available for hire by hailing while roaming; (b) 
may stand for hire at a rank, and (c) is equipped with an electronic e-hailing technology-
enabled application, as contemplated in section 66A”. A meter taxi is defined by section 66 
of the NLTA as a public transport service that is operated by means of a motor vehicle which 
is available for hire by hailing whilst roaming, by telephone, may stand for hire at a rank and 
should be equipped with a sealed meter in good working condition. See annexure for on e-
hailing service regulations.  
 
The entry of e-hailing services in the transport sector has raised concerns amongst existing 
operators around the world. Many operators have attempted to derail the operations of e-
hailing services on the basis that they operate without similar regulations and therefore are 
in contravention of competition laws. In South Africa, all land transport operators are subject 
to the National Land Transport Act (NLTA) (No. 5, 2009), which is a policy framework that 
regulates all forms of land transport. South Africa lacked legislation during the initial market 
penetration of e-hailing services, and many e-hailing drivers chose to operate without an 
operating license. In the absence of e-hailing services within the NLTA, the DOT issued a 
notice to aid all PREs as an interim measure when catering with applications for operating 
licenses. The DOT employed guidelines for all PREs that whilst it was in the process of 





services.8 In 2016, the government amended the NLTA (No.5, 2009) to accommodate e-
hailing services, which was not recognised in the legal framework of the public transport 
network. Policy changes included fines of up to R100 000, for drivers penalised for the lack 
of an operating license. South African regulatory bodies are currently in the process of 
amending the National Land Transport Act to cater for transportation networking companies.  
 
According to Section 50 (1)9 of the NLTA, no person may operate or provide public transport 
services unless they own a valid operating license. However, the lack of an operating licence 
is not the only cause of impoundments of e-hailing drivers’ vehicles. Even with an operating 
license, a driver operating 35km outside of their permitted zoning can be impounded by the 
City. Between July 2019 and June 2020, there have been 1 881 e-hailing vehicles 
impounded within the CoCT. Additionally, from July 2020 to September 2020 there were 
321 impounds. E-hailing drivers are subject to specific requirements that are necessary to 
abide by the NLTA. Specifically, one must have an operating license, an operator’s card, 
commercial insurance with public liability, a vehicle roadworthy certificate, safety screening, 
driving evaluation and finally e-hailing application verification. In terms of area restrictions, 
the current policy framework doesn’t account for the difference between e-hailing services 
and meter taxi operators. Meter taxi operators and e-hailing operators are subject to apply 
for an area-based operating license, which restricts their operations via a specific radius in 
which they must operate. Minibus taxis and bus services are routed based services, 
whereas meter taxi services are generally area-based services, operating with unscheduled 
on-demand trips. This radius must be specified in the application process for an operating 
license. This causes some issues in terms of competition. In terms of operating license 
provisions, both meter taxis and e-hailing drivers are issued meter taxi operating licenses, 
aligned with Section 66 of the NLTA.  
 
As e-hailing services are not included in the current NLTA, the issuing of meter taxi operating 
licenses was a directive from the TAT which is applicable to all PREs.10 Meter taxi operators 
argue that the regulatory environment creates unfair competition, as e-hailing operators do 
not adhere to their radius, because their application allows for the connection of the nearest 
passenger outside the municipal zoning. It is the crossing of municipal boundaries which 
                                                          
8 National Department of Transport 2015. National Land Transport Act: Practice note of e-hailing services. Page 1-3 
9 Section 50(1) of the NLTA states: “(1) No person may operate a road-based public transport service, unless he or she 
is the holder of an operating license or a permit, subject to sections 47,78 and 49, issued for the vehicle concerned in 
terms of this Act.”  





has been a source of conflict between operators. The use of these applications makes it 
difficult for law enforcement officers to monitor any violations in operating licenses 
(Competition Commission, 2020).  
 
The labour environment regarding e-hailing services has brought through some policy 
reform as drivers want to be formally employed by e-hailing services. The rise of e-hailing 
business models has challenged the ways in which courts define labour relationships. Many 
e-hailing companies identify their drivers as independent contractors, not formal employees. 
This has led to ongoing court battles across the world, whereas courts have ruled varying 
decisions over whether to classify e-hailing drivers as employees, independent contractors 
or another terminology (Kelly, 2016). Seven Uber drivers founded the “Uber Drivers Guild” 
who challenged Uber in court to be formally recognised as employees. The Commission for 
Conciliation Mediation and Arbitration (CCMA)11 ruled in 2017 that e-hailing drivers in South 
Africa are fully protected by the country’s labour laws. E-hailing services are therefore in line 
with the Labour Relations Act 66 of 1995 and the Compensation for Occupational Injuries 
and Diseases Act 130 of 1993 (COIDA) (Nam News Network, 2017). However, soon after 
the ruling from the CCMA, Uber petitioned the labour court to assess the ruling brought 
down. Due to a technical error in the court’s decision, as well as varying other factors, the 
CCMA ruling was set aside.  
 
3.5.2 E-hailing competition in South Africa 
The Competition Commission (2020) released a provisional report on e-hailing services and 
meter taxis, after numerous complaints in the industry and from stakeholders. The report 
noted difficulty in quantifying the number of meter taxi operators operating illegally, but the 
report estimates a significant number of drivers operating illegally (see Table 9). The 
Competition Commission report found that 79% of e-hailing operators in South Africa were 
providing their services without valid operating licenses, with estimates as much as 87% for 
Cape Town. The report notes that between 35% to 55% of Uber drivers are operating without 
a license and a further 70% to 95% of Bolt drivers.  Since the entry of e-hailing services, 
conflict between meter taxis and e-hailing operators has grown. Meter taxi operators are 
subject to numerous regulations on their operations and argue that e-hailing services 
compete with their services unfairly, as they are not subject to similar regulations. Currently 
the number of e-hailing operators registered outnumbers the number of currently approved 
                                                          





licenses.  The Competition Commission, however, recommends an overhaul of operating 
licenses issuing, including the removal of quantity restrictions for taxis registered in a specific 
area and an overhaul of the fare regime in South Africa. The commission noted bottlenecks 
in the approval of operating license within numerous provinces. For example, the City of 
Johannesburg had a license backlog of almost 7 000 applications (inclusive of minibus taxis) 
dating back to 2007, whilst SA law requires license finalisation within 60 days12.  
 
These backlogs have been notably caused by the absence of directives by the municipalities 
to the provincial regulatory entity (PRE), limited capacity to create integrated transport plans, 
general lack of capacity in planning authorities and inadequate stakeholder consultations. 
The Municipality acts as the planning authority and therefore makes recommendations to 
the PRE to either approve or decline applications for granting new operating licenses and 
renewals. Felicity Purchase, the mayoral committee member for transport has stated that 
the e-hailing market in the CoCT is oversaturated, with permits taking over a year to be 
finalised.  Permits have been capped at 5 000 drivers in the city, with drivers paying R10 000 
for the release of their vehicles (Qukula, 2020).  
 
TABLE 9: NUMBER OF UNLICENSED E-HAILING OPERATORS AS OF SEPTEMBER 2019  
(Source: Competition Commission, 2020) 
City 










                                                          






A taxi industry empowerment model13 was made available by the DOT, as a means to 
discuss current industry issues. The concluding remarks of this empowerment model 
recommends e-hailing regulation should include the following: 
 “E-hailing providers should only participate in the market if they operate through a 
South African registered company.  
 The platforms transactions must be facilitated through a registered South African 
bank. 
 At least 25% equity must be held by the corporate entity chosen as empowerment 
vehicle” 
 
3.5.3 Cape Town policy framework 
Cape Town’s policy framework is guided by The Integrated Development Plan (IDP), which 
guides the municipality’s goals, visions and development plans for the City for a period of 
five years. (City of Cape Town, 2016b). The IDP is a strategic framework that guides the 
activities of local government in consult with both residents and stakeholders. The IDP 
retains a strategic focus of five key focal areas to achieve its vision, namely a caring city, a 
safe city, an inclusive city, an opportunity city, and a well-run city. Furthermore, the IDP 
places emphasis on high density urban form, mixed land-use and transit-oriented 
development.  
 
The CoCT developed 6 guiding principles that inform the city’s decision-making and include:  
 resilience,  
 sustainability,  
 transformation of the built environment through transit-orientated development 
(TOD), 
 governance reform, 
 customer-centricity, 
 transversal approach 
The CoCT further identifies 11 priorities that traverse the five strategic focus areas for the 
municipality. These priorities include: 
 Positioning Cape Town as a forward-looking, globally competitive business city 
 Leveraging technology for progress 
                                                          






 Economic inclusion  
 Resource efficiency and security 
 Safe communities 
 Excellence in basic service delivery 
 Mainstreaming basic service delivery to informal settlements and backyard dwellers 
 Dense and transit-oriented urban growth and development 
 An efficient, integrated transport system 
 Building integrated communities 
 Operational sustainability  
 
TDA Cape Town acts as the city’s transport and development authority, and includes urban 
development, transport and human settlements factors as its key focal areas. TDA is guided 
by the framework set by the IDP and has setup multiple strategic plans for integrated 
transport within the city. TDA’s core focus is to achieve integrated transport in Cape Town 
and ensure the solution is driven by data efforts.   
 
The city has strategized an Integrated Public Transport Network (IPTN). The IPTN outlines 
the basis for integrated transport planning, systems, operations, infrastructure and public 
transport industry transitions. In May 2016, the CoCT adopted the Transit-Oriented 
Development (TOD) Strategic Framework, which is a guideline for the transit-led 
development of the built environment. TOD aims to develop and stimulate the built 
environment, for the optimisation of the movement of goods and people within the city. 
Through optimisation, TOD creates urban efficiencies, enables social equity and economic 
development (IDP, 2017). According to Cape Town’s TOD framework, the development 












RESEARCH METHODOLOGY AND DATA COLLECTION 
 
4.1 Introduction 
As previously noted, the availability of data regarding e-hailing service adoption and 
utilisation in South Africa is scarce. To overcome this challenge, the primary data used in 
this study was drawn from two online surveys, compiled by the author after an extensive 
review of existing e-hailing literature. Additionally, due to the nature of requesting data for 
social sciences, ethical clearance was necessary for the uptake of the study, which was 
granted in 2019. The author has strived to follow the guidelines for ethical research and the 
appropriate storage of data. All respondents are anonymized via a reference number and 
the surveys were entirely voluntary. 
 
4.2 Description of research methods  
To capture an accurate representation of the e-hailing market in Cape Town, both rider and 
partner-driver data was proposed for analysis. Previous e-hailing and transport studies 
employed surveys in main cities to gather necessary primary data and thus, to add to the 
South African market, surveys will provide the primary data source of the following study. 
Due to the attractiveness of the e-hailing service model on both the demand and supply 
side, surveys were used to obtain data from both e-hailing drivers and riders. The study was 
guided by mixed methods research and therefore compiles of both qualitative and 
quantitative data. Collecting both qualitative data and quantitative data will bring together 
the strengths of both forms of research and help corroborate the results. A concurrent 
triangulation methodology as described by Creswell et al. (2007) was proposed to develop 








                                                            Data results compared 
FIGURE 22: CONCURRENT TRIANGULATION DESIGN  
(Source: Creswell et al., 2007) 
 
Due to their unique characteristics, Fleischer and Wahlin (2016) state that a qualitative study 
could provide useful insights into the adoption and intention to use e-hailing services. This 
is because additional constructs could influence the adoption and utilisation of e-hailing 
services.  Through a combination of quantitative and qualitative analysis of e-hailing 
services, future research may identify and investigate the factors that affect the adoption 
intention to use these services.  
 
4.3 Questionnaire design 
Taherdoost (2018) created an e-service technology acceptance model based on the 
literature of IT and IS adoption. The model is limited to electronic services that are provided 
on a screen, like e-hailing services. This forms the basis for understanding what variables 
influence the adoption and intention to use e-services. The questions were used as a 
baseline and further adapted to fit the context of e-hailing services in South Africa, adhering 
towards mobile applications and transportation. Additional questions were taken from 
various e-hailing literature to compare and triangulate the data with existing findings. The 
user/non-user survey included questions regarding demographics, utilization, perceptions 
of e-hailing services and other travel related information. Table 14 indicates the final 
constructs and their respective references used to assess e-hailing adoption in South Africa, 
according to the e-service TAM. For the main constructs for the TAM, a 7-point Likert scale 















Two questionnaires were created to obtain primary data for the dissertation and included in 
the annexure. The quality of the data collected is highly dependent on the structure of the 
questionnaire and therefore pilot testing is an essential means to assess the quality of the 
questionnaire design. Additional questions from existing e-hailing literature was included in 
the questionnaire design, to triangulate the study with current literature. See the annexure 
at the end of the dissertation for the complete surveys used to collect primary data.  
  
4.3.1 Driver survey  
4.3.1.1 Description of method 
To assess the supply side of e-hailing services, which is driver related, questionnaires were 
dispersed via online surveys in Cape Town. A mobile advertisement was made available, 
inviting e-hailing drivers to participate in the study. The surveys were made available on 
various South African Facebook groups, encouraging drivers to share the link with other 
drivers in the area. The following Facebook groups were chosen for a maximum response 
rate: ‘Uber Drivers in CT SA’, ‘Uber & Bolt (taxify) drivers’, ‘Uber CT Partners & Drivers’, 
‘Bolt (taxify) Uber drivers Indrive & Clients’, ‘Taxify drivers in Cape Town’, ‘Uber drivers in 
Cape Town SA’, ‘Taxify (Bolt) partners and drivers Cape Town’ and finally ‘Uber and Bolt 
(Taxify) drivers partners South Africa’. This method follows a qualitative methodology, to 
obtain subjective data regarding drivers’ opinions. 
 
4.3.1.2 Objective of method 
The objective of the proposed method is to incorporate the drivers’ narrative into the study, 
as e-hailing services provide the link between riders and drivers, it seems rational to add the 
drivers’ data for qualitative analysis. The survey included questions relating to socio-
demographic information, working conditions, remuneration and perceptions of the 
application from the driver’s perspective. Most of the studies focus on the riders of e-hailing 
services, with little emphasis on the driver’s side. Furthermore, from following numerous 
Facebook groups it’s apparent that numerous drivers are unsatisfied with their driving on the 
platforms. 
 
4.3.1.3 Sample size design 
There is little clarity on the population size of e-hailing drivers in South Africa. Popular media 
states that Uber’s driver population last made available was 12 000, with its main competitor 





that Uber has over four thousand drivers in Cape Town (Uber Drivers Guild Representative). 
It is unknown what the active rider population is for more recent South African e-hailing 
competitors like Cabbi, Hailer, Zebra Cabs, Indriver and YooKoo Ride. 
 
Raosoft is an online platform used to calculate sample sizes and states that if a population 
size is unknown, a population of 20 000 should be used (Raosoft, 2019). At a 95% 
confidence level, with a 5% margin of error and a 60% response distribution – a sample size 
of 365 drivers was proposed. 
 
4.3.1.4 Limitation of method 
Like all questionnaires, the limitations of this method may include a weak response rate, as 
drivers are currently on the job and likely pressed for time. To mitigate this risk, an online 
link was made available to drivers, allowing drivers to participate at their convenience. 
Furthermore, due to an unknown population size, the chosen sample size was based on 
estimates through desktop analysis. It is also known that several e-hailing drivers are 
operating in a legal grey zone and therefore may be reluctant to answer questions. 
  
4.3.2 User and non-user survey 
4.3.2.1 Description of method 
To obtain e-hailing user and non-user data, which inevitably possesses detail regarding the 
demand and potential demand of the service, questionnaires were sent out via community 
pages within Cape Town metropolitan social media groups/pages. This data collection 
method was chosen as it provides more convenience to potential respondents, with the 
indirect aim of obtaining a larger sample size. Online surveys are generally associated with 
better reach, participant convenience and time and cost efficiencies. Additionally, e-hailing 
services require users to be online, therefore it is assumed that users of e-hailing platforms 
are active on social platforms. To meet the study objectives, several questions were 
proposed via an online structured survey, prompting participants to provide information 
relating to their sociodemographic, economic, transportation use and familiarity with e-
hailing services. After the assessment of various technology acceptance models, the e-
service TAM was chosen and formed the baseline for e-hailing adoption. The primary data 
was further analysed through Statistical Package for Social Sciences (SPSS) software. 
 
The first part of the user/non-user survey is concerned with demographic data like gender, 





from those that are passengers or potential passengers. The second part is concerned with 
the utilisation of e-hailing services and the third part is regarding the adoption of e-hailing 
services using a technology acceptance model. Due to the exploratory nature of the 
research, a mix of fixed-response and open-ended questions were proposed. The questions 
proposed consisted of information relating to demographics, the respondent’s adoption of 
e-hailing services, their travel habits, education, vehicle ownership, employment, travel 
choices and preferences. Additionally, questions pertaining to the spatial and temporal use 
of e-hailing services were included. The surveys were employed via SUN surveys, a 
research tool provided by Stellenbosch University to create and distribute surveys. These 
surveys were further analysed via SPSS software, to provide descriptive statistics regarding 
the differences between users and non-users of the service. A quantitative methodology, 
empowered by a survey questionnaire, was used to measure the constructs of the model as 
well as gather information that is common in the existing literature. 
 
4.3.2.2 Objective of method 
The objective of the proposed method above is to assess the adoption and utilisation of e-
hailing services in Cape Town and compare the descriptive statistics between users and 
non-users of the service. The user survey will provide comparable data, identifying what 
factors may influence the adoption and utilisation of e-hailing services and what factors may 
limit the use of the service. Descriptive statistics was conducted to visually represent the 
associations between e-hailing and public transport use. The user and non-user survey will 
provide insight regarding e-hailing and its potential effect on travel choices. The method 
provides data necessary for visualising the utilisation of e-hailing services per area, 
indicating the catchment areas of e-hailing use. 
 
4.3.2.3 Sample size design 
According to the Western Cape Provincial Government Department of Social Development 
(2018), the population size of Cape Town’s metropole is estimated to be around 4.3 million. 
Raosoft (2019) will guide the sample size calculations. At a 5% margin of error, with a 95% 
confidence level and a 60% response distribution, a sample size of 385 respondents was 
proposed. In general, it can be noted that the larger the sample size, the lower the probability 
for an error in the generalization of the study population (Malhorta et al., 2012). However, 







4.3.2.4 Limitation of method 
Online survey techniques pose some limitations. Firstly, as no interviewer is present, 
respondents may interpret a question incorrectly and therefore cannot be probed. A 
disclaimer is proposed to minimize these errors, whereby participants will have to confirm 
their information. Secondly, there may be cooperation problems and a slower response rate. 
Thirdly, there is limited sampling and respondent availability, with little transparency over 
who is answering the survey. Travel surveys are often hindered by the time component, 
which is an important factor for modal choice and may be valued differently depending on 
the motive for travel (De Witte et al., 2013). Therefore, due to the differences in perceived 
travel time, it may not be solely used as a rational measure. Therefore, survey questions 
regarding travel time may have large deviations, as they are approximate estimates. One 
must also account that online surveys are limited, because not all individuals have internet 
access. 
 
4.4 E-service adoption model and hypothesis development 
Research is a continuous process that continuously improves through time and is often 
described as non-exhaustive. Therefore, researchers continue to identify potential latent 
factors which are yet to be accounted for. The theoretical model presented below (figure 23) 
was proposed by Taherdoost (2018) to assess the adoption of e-hailing services. His 
proposed technology acceptance research model was compiled using exploratory factor 
analysis (EFA) as the theory generating process. Factor analysis is a method used to reduce 
dimensionality in a dataset, by reducing the number of observable variables to fewer latent 
variables that have common variance (Bartholomew et. al, 2011). EFA is a statistical method 
used in multivariate statistics to reduce data to a smaller set of summary variables, with the 
aim of assessing the underlying theoretical structure of the phenomena. EFA aims to reveal 
complex patterns by examining the dataset and testing predictions (Child, 2006). EFA was 
used by Taherdoost (2018) to identify the factors affecting e-service satisfaction and quality 
for user adoption of e-services.  
 
The model was then adapted for the case of e-hailing services and the hypothesis were 
defined. The research model is on an individual level, focussing on customer satisfaction, 
quality, security and intention to use as constructs to assess user acceptance and therefore 
the use of a TAM was proposed. The model includes 15 variables based on the theoretical 
arguments from TAM and the EFA. According to Taherdoost (2018), 10 principal factors 





Performance, 4) Trust, 5) Design, 6) Usability, 7) Content, 8) Support, 9) Interaction and 10) 




FIGURE 23: THE E-SERVICE TECHNOLOGY ACCEPTANCE MODEL  
(Source: Taherdoost, 2018) 
 
The hypothesis from Taherdoost (2018) e-service TAM were used as a baseline for testing 
the influence of the variables on the constructs. The hypotheses were further adapted for 
the case of e-hailing services in South Africa and are stated below.  
 
Hypothesis 1: A higher level of quality leads to a more positive satisfaction of e-hailing 
services in SA. 
Hypothesis 2: A higher level of satisfaction leads to a more positive intention to use e-
hailing services in SA. 
Hypothesis 3: A higher level of security leads to a more positive satisfaction of e-hailing 
services in SA. 
Hypothesis 4: A higher level of trust leads to a more positive satisfaction of e-hailing 
services in SA. 
Hypothesis 5: A higher level of performance leads to a more positive satisfaction of e-
hailing services in SA. 
Hypothesis 6: A higher level of design leads to a more positive satisfaction of e-hailing 
services in SA. 
Hypothesis 7: A higher level of usability leads to a more positive satisfaction of e-hailing 





Hypothesis 8: A higher level of user-friendliness leads to a more positive satisfaction of e-
hailing services in SA. 
Hypothesis 9: A higher level of training leads to a more positive satisfaction of e-hailing 
services in SA. 
Hypothesis 10: A higher level of trust leads to a more positive quality of e-hailing services 
in SA. 
Hypothesis 11: A higher level of performance leads to a more positive quality of e-hailing 
services in SA. 
Hypothesis 12: A higher level of design leads to a more positive quality of e-hailing 
services in SA. 
Hypothesis 13: A higher level of usability leads to a more positive quality of e-hailing 
services in SA. 
Hypothesis 14: A higher level of content leads to a more positive quality of e-hailing 
services in SA. 
Hypothesis 15: A higher level of support leads to a more positive quality of e-hailing 
services in SA. 
Hypothesis 16: A higher level of interaction leads to a more positive quality of e-hailing 
services in SA. 
Hypothesis 17: A higher level of expectation leads to a more positive quality of e-hailing 
services in SA. 
Hypothesis 18: A higher level of quality leads to a more positive intention to use e-hailing 
services in SA. 
Hypothesis 19: A higher level of security leads to a more positive intension to use e-hailing 
services in SA. 
Hypothesis 20: A higher level of intention to use leads to a more positive acceptance of e-
hailing services in SA. 
 
These hypotheses were chosen to add robustness to the data collection process and assess 
which constructs could influence user acceptance and intention to use e-hailing services. 
By assessing which constructs limit or accelerate the adoption of e-hailing services, service 
providers can actively improve their service offerings and ultimately increase the user 
acceptance and utilization of their services.  
 
Partial least squares structural equational modelling (PLS-SEM) is a popular measurement 





Lai, 2012), supply chain management (Kaufmann & Gaeckler, 2015), information systems 
management (Hair et al., 2017) and engineering management (Durdyev et al., 2018). PLS-
SEM was used as a multivariate technique for assessing the influence of each construct on 
the adoption model proposed. PLS-SEM is a technique used to estimate the parameters of 
a set of equations and is useful for structured questionnaires (Hair et al., 2011). PLS-SEM 
is particularly useful for limited sample sizes, whereby the objective is to explain a construct 
and its relevant antecedent constructs (Sarstedt et al., 2017). In order to test the adoption 
of e-hailing services, path analysis was applied to the data using a maximum likelihood 
method by SmartPLS 3 software. A path model is a framework which visualises the 
hypotheses and variable relationships to be estimated in PLS-SEM. after the data was 
processed with confirmatory factor analysis. Table sixteen highlights the results from the 
hypothesized structural model. All estimates produced were calculated using bootstrapping 
with 5000 subsamples.   
 
4.5 Pilot survey distribution 
To test and gain initial insights regarding the surveys, a pilot survey of 20 respondents was 
undertaken via convenience sampling methods. The pilot study gained initial responses, 
which included a mix of both closed-ended and open-ended questions for respondents to 
state any difficulties, errors and suggestions. For the open-ended responses, thematic 
content analysis was applied to assess the broad themes revealed. Participants were 
encouraged to criticize the questions if they were unclear and make use of comments for 
improvement. Comments from the pilot survey were then used to simplify the survey, but no 
major changes to the original questionnaire were made. After analysis of the responses, 
survey terminology was simplified, and a final survey was completed.  
 
4.6 Final survey distribution 
The final survey distribution was administered via an online link on community pages on 
Facebook. Facebook is a market leader in social media applications and has accumulated 
approximately 16.9 million South Africans on the platform as of 2019. A user/non-user 
survey was compiled and distributed amongst Facebook community groups via an online 
link to obtain commuter data from the CoCT. Users, non-users and drivers of e-hailing 
services were invited to participate in the study via an online link made available on 
Facebook (see figure 24). The survey link for users was made available to the following 
Facebook groups: ‘Cape Town classified ads’, ‘Cape Town marketplace’, ‘Bolt (Taxify) Uber 





ads’, ‘Cape Town free ads’ and ‘Ads Western Cape’. Additionally, the final surveys were 
shared on the researchers’ personal Facebook and Linkedin accounts for additional reach.  
 
For the driver survey distribution, the following Facebook groups were used for a maximum 
response rate: ‘Uber Drivers in CT SA’, ‘Uber & Bolt (taxify) drivers’, ‘Uber CT Partners & 
Drivers’, ‘Bolt (taxify) Uber drivers Indrive & Clients’, ‘Taxify drivers in Cape Town’, ‘Uber 
drivers in Cape Town SA’, ‘Taxify (Bolt) partners and drivers Cape Town’ and finally ‘Uber 
and Bolt (Taxify) drivers partners South Africa’.  Additionally, fleet owners, Bolt and Uber 
were asked to help disperse the driver surveys.  
 
 
FIGURE 24: SURVEY ADVERTISEMENT 
 
4.7 Research implications due to Covid-19 pandemic 
During the period of data collection, South Africa went into a country wide lockdown, due to 
the COVID-1914 pandemic. The first case was announced on March 5, 2020, by the Minister 
of Health. In response to the outbreak, President Cyril Ramaphosa declared a national state 
of disaster. The government employed the National Coronavirus Command Council (NCCC) 
in an aim to advise the nation on the current pandemic. Cases continued to rise and on 
March 26, the president issued a national lockdown, which continued for 21 days. It was 
further ended two weeks in April and the state of disaster was further extended until August 
15. This meant that persons were restricted to their homesteads, to allow time for the health 
care system to prepare for the upcoming outbreak. Restrictions on movement, time curfews 
and social distancing practices were enforced by the government to try limit the spread of 
the virus. Citizens were enforced to wear masks in public areas. Certain sectors of the 
economy were closed and only “essential” workers were permitted to continue their work 
operations, however under strict regulation. E-hailing services were permitted to operate for 
essential services, obtaining essential goods, seeking medical attention, attending a funeral 
                                                          





and receiving payments of grants. E-hailing drivers experienced hardship as the demand for 
their services came to a standstill due to mobility restrictions. E-hailing services were subject 
to restrictions on capacity, times, only for permitted activities and under strict hygiene 
protocols. From the 25th March 2020, e-hailing services were available between 5am to 
10am and 4pm to 8pm. Drivers using sedan-based vehicles were subject to a maximum of 
one passenger, whereas larger six-seater vehicles had a maximum of two passengers. 
Traffic volumes in the CoCT dropped between 75% and 80% during the lockdown in April, 
but in May grew significantly from 20% to 40% (City of Cape Town, 2020). 
 
The government adopted a risk-based strategy according to the rise in COVID-19 cases, 
which had varying restrictions on gatherings, movement, alcohol and cigarettes. Concerns 
were raised from the National Treasury who projected an increase in unemployment and a 
decrease in tax revenue collection. Figure 25 below depicts a timeline of COVID-19 cases 
in South Africa. 
 
FIGURE 25: TIMELINE OF COVID-19 CASES IN SOUTH AFRICA 
(Source: MSN, 2020) 
 
The data collection efforts could have been hampered due to the Covid-19 pandemic. 
Therefore, there may be bias introduced to the research that was unintentional and 
unavoidable within the time and budget constraints of the research. The bias might be 
introduced due to the social behavioural change apparent from Covid-19 isolation. Although 
the surveys were online, the response rate of the surveys was weak, falling short of the 
intended response rate for both the drivers and users of the platform. The user/non-user 
survey experienced the largest responses however, a majority were incomplete. 
Additionally, drivers were reluctant to share their data. Ultimately, the study is not fully 





underrepresented. However, numerous public groups were used to maximize the reach of 










5.1 Introduction  
The previous chapters of this dissertation have reviewed e-hailing service literature both 
internationally and locally, described the household socio-demographics, built and policy 
environment of the CoCT and discussed the data compilation methods used for the study. 
In this section, details provided from the survey data of e-hailing users, non-users and 
drivers are discussed using descriptive statistics. Descriptive statistics are used to describe 
a summary of collective quantitative information regarding a sample. The hypothesis testing 
results are discussed using path analysis and the adoption and utilization of the respondents 






FIGURE 26: TIMELINE OF COMPLETED SURVEYS FROM E-HAILING USERS AND NON-USERS 
 
5.2 Descriptive analysis of the user/ non-user survey 
A total of 102 completed responses were collected from e-hailing users and non-users within 
the Cape Town area after filtering the data set for incomplete responses. Additionally, 794 
responses were incomplete, leading to a response rate of 11.3%. In terms of gender, men 
were slightly more represented in the study sample with 52.94% of respondents. 
Additionally, most respondents (45.1%) were between the ages of eighteen and twenty-five 
of the respondents. When comparing the sample to the broader South African population, 

























of the population (Statistics South Africa, 2017). Table ten visualises the descriptive 
demographics of the respondents below.  
 
TABLE 10: DESCRIPTIVE STATISTICS OF USER/NON-USER SURVEY 
Characteristics Total  Percentage 
Gender 
  
Male 54 52.94% 
Female 48 47.06% 
Age     
18-25 46 45.1% 
26-33 6 5.88 % 
34-41 12 11.76% 
42-49 9 8.82% 
50-57 19 18.62% 
57-65 4 3.92% 




No schooling completed 1 0.98% 
Nursery school to grade 8 1 0.98% 
High school graduate 12 11.76% 
College credit, no degree 17 16.67% 
Trade/technical/vocational training 16 15.69% 
associate degree 5 4.9% 
Bachelors degree 40 39.22% 
Masters degree 5 4.9% 




Black African 8 7.84% 
Coloured 11 10.78% 
White 81 79.41% 









Employed, working 40 or more per 
week 37 
48.42% 
Unemployed, looking for work 5 6.32% 
Unemployed, not looking for work 2 2.11% 
Retired 4 5.26% 
Disabled, unable to work 1 1.05% 
Full time student 11 12.63% 




None 8 7.84% 
R1501 - 2500 4 3.92% 
R2501 - 3500 2 1.96% 
R3501 - 6000 5 4.9% 
R4501 - 6000 7 6.86% 
R6001 - 8000 8 7.84% 
R8001 - 11 000 7 6.86% 
R11 001 - 16 000 10 9.8% 
R16 001 - 30 000 23 22.55% 
R30 001 or more 22 21.57% 
Don’t know 6 5.88% 
 
5.2.1 Age 
Notably, majority of the respondents (45.1%) were between the age of eighteen and twenty-
five years old, also commonly referred to as the ‘Millennial Generation’. This has proven 
consistent with existing studies on e-hailing technology adoption, whereby the younger 
‘tech-savvy’ consumer makes use of multiple devices and applications. However, other 
notable findings included a significant number of responses from between the fifty and fifty-







FIGURE 27: AGE DISTRIBUTION OF RESPONDENTS 
 
5.2.2 Monthly income 
Respondents indicated their monthly income in table eleven below.   
 
TABLE 11: RESPONDENTS MONTHLY INCOME 
 
 
5.3 The built environment  
The built environment is discussed in terms of the responses from the e-hailing surveys.  
 
5.3.1 Households 
Most respondents live in 2 person households (29.41%), followed by 1 person households 
at 16.67%. Majority of these households own one vehicle, however there is a significant 
number of respondents with more vehicles per household. Additionally, 4.6% of respondents 





or lease a vehicle for their daily travel needs. The remaining percentage (19.61%) indicated 
no vehicle ownership.  
 
 
FIGURE 28: PERSONAL VEHICLE OWNERSHIP OF RESPONDENTS 
 
 
FIGURE 29: NUMBER OF PERSONS PER HOUSEHOLD 
 
5.3.2 Modes of travel  
Respondents were asked what transport modes they use in between their frequent zones 
(see figure 30). Majority of respondents stated they utilize private vehicles (76.47%) for their 
daily travel needs, with minimal respondents indicating their use of public transport. A further 
5.88% of respondents stated they walk all the way. 
 
In terms of number of vehicles per household, most respondents (27.45%) indicated they 
owned/lease one vehicle in their household. Additionally, 4.6% of respondents stated they 
owned no vehicle in their household. The remaining percentages had more than one vehicle 







FIGURE 30: RESPONDENTS MODE OF TRAVEL 
 
Respondents were questioned on their daily travel, in terms of the number of kilometres 
travelled per day. Majority of respondents (33.33%) travel between zero and ten kilometres 
for their mobility needs. However, there is a significant number of respondents who indicated 
they travel significant distances daily, with a collective 22.54% of respondents indicating that 




FIGURE 31: RESPONDENTS DAILY TRAVEL IN KILOMETRES 
 
5.4 Adoption of e-hailing services 
5.4.1 User/Non user adoption of e-hailing services in Cape Town 
Respondents were asked how familiar they were with e-hailing services (see figure 32 
below). Looking at the survey responses, 18.63% of respondents stated that they had heard 
of e-hailing services, but they do not use them as a means of mobility. A further 10.78% of 
respondents stated that they have not heard of e-hailing services. However, most 
respondents (40.2%) stated that they are regular users of e-hailing services and utilise these 

























have used e-hailing services with friends but do not have their own account. A further 
14.71% of respondents use e-hailing services when travelling away from home, indicating 
these services act as a critical form of mobility for tourists.   
 
 
FIGURE 32: RESPONDENTS FAMILIARITY WITH E-HAILING SERVICES 
 
 5.4.2 E-service TAM results 
5.4.2.1 Construct reliability and validity 
Research reliability plays a vital part in the consistency of instrument measurement. Factor 
analysis as a process was employed via SPSS software to test the construct validity of the 
adoption model. Additionally, the casual model was analysed using SMARTPLS 3.0, a 
software used to assess Partial Least Squares (PLS) and Structural Equational Modelling 
(SEM). Dawes (2016) recommends using factor analysis or SEM to interpret citywide 
attitudes regarding e-hailing services. Construct and discriminant validity tests are applied 
to assess the extent to which variables or constructs are measured in terms of their concept. 
The constructs were measured in terms of their composite reliability (CR) index and the 
average variance extracted (AVE) index. Cronbach’s alpha coefficient is a widely used 
measure for internal consistency and it is common practice for assessing Likert scales 
(Robinson, 2009). As seen in table 12 below, the composite reliability ranges from 0.329 to 
0.977. In general, a composite reliability value greater than 0.7 is considered an acceptable 
measure, whilst 0.5 is considered acceptable for the AVE index (Tavakol & Dennick, 2011). 
Constructs which fell below the Cronbach’s alpha level of acceptance included training 
(0.329), support (0.647) and security (0.645). It is notable that security and support fell just 
shy of this acceptance level and therefore an increased response rate might yield different 
results. However, Cronbach’s alpha has been criticized when compared to composite 





the level of acceptance. All of the constructs AVE were above 0.5, meaning the constructs 
were rather reliable.  
 
TABLE 12: CONSTRUCT RELIABILITY OF ADOPTION CONSTRUCTS 
 
 
The discriminant validity of the adoption constructs was tested according to the Fornell-
Larcker criterion (see table 13). Fornell-Larcker criterion is a popular technique used to test 
the validity of hypothesized measurement models. Fornell-Larcker criterion involves 
measuring the correlation of a construct with other constructs, to ensure that it is less than 
the square root of its AVE. 
 
TABLE 13: DISCRIMINANT VALIDITY OF ADOPTION CONSTRUCTS 
 
 
The e-service TAM employed in the research experienced some collinearity (see table 14). 
According to Tabachnick & Fidell (2007), multicollinearity is an issue when the values within 
the correlation matrix are too highly correlated. Looking at table 14, the constructs 
highlighted in red are above five, the associated level of acceptance for multicollinearity. In 
particular, quality, satisfaction and intention to use had high levels of collinearity.  
 
 
Construct Cronbach's Alpha rho_A Composite Reliability Average Variance Extracted (AVE)
Acceptance 0.897 0.903 0.936 0.829
Content 0.944 0.954 0.956 0.783
Design 0.914 0.928 0.939 0.794
Expectation 0.795 0.804 0.877 0.704
Interaction 0.785 0.794 0.874 0.699
Intention to use 0.961 0.962 0.972 0.896
Performance 0.889 0.947 0.917 0.631
Quality 0.973 0.974 0.982 0.949
Satisfaction 0.977 0.977 0.985 0.956
Security 0.645 0.664 0.814 0.600
Support 0.647 1.126 0.824 0.706
Training 0.329 2.539 0.632 0.533
Trust 0.833 0.888 0.900 0.752
User friendliness 0.959 0.959 0.973 0.924
Usability 0.842 0.863 0.892 0.675
Fornell-Larcker Criterion Acceptance Content Design Expectation Intention to useInteraction Performance Quality Satisfaction Security Support Training Trust Usability User Friendliness
Acceptance 0.910
Content 0.652 0.885
Design 0.646 0.879 0.891
Expectation 0.571 0.646 0.555 0.839
Intention to use 0.818 0.648 0.518 0.589 0.947
Interaction 0.577 0.818 0.746 0.686 0.508 0.836
Performance 0.692 0.909 0.861 0.643 0.621 0.782 0.794
Quality 0.666 0.833 0.812 0.601 0.578 0.720 0.881 0.974
Satisfaction 0.784 0.727 0.695 0.591 0.700 0.654 0.775 0.810 0.978
Security 0.444 0.594 0.530 0.415 0.418 0.524 0.629 0.573 0.555 0.774
Support 0.204 0.413 0.452 0.191 0.203 0.292 0.352 0.315 0.329 0.279 0.840
Training 0.535 0.420 0.345 0.419 0.357 0.381 0.373 0.363 0.372 0.366 0.241 0.730
Trust 0.603 0.820 0.791 0.505 0.519 0.717 0.822 0.793 0.627 0.611 0.380 0.334 0.867
Usability 0.627 0.752 0.679 0.754 0.604 0.707 0.734 0.695 0.622 0.533 0.236 0.457 0.650 0.822






TABLE 14: COLLINEARITY OF ADOPTION CONSTRUCTS 
 
 
Table 15 below visualises the model fit according to SMART PLS 3.0. Looking at the root 
mean square residual (SRMR), which is a goodness of model fit measure, the value is 0.092. 
Hu and Bentler (1999) state that a value of less than 0.10 is considered a good model fit 




























































TABLE 15: E-SERVICE TAM MODEL FIT 
 
 
5.4.2.2 Path analysis results  
The results from the PLS algorithm are identified in table 16. Looking at the results, intention 
to use has a significant effect on acceptance (β = 0.818, p<.05). Quality had a significant 
effect on satisfaction (β = 0.669, p<.05). Performance had a significant effect on quality (β 
= 0.550, p<.05). Satisfaction had a significant effect on intention to use (β = 0.662, p<0.5). 
The remaining hypotheses were not supported at a level of significance.  
 
TABLE 16: PATH ANALYSIS OF RESEARCH HYPOTHESES 
 
 
Looking at figure 33, outer loadings of the constructs are visualized, along with the 
corresponding R-squared values between the variables.  
 






Path coeffecients Original Sample (O) Sample Mean (M) Standard Deviation (STDEV) T Statistics (|O/STDEV|) P Values Hypothesis
Content -> Quality 0.018 0.015 0.227 0.078 0.938 Not Supported
Design -> Quality 0.160 0.155 0.172 0.931 0.352 Not Supported
Design -> Satisfaction 0.094 0.105 0.151 0.620 0.536 Not Supported
Expectation -> Quality 0.049 0.049 0.101 0.485 0.628 Not Supported
Intention to use -> Acceptance 0.818 0.821 0.055 14.870 0.000 Supported
Interaction -> Quality -0.026 -0.008 0.160 0.164 0.870 Not Supported
Performance -> Quality 0.550 0.526 0.171 3.211 0.001 Supported
Performance -> Satisfaction 0.377 0.393 0.290 1.303 0.193 Not Supported
Quality -> Intention to use 0.020 0.074 0.232 0.084 0.933 Not Supported
Quality -> Satisfaction 0.669 0.644 0.215 3.108 0.002 Supported
Satisfaction -> Intention to use 0.662 0.589 0.256 2.587 0.010 Supported
Security -> Intention to use 0.039 0.071 0.136 0.289 0.772 Not Supported
Security -> Satisfaction 0.119 0.146 0.122 0.979 0.328 Not Supported
Support -> Quality -0.038 -0.029 0.075 0.512 0.609 Not Supported
Training -> Satisfaction 0.065 0.081 0.110 0.592 0.554 Not Supported
Trust -> Quality 0.181 0.210 0.151 1.195 0.232 Not Supported
Trust -> Satisfaction -0.248 -0.250 0.196 1.264 0.207 Not Supported
Usability -> Quality 0.042 0.025 0.128 0.327 0.744 Not Supported
Usability -> Satisfaction 0.001 -0.008 0.114 0.011 0.991 Not Supported






FIGURE 33: RESULTS FROM THE PATH MODEL 
 
The constructs in the adapted e-service TAM had the following R-square values: 
Acceptance (0.669), Intention to use (0.491), Quality (0.800) and Satisfaction (0.700). R-
square value measures the variance between the endogenous constructs in terms of its 
explanatory power. For reference, R-squared values of 0.75, 0.50 and 0.25 have been 
categorized as substantial, moderate and weak measures of explanatory power (Hair et al., 





TABLE 17: R SQUARE VALUES OF CONSTRUCTS 
 
 
TABLE 18: TOTAL EFFECTS FROM PLS ALGORITHM 
 
 
5.5 Utilisation of e-hailing services 
5.5.1 Users of e-hailing services 
Most of the respondents (56.86%) considered themselves users of e-hailing services, 
compared to 43.14% which stated they are not users of e-hailing services. Majority of 
respondents (76%) who utilize e-hailing services, stated that Uber was the main application 
they use. Bolt followed at 21.33% and 2.66% of the sample stated they make use of other 
e-hailing providers. It’s evident that Uber is the dominant market leader by a significant 
amount, likely attributed to its network effects that occurred from being the first e-hailing 
service available as mentioned in the literature.  
 
Majority of respondents stated that they used e-hailing services mainly for: avoiding drinking 
and driving (28.77%), getting to and from the airport (15.07%), ease of use (17.81%) and 
limited available parking (11.64%). Short waiting time was also reported by 7.53% of 









R SQUARE Original Sample (O) Sample Mean (M) Standard Deviation (STDEV) T Statistics (|O/STDEV|) P Values
Acceptance 0.669 0.676 0.088 7.598 0.000
Intention to use 0.491 0.519 0.133 3.688 0.000
Quality 0.800 0.828 0.058 13.918 0.000
Satisfaction 0.700 0.747 0.158 4.419 0.000
Construct Acceptance Content Design Expectation Intention to useInteraction Performance Quality Satisfaction Security Support Training Trust Usability User Friendliness
Acceptance
Content 0.007 0.008 0.018 0.012
Design 0.111 0.136 0.160 0.201
Expectation 0.019 0.023 0.049 0.033
Intention to use 0.818
Interaction -0.010 -0.012 -0.026 -0.018
Performance 0.412 0.504 0.550 0.745
Quality 0.378 0.463 0.669
Satisfaction 0.541 0.662
Security 0.097 0.118 0.119
Support -0.015 -0.018 -0.038 -0.026
Training 0.035 0.043 0.065
Trust -0.066 -0.080 0.181 -0.126
Usability 0.017 0.020 0.042 0.029





TABLE 19: RESPONDENTS MOST COMMON REASONS FOR E-HAILING USE 
 
 
Majority of the respondents stated they have positive experiences using e-hailing services, 
however, a significant amount stated they have experienced improper customer service. Of 
the negative experiences, a few statements of key issues were outlined. Some reported 
issues included: “driver was drunk”, “ride was taken by somebody else”, “sexual 
harassment” and “poor driving”. Other mentions include: “driver didn’t pitch”, “billing issues” 
and “late arrival”. Of these negative experiences, majority of respondents (53.85%) indicated 
that there was a clear means to report the problem. However, a significant number of those 
respondents indicated that they have experienced a similar problem before.  
 
Respondents were asked when they are most likely to use e-hailing services. Respondents 
indicated that they are most likely to use e-hailing services during the following periods:  
 Friday between 18:00 to 22:00 and 22:00 to 02:00 
 Saturday between 18:00 to 22:00 and 22:00 to 02:00 
 
Additionally, a significant number of respondents indicated that they are most likely to use 
e-hailing services during peak traffic periods, particularly in the morning between 06:00 to 
10:00. This indicates that the demand for e-hailing services is greatest during the weekend 
when users are out for recreational activities, however, some respondents indicated that 











TABLE 20: WHEN RESPONDENTS ARE MOST LIKELY TO USE E-HAILING SERVICES 
 
 
When asked on the frequency of e-hailing use, majority of e-hailing users (29.31%) indicated 
that they make use of e-hailing services two to three times per month. Secondly, a significant 
number of users (27.59%) stated they frequent e-hailing services between two to three times 




FIGURE 34: FREQUENCY OF E-HAILING USE 
 
Respondents were asked which aspects of e-hailing technology encourages users to use it 
(see Table 21). A five-point Likert scale was used, with one representing strongly agree and 
five representing strongly disagree. Most agreed aspects included: “user friendly’’, 










TABLE 21: RESPONDENTS RESPONSES TO STATEMENTS 
 
 
Respondents were asked if e-hailing service availability changes the number of trips they 
make. Looking at the responses in figure 35, most respondents (46%) indicated that e-
hailing service availability had no change in the number of trips they make. However, 30% 
of respondents indicated that they make more trips due to increased e-hailing service 




FIGURE 35: CHANGE IN NUMBER OF TRIPS DUE TO E-HAILING SERVICE AVAILABILITY 
 
Users of e-hailing services indicated that they mainly utilize these services for short distance 
travel. This is evident as 44.9% of respondents indicated that they use e-hailing services for 














Does e-hailing service availability change the 





trips between 0 – 10 kilometres. Additionally, 30.61% of respondents stated their average 
e-hailing trip use was between 11 – 20 kilometres.   
 
FIGURE 36: AVERAGE DISTANCE OF E-HAILING TRIPS REPORTED 
 
5.5.2 Non-users of e-hailing services 
Non-users of e-hailing services were questioned on the factors limiting their use of e-hailing 
services. 43.14% of the sample respondents indicated that they are non-users. Looking at 
the main reasons for the non-adoption of e-hailing services, 40.35% of non-user 
respondents stated they do not use e-hailing services because they have their own vehicle. 
Secondly, the safety concern (21.05%) was further highlighted by non-users as a factor 
limiting the adoption of e-hailing services. Additionally, 15.79% of users stated that e-hailing 
services were too expensive, whilst 12.28% stated that e-hailing services were inconvenient.  
 
 
FIGURE 37: FACTORS LIMITING E-HAILING USE 
 
Respondents who identified themselves as non-users of e-hailing services were questioned 
according to attributes which influence their mode of transport. Non-users of e-hailing 
services identified convenience, cost, travel time and reliability as the four main 






















FIGURE 38: FACTORS INFLUENCING NON-USERS TRANSPORT CHOICE 
 
5.6 Vehicle ownership and future travel decisions 
Questioning the substitutional or complementary effect that e-hailing services may have on 
private vehicles, respondents were asked “If e-hailing services were cheaper per kilometre 
than your current vehicle, would you switch to e-hailing services for daily travel?” Majority of 
respondents (47.56%) indicated that they would switch to e-hailing services for their daily 
travel, but continue to keep their vehicle. Surprisingly, only 6.1% of respondents would be 
prepared to sell their vehicles in favour of e-hailing services and a further 12.2% were 
unsure. Additionally, 34.15% of respondents stated that they would continue to use their 
own vehicle, even if it was more expensive than e-hailing services.  
 
Questioning the substitutional or complementary effect that e-hailing services may have on 
other modes of transport, respondents were asked “If e-hailing services were unavailable, 
which transport alternative would you use?” Majority of respondents (43.1%) indicated that 
they would replace the trip with their own vehicle, indicating that e-hailing services have a 
substitutional effect on personal vehicles. Additionally, 13.79% indicated that they would 
switch to a meter taxi service. Another 8.62% stated they would walk and 1.72% indicated 
a bicycle as their alternative, indicating that e-hailing services may pull some commuters 






FIGURE 39: IF E-HAILING SERVICES WERE UNAVAILABLE, WHICH ALTERNATIVE WOULD YOU USE? 
 
Respondents were asked if they used other modes of transport, more or less, since the 
introduction of e-hailing services. A significant number of respondents (47.14%) stated that 
they used their own vehicles less since using e-hailing services, however the same number 
of respondents indicated their vehicle usage remained unchanged. Whilst respondents 
stated for majority of the modes that their modal preferences were unchanged, there were 
some outliers. Majority of respondents stated that they used meter taxis less because of e-
hailing services (52.17%), however 45.83% indicated that their meter taxi use was 
unchanged. Whilst most respondents indicated that their minibus taxi use was unchanged, 
32.61% of respondents indicated that they use minibus taxis less since they started using 
e-hailing services. While most respondents (52.94%) indicated that their walking was 
unchanged, a significant percentage of respondents (45.83%) stated that they walked less 
since they started using e-hailing services. A further 30.43% of respondents indicated that 
they used rail services less since they started using e-hailing services. Additionally, 23.40% 
of respondents indicated that they used bus services less since their use of e-hailing 
services. 
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FIGURE 40: CHANGE IN TRAVEL BEHAVIOUR DUE TO E-HAILING SERVICES 
 
5.7 E-hailing driver survey results 
Unfortunately, the driver sample had a low response rate. This may have been due to 
several reasons. Firstly, due to the large estimated number of e-hailing drivers operating 
illegally, it is likely that they were reluctant to share their views. Secondly, from the engaging 
on Facebook pages with the drivers, there are numerous drivers or potential drivers which 
are scammed for their e-hailing platform profiles. Drivers were therefore untrusting or 
uninterested to supply their opinions. Furthermore, as some e-hailing drivers are on their 
platforms for most of the day, any time taken to complete the survey would be an additional 
cost to the driver. Upon the dispersion of the survey, several drivers were hesitant to 
complete the survey, requesting funds for their efforts. From analysis of the numerous 
Facebook e-hailing driver groups, unionization of the industry is apparent, as numerous 
associations have formed to represent e-hailing drivers, like EHasa (E-hailing Authority 
South Africa). A total of 18 drivers completed the survey. Additionally, some drivers were 
prepared to respond to semi-structured interviews. Thematic analysis was used to conclude 
the open-ended responses provided by the e-hailing driver survey participants. Numerous 
posts indicate how drivers are unhappy with the current e-hailing climate. In particular, high 
commissions, market saturation due to new platform entrants, driver safety and excessive 
discounts for riders were highlighted as key issues faced by drivers.  
 
5.7.1 Demographics 
Looking at the responses, 44.44% of the sample were between the ages of 26 and 33. A 
further 27.78% of the responses were between the ages of 34 and 41. The responses had 



















Since you started using e-







a gender distribution of 94.44% males and 5.56% females. Respondents were questioned 
on their nationality. 61.11% of the sample confirmed they were South African citizens, whilst 
the remaining 38.89% indicated they were Zimbabwean.  
 
Respondents were asked what best describes their employment status prior to e-hailing 
services. 61.11% of the sample indicated they were employed from outside the transport 
industry, 16.67% stated they were unemployed, 16.67% stated they were employed within 
the transport industry and finally 5.56% indicated they drove for meter taxi services. 
Respondents were questioned if they have any other employment besides e-hailing 
services. 66.67% of the sample stated it was their primary employment, whilst 33.33% stated 
it was a secondary source of employment.  
 
5.7.2 Driver adoption 
Drivers were asked for the main reasoning for adopting e-hailing services. The reasons 
included: 44.44% of the respondents indicated that they joined e-hailing services to gain 
employment, 22.22% of the sample stated they like being their own boss, 16.67% stated it 
was to gain additional money, 11.11% stated it was to help pay off their vehicle lease and 
5.56% indicated it was due to time flexibility. 
 
 
FIGURE 41: DRIVER ADOPTION FROM RESPONDENTS 
 
Respondents were questioned on the length that they have been operating as an e-hailing 
driver. Looking at the responses, 29.41% of drivers indicated that they have been operating 
between two to three years. Another 29.41% of respondents indicated that they have been 
driving for between one to two years. 23.53% of respondents stated they have been utilizing 
e-hailing services for between six months to a year. 11.76% of drivers indicated that they 
have been on e-hailing platforms between three to four years and finally 5.88% of drivers 






Drivers were questioned if they would recommend driving for an e-hailing service to a friend. 
72.2% of the sample were detractors of this question, meaning they are unlikely to 
recommend a friend to drive for e-hailing services. 16.7% of the driver sample were 
passives, leaving their answer as neutral. A further 11.1% of the sample were promoters, 
who indicated that they would recommend e-hailing services to a friend. This evidently 
shows some dissatisfaction with the conditions that drivers endure.  
 
5.7.3 Driver utilization 
Drivers were asked which platform they utilize for e-hailing services. In response, 45.16% 
of the sample indicated that they use Bolt, 38.71% indicated that they use Uber, 3.23% 
indicated they use Yookoo Rides, 3.23% stated that they use Zebra Cabs and 3.23% 
indicated they only use Ubereats. Looking at figure 42, drivers indicated during the work 
week between 6AM to 10AM and 6PM to 10PM, are when drivers are most likely to drive for 
e-hailing services. Friday and Saturday evenings between 6PM to 10PM was also identified 
as a time that drivers prefer to be on-demand.  
 
 
FIGURE 42: WHEN ARE YOU MOST LIKELY TO DRIVE FOR E-HAILING SERVICES? 
 
Drivers were asked if they own the vehicle that they utilize for e-hailing services. Looking at 
the responses only 23.53% of the drivers indicated that they own the vehicle. 23.53% 
indicated that they do not own their vehicle. A further 52.94% of drivers indicated that they 
rent the vehicle from someone else. In terms of those who rent their vehicles, respondents 
indicated that vehicle rent ranged between R2000 to R3000 per week. Respondents were 
questioned if they had any insurance policies in place. 33.33% of respondents indicated that 
they were not covered by insurance, 27.78% indicated they are covered by personal 







Drivers were questioned if they have any say in the fare determination of e-hailing services. 
Looking at the responses 100% of drivers indicated that they have no say in their fare 
determination. 31.25% of respondents strongly agreed that they were satisfied with their 
earnings from e-hailing services. Furthermore, drivers were questioned on their total monthly 
income from e-hailing services, as well as their net total monthly income.  
 
Drivers were questioned if they own an operating license for transporting passengers. 
23.53% of the sample indicated they possessed an operating license, 35.29% of the sample 
indicated they do not own an operating license, a further 23.53% of the sample stated they 
were waiting on approval and 17.65% of the sample said they were unsure. This confirms 
that a significant number of e-hailing drivers don’t possess the correct accreditation and are 
awaiting response from the PRE to obtain operating licenses. 
 
The following statements were compiled using a Likert scale, ranging from one (strongly 
agree) to five (strongly disagree) from existing e-hailing literature and used in the driver 
survey (see figure 43).  
 
 
FIGURE 43: DRIVER STATEMENTS REGARDING E-HAILING UTILIZATION 
 
Looking at the responses in the driver survey, the following aspects were brought to 
attention. 62.5% of respondents strongly agreed that they often themselves driving around 





they often find themselves waiting in the car for new passengers. 84.62% of drivers strongly 
agreed that they work late hours. 
 
Safety was highlighted as a concern for drivers, as only 25% of respondents strongly agreed 
that they felt safe when driving for e-hailing services. A further 46.67% of drivers strongly 
agreed that they are often incentivised to be on the road by their respective e-hailing 
platform. 
 
Looking at the potential substitutional or complimentary effect of e-hailing services, 62.5% 
of drivers strongly agreed that they often drop off or collect passengers from the airport. 50% 
of drivers strongly agreed that they collect or drop off passengers near the train stations. A 
further 62.60% of drivers strongly agreed that they often collect or drop off passengers at 
bus stops.  
E-hailing drivers were questioned if they had experienced any violence or abuse whilst 
driving for an e-hailing platform. 77.78% of the driver sample stated they had experienced 
abuse. Drivers who had experienced abuse were asked to share their experiences using an 
open-ended statement. Statements from the drivers included: ‘violence from meter taxis’, 
‘hijacking of my vehicle’, ‘taxi violence’, ‘verbal confrontations from passengers’, ‘robbery’, 
‘passengers leaving without paying’ and ‘attempted robbery’. Robbery and intimidation from 
other taxi operators was frequently repeated concerns from e-hailing drivers. E-hailing 
drivers also expressed concerns for the blockings of their profiles on e-hailing platforms. 
Numerous drivers stated that the platform always takes the passenger’s side on issues, 
resulting in unfair blockings, often for long periods of time. Figure 46 below are examples of 















Drivers expressed concerns over large discounts, with some amounting to 70% for new 
riders when they sign up on the platform. Drivers additionally indicated that some 
passengers exploit these discounts by using other sim cards and signing up with fake 
names. 
 
Upon completion of the driver survey, an open-ended comment section was made available 
for drivers to add any extra comments. The comments are as follows:  
 “E-hailing must be accepted in SA, just like the taxi industry”.  
 “The commission charged is exorbitant and reduces my earnings”.  
 “The application should state where the client is going before pickup, so I can choose 
if I am comfortable to go to that area”.  
 “You can’t see the rider’s destination until you start the trip”. 
 “They only cover the side of the client. For a driver to drive clients they need driver’s 
license with PDP to the extent of having your police clearance to ensure you do not 
have criminal records. Your face etc. has to be seen by clients when they request 
you”.  
 “They are delaying operating license so they can make lots of impound money”. 
 
 
FIGURE 45: FREQUENTLY REFERENCED ISSUES ON THE DRIVER SIDE 
 
From engaging with e-hailing driver community groups, it’s clear that a significant number 
of drivers are scammed online; possibly another reason why drivers are less willing to share 
their information. As operating licenses and driver profiles are limited, several posts on these 
community pages were offering to sell or rent ‘slots’, giving access to an existing profile 
created on the platform. Some adverts even posted pricing for the selling of their profiles, 






Respondents were asked if e-hailing services were cheaper per kilometre than their current 
vehicle, would they switch to e-hailing services. 47.56% of respondents stated that they 
would use e-hailing services if they were cheaper, however, they would still keep their 
vehicle. A further 34.15% of respondents indicated that they would rather use their car, even 
if it were more expensive. 12.2% of respondents stated that they were unsure. Only 6.1% of 
respondents indicated that they would sell their vehicle and use e-hailing services as their 










6.1 Discussion  
6.1.1 E-hailing Adoption 
E-hailing services are definitely a new means for transport efficiency and therefore their 
services have become common practice. The introduction of location-based application 
services and smartphone technology have become key players in the uptake of these 
services. E-hailing services have gained widespread adoption in South Africa in a short 
period of time and they have clearly challenged existing regulations and practices in the taxi 
industry. The research set out to gain insight in to the perceptual factors that encourages or 
limits the use of e-hailing services in Cape Town, South Africa. In most developed cities 
across the world, transportation services are subject to intense regulation and new market 
entrants experience resistance from existing providers. The integration between technology 
and transport systems has brought widespread gains to society, by extending accessibility 
and creating newfound efficiency. It is inevitable that emerging technologies will continue to 
enter the mobility sector, bringing forth new opportunities, challenges and uncertainties, 
often at a pace which supersedes traditional transportation planning.  
 
The topic of e-hailing services has proven a controversial topic from both local and 
international countries and therefore places some societal and ethical concerns into 
perspective. The rapid adoption of these services has undoubtedly impacted existing 
mobility providers’ standard of business. Although digital platforms impact some traditional 
models of business, they are empowered by their convenience, a construct well valued by 
commuters.  
Meter taxi drivers see e-hailing services as a threat due to the lack loss of potential income 
through the spread of these services. Whereas e-hailing drivers fear government regulation, 
intimidation from other operators and government fines which threaten their source of 
income.  
 
It’s evident that e-hailing services provide a critical form of mobility for a significant number 
of users in the city, for both recreational activities and some daily work-related travel. In 





hailing services may induce a small number of kilometre miles travelled to the transport 
network. Increased e-hailing availability may extend mobility as people who were previously 
unable to drive because of their age or disability have access to private mobility. Additionally, 
as users of the service indicated their value for the convenience that e-hailing services, they 
might find requesting a lift less of a hassle than driving.  
 
While e-hailing services may be an additional income to many vehicle owners in their spare 
time across the world, the context in South Africa differs. Majority of e-hailing drivers do not 
own their vehicle, leaving them with weekly cash-ups for their vehicle owning partners, with 
no guarantee of hitting their targets. E-hailing drivers are often subject to intimidation by 
other operators, hijackings and even murdered. E-hailing drivers are soft targets for criminal 
activity, with large means to scam platform users with fake online profiles.  
 
The impact of e-hailing services on the built environment is multifaceted and can vary due 
to a number of factors. While it provides a convenient means of transport for its users, it has 
brought about large controversy. The perceptions of e-hailing services are subjective and 
therefore accumulate an array of narratives. E-hailing services extend the public transport 
network and addresses the challenges of varying transport demand, particularly for 
occasional events which have large unmet transport demand. The demand for these 
services often peaks at night, on the weekends, when public transport operates at lower 
frequencies. While traditional taxis have a fixed supply, e-hailing services ensure a flexible 
supply in response to variable demand.  
 
Findings indicated that e-hailing users tend to be younger, better educated and earning 
higher monthly incomes than the general population. This corroborates with the findings 
from previous literature whereby e-hailing users were majority youth and of higher economic 
status (Rayle et al., 2016; Dawes, 2016; Clewlow and Mishra, 2017b).  South Africa will 
continue to see rising adoption and utilization of e-hailing services; however, the scale of 
these services will cater to the middle to high income population. E-hailing services have 
become an attractive means for those seeking transport without the associated cost of 
owning the vehicle.  
 
6.1.2 E-hailing Utilization 
E-hailing services are primarily used for recreational activities, whilst supplementing regular 





an economical replacement for work commutes, as most drivers indicated large daily travel 
distances, which costs more than private car use. However, commuters who live nearby 
their areas of employment, can experience potential cost savings using e-hailing services 
instead of operating a private vehicle, if their threshold kilometres are minimal enough. 
Drivers indicated that the often collect or drop-off passengers near airports, trains, bus stops 
and therefore complement some modes of transport. E-hailing services are therefore a 
critical means for short-haul travel and solve the last mile problem. However, the net effect 
of e-hailing transport on other modes of transport requires further analysis. 
 
The extent to which e-hailing services may influence vehicle ownership is multifaceted. On 
one end of the spectrum, those with sufficient capital may buy additional vehicles and add 
them to e-hailing platforms as partners. On the other end, those who cannot afford a vehicle 
may halt the purchase on a vehicle. However, looking at the survey responses it is unlikely 
that e-hailing services will replace or have a profound effect on vehicle ownership, at least 
in the short term, unless public transport can compete effectively enough. Respondents 
indicated that they were unlikely to replace their vehicles with e-hailing services, however, 
looking at the reported work commutes, a significant number of users can experience cost 
savings by switching to e-hailing services, provided their transport cost threshold is lower 
than vehicle ownership.  
 
As e-hailing users indicated that e-hailing availability increases the number of trips they 
make, whilst drivers stated they often find themselves driving around in search of 
passengers, there will likely be an increase in Vehicle Kilometres Travelled. E-hailing 
services may pull away from modes of non-motorised travel and create additional deadhead 
kilometres, whereby drivers seek passengers. 
 
The findings are consistent with that of Rayle et al. (2016), whereby users of e-hailing 
services indicated that avoiding drinking and driving was the main reason for their use of the 
service. E-hailing users further indicated that they walked less, travelled by the bus less, 
travelled by rail less and used meter taxis less frequently since the introduction of e-hailing 
services.  
 
6.1.3 Future research 
Future research in the transportation industry needs to focus on the dynamic changes in ICT 





leveraged to improve the state of public transportation. Companies within the e-hailing 
market, or those using e-services, could use the research framework to assess the adoption 
and utilisation of their services and therefore improve their decision making. Furthermore, 
with the use of longitudinal studies, companies could assess the impact of changes in their 
service offerings on the intention of users to adopt and use their services over time. 
Transport data is dynamic in nature, as it is sourced from an array of sources. Additionally, 
it is gathered with various different methods at different time periods.  
 
Future research could make use of the e-service TAM to assess the adoption of other e-
service technologies in either the workplace or on an individual level. Additionally, research 
funding has the opportunity for more extensive data collection regarding e-hailing drivers, 
as drivers are reluctant to complete surveys given the current climate. More extensive data 
collection efforts will gather additional participants and reduce the variance in the study, 
which will ultimately have more conclusive results.  
 
In particular, future studies would be more conclusive with additional participants. This thesis 
may be criticised in terms of over-ambition. Whilst it aimed to answer an array of questions, 
including both users, non-users and drivers, the conclusiveness of the survey identified base 
level findings. Future research would benefit from a more focussed viewpoint, whereby data 
gathering techniques might be more successful with intercept surveys, in-application 
surveys or collaborating with an existing e-hailing platform using secondary data. Future 
surveys should be concise, whilst using more common terminology that respondents are 
familiar with. Additionally, higher order models could be used to address the issue of 
collinearity as recommended by PLS-SEM theory (Hair et al., 2017). 
 
6.1.4 Policy recommendations 
The current pace of innovation in the transport sector should be welcomed in South Africa, 
subject to sufficient assessment of its potential implications. Considering the rapid growth of 
e-hailing services in South Africa, it is critical to collect data on the operations of e-hailing 
services and their potential influence on the built environment. Considering the data gap 
between public and private transport provisions, city planners lack the large amount of 
private mobility data that private operators gather. As e-hailing services continue to expand, 
they will gather large scale mobility data, of which is mostly unavailable to public planners. 
This limits the decision-making process for transport planners and policy makers. More 





accessibility and mobility of metropolitans. More frequent data collection has the potential 
for efficient reactive solutions to public transport inefficiently. The availability of this data may 
harness large opportunities for future research efforts.  
 
In majority of the cities around the world, transportation services are highly regulated and 
new market entrants face large barriers to entry. The uptake of e-hailing services has 
highlighted the need for cities to utilize new technologies, collect data and use existing 
models to assess how they can service the community more effectively. Through better 
collaboration between the public and private sector, both e-hailing providers and policy 
planners can ensure that the provisions of e-hailing services are conducted in ways that are 
equitable and safe. These collaborated efforts have greater potential for obtaining 
representative samples of the population. As the CoCT identified that leveraging technology 
for progress, integrated transport systems and dense transit-oriented growth were priorities, 
e-hailing services or e-services, have large potential for all three of these focal areas. E-
hailing service platforms collect large spatial temporal data, with a significant number of 
connected devices. This data can identify underserved areas, areas of insecurity and aid in 
more informed transport planning to better serve commuters.  
 
Possible solutions to reduce the data gap may include mandating the sharing of mobility 
data by the public sector on public streets. For example, the New York Taxi and Limousine 
Commission adopted policy regulations that require e-hailing companies to share data on 
e-hailing provisions in New York City, providing it is anonymized. As private mobility 
providers rely on publicly funded infrastructure, it seems reasonable that transport planners 
and regulators have access to the data gathered by private mobility providers. The data has 
the potential to improve public integrated transport, increase the security of road users and 
assess the effect on vehicle kilometres travelled. 
 
As e-hailing services are a form of private transport, it is important to account for the direct 
and indirect costs for which they bear on society. The opportunity cost of these services will 
be equivalent to the value of resources society must give up required for private transport 
and therefore must include the time loss through traffic congestion and other external factors 
like road accidents. Policy planners are urged to regulate e-hailing services in order to 
maximize benefits to society through a combination of both pricing and policies which 
ultimately lead to the integration of e-hailing services with existing transport infrastructure. 





stricter metropolitan enforcement during areas of high taxi and e-hailing use, to better protect 
both commuters and drivers.  
 
The government should aim to integrate intermodal transport, by partnering with mobility 
services, in an attempt to share data, to improve accessibility, reduce transaction costs, 
improve user safety and ensure the sustainable utilization of existing infrastructure. Control 
measures to respond to e-hailing services may include congestion pricing, frequent vehicle 
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A1: National Land Transport Act amendment to accommodate 
e-hailing services 
 
Amendments of the NLTA (No. 5, 2009), included section 66A, detailing provisions for the 
case of e-hailing services. Section 66 was established as an amendment to the NLTA and 
includes the following regulations: 
 
66A. (1) “In the case of electronic hailing services— 
(a) vehicles are hailed or pre-booked electronically using an e-hailing or technology-enabled 
application; and 
(b) the regulatory entity granting an operating licence for such service may specify the area 
for picking up of passengers, subject to section 
57(5). 
(2) If the operating licence specifies the area as envisaged in subsection 
(1)(b)— 
(a) the vehicle may leave the area if, on the return journey, it is to carry the same passengers 
that it carried on the outward journey or if the vehicle is to return empty; and 
(b) the vehicle may pick up passengers outside of that area, if the fare is pre-booked and 
the passengers will return to such area. 
(3) The vehicle may not operate an e-hailing service where the application for the vehicle is 
not working properly. 
(4) The e-hailing or technology-enabled application must— 
(a) have the facility to estimate fares and distances, taking into account distance and time, 
and must communicate the estimate to passengers in advance electronically; 
(b) communicate the final fare to the passenger or passengers at the conclusion of the trip 
electronically, and 
(c) provide the prescribed details of the driver of the vehicle to the passenger or passengers 
electronically. 
(5) (a) The Minister or the MEC may make regulations prescribing— 





(ii) information regarding the driver and the vehicle that must be communicated to 
passengers; 
(iii) other information that the e-hailing or technology-enabled application must provide to 
passengers, and 
(iv) any other matter affecting the standard or quality of operation of e-hailing services. 
(b) The Minister must make regulations prescribing special markings or other requirements 
for vehicles used for e-hailing services. 
(6) The operating licence may authorise the use of more than one service or type of service 
as contemplated in section 50(2): Provided that the operator and the vehicle comply with 
the requirements of this Act relating to such services. 
(7) Where a person conducts a business providing an e-hailing software application, that 
person— 
(a) may not permit an operator to use that application for a vehicle for which the operator 
does not hold a valid operating licence or permit for the vehicle, or whose operating licence 
or permit has lapsed or been cancelled, and 
(b) must disconnect the e-hailing application forthwith and keep it disconnected until a valid 
operating licence has been obtained for the vehicle. 




























ASSESSING THE ADOPTION AND UTILIZATION OF E-HAILING SERVICES: THE CASE OF CAPE TOWN, SOUTH 
 
  





The Department of Logistics from Stellenbosch University, invites you to take part in a survey to assess the adoption and utilization of e-hailing services in Cape Town, 
 Africa
 
Please take some time to read the information presented here, which will explain the details of this 
 
Your participation is entirely voluntary and you are free to decline your participation at any point in the survey. This will not affect you negatively in any way 
 
If you agree to take part in this study, you will be asked a series of selected research questions that were best selected to suit the study. The research questions will 
 of data referring to your demographics, your perception of the use of e-hailing services and other travel related data. Please note: a commuter is a person who 
 trip, usually to work or other frequent locations. The questionnaire should take approximately 10 to 15 minutes of your 
 
There are no right or wrong 
 
No compensation will be provided for participation in this research 
 
No personal information will be requested or gathered during this 
 
  
RIGHTS OF RESEARCH 
 
You have the right to decline answering any questions and you can exit the survey at any time without giving a reason. You are not waiving any legal claims and rights 
 your participation in this research study. If you have questions regarding your rights as a research participant, contact Mrs Maléne Fouché [mfouche@sun.ac.za; 021 808 
 at the Division for Research 
 
Your information and response to the survey will be protected by completing the questionnaire anonymously, therefore, no information obtained during the study 
 personally linked to the participant. The questionnaires will only be accessible for the researchers. The research outcomes will be made available to the public; 
 individual results will be made available. The research will only publish summarised 
 
  
If you have any questions or concerns about the research, please feel free to contact the lead researcher Mr LTM Smith (18394817@sun.ac.za) and/or the research 
 Mr JA Van Rensburg 
 
I confirm that I have read and understood the information provided for the current 
 Ye
 














































* What is the average distance of your trips when using e-hailing services? 
0-10 kilometres 
11-20 kilometres 
21-30  kilometres 
31-40  kilometres 
41-50  kilometres 











Safety from crime 
Page 5 
As a non-user of e-hailing services, why do you choose not to use the service? (You may select multiple) 
It's too expensive 
It's too slow 
It's unsafe 
Its inconvenient 
I have had a negative experience from e-hailing services 
I have an ethical opposition toward e-hailing services 
I have a car 
Other: 
None Of The Above 
* Please rank the following attributes that influence your choice of transportation in order with 1 being most important and 8 





* E-hailing service providers provide prompt responses to my questions. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* Using e-hailing services would make it easier to interact. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* My interaction with e-hailing services is clear and understandable. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 












* I am satisfied with the design of e-hailing services. 
Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* E-hailing applications are organised logically and by anticipated user need. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* I believe that e-hailing services would be employed in my best interest. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* E-hailing services attractively display information. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 










* Learning to use e-hailing services is easy to me. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* E-hailing services are easy to use. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* It is easy for me to get e-hailing services to do what I want it to do. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 










* I accomplish my tasks easier and quicker with e-hailing services. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* Using e-hailing services improves the quality of work I do. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* Using e-hailing services is helpful and influential. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* The advantages of e-hailing services are important to me. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 










* I feel assured that legal and technological structures protect me from problems on e-hailing services. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* E-hailing services has the ability to perform the promised service dependably and accurately. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* In general, e-hailing services are robust and safe. 
Strongly 




* A specific person is available for assistance with e-hailing difficulties. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* There is extensive support to help with problems related to e-hailing services. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 





* E-hailing services will provid  me flexibility to work on my own time. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* E-hailing services will give me the ability to work at my own place. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* Excellent e-hailing providers will have modern-looking equipment. 
Strongly 










* I believe that my confidential information is kept 
 Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* When using e-hailing services, I am sure that managerial and technical procedures exist to protect my personal information. 
Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* In e-hailing services, if a certain transaction is performed, it could never be denied by either 
 Strongly 




* I have received training from friends/colleagues to use e-hailing services. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* I would use e-hailing services if I received training regarding how to use it. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
















* I intend to use e-haling services in the next few months. 
Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* I predict I would use e-hailing services in the next few months. 
Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* I plan to use e-hailing services in the next few months. 
Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* My intention would be to use e-hailing services rather than a traditional taxi service. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 





* Overall, E-hailing services works well technically. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* The overall quality of e-hailing services appears good to me. 
Strongly 
disagree     
Neutral 
    Strongly 
agree 
1 2 3 4 5 6 7 
* The quality of e-hailing services is very good. 
Strongly 
disagree 
    Neutral     Strongly 
agree 





* All things considered, I am very satisfied with e-hailing services. 
Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* I am satisfied with my previous experience using e-hailing services. 
Strongly 
disagree 
    Neutral     Strongly 
agree 
1 2 3 4 5 6 7 
* Overall, the effect of sing e-hailing services makes me feel satisfied. 
Strongly 
disagree 
    Neutral     Strongly 
agree 





A3: Driver survey 
 
  
ASSESSING THE ADOPTION AND UTILISATION OF E-HAILING SERVICES IN CAPE TOWN, SOUTH 
 




The Department of Logistics, Stellenbosch University, invites you to take part in a survey to assess the adoption and utilisation of e-hailing services in Cape Town, South 
 
The purpose of the research is to assess the current adoption and utilisation of e-hailing services in Cape Town. 
Please take some time to read the information presented here, which will explain the details of this project. 
Your participation is entirely voluntary and you are free to decline your participation at any point in the survey. This will not affect you negatively in any way 
 
If you agree to take part in this study, you will be asked a series of selected research questions. The research questions will compose of data referring to your demographics, 
adoption and use of e-hailing services. The questionnaire should take approximately 10 to 15 minutes of your time. 
There is no right or wrong answers. 
No compensation will be provided for participation in this research study. 
No personal information will be requested or gathered during this survey. 
RIGHTS OF RESEARCH 
 
You have the right to decline answering any questions and you can exit the survey at any time without giving a reason. You are not waiving any legal claims and rights due 
 your participation in this research study. If you have questions regarding your rights as a research participant, contact Mrs Maléne Fouché [mfouche@sun.ac.za; 021 808 
 at the Division for Research 
 
Your information and response to the survey will be protected by completing the questionnaire anonymously, therefore, no information obtained during the study will 
 personally linked to the participant. The questionnaires will only be accessible for the researchers. The research outcomes will be made available to the public; however, no 
individual results will be made available. The research will only publish summarised results. 
If you have any questions or concerns about the research, please feel free to contact the lead researcher Mr LTM Smith (18394817@sun.ac.za) and/or the research 
 
Mr JA Van Rensburg 
 
I confirm that I have read and understood the information provided for the current 
 Ye
 
































* Are you a South African citizen? 
Yes 
No 
* If not, what is your nationality? 



























What is the fare per kilometer that your e-hailing service pays you? 
* How many hours per week do you work on average for e-hailing services? 
10  -  0
20  -  11
 -  30 21
31 -40 
41 50 -  
51+ 
Other: 
* On average, how many kilometers do you drive per day for e-hailing services? 
How many e-hailing drivers are normally assigned per suburb? 
10  -  0
20 11 -  
30  -  21
40  -  31
50  -  41
50+ 
I don't know 
* Do you have any say in what fare you get per kilometer? 
Yes 
No 
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